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 Mobile payment is becoming an evitable trend in the globe and is well expanding rapidly into 
emerging countries. Many research models are developed and confirmed that behavior intention is 
an important fact which decides the level of using mobile payment among users. The existing 
research models have made empirical evidences confirming behavior intention depended on per-
formance and effort expectancy. This research expands previous empirical evidence by involving 
perceived transaction speed as an important explanatory variable to both performance expectancy 
and effort expectancy and also captures how behavior intention is influenced by performance ex-
pectancy and effort expectancy among Cambodian users. A total of 200 questionnaires were col-
lected, analyzed and summarized for this study. Result reveals that performance expectancy and 
effort expectancy affect positively and significantly on behavior intention. Perceived transaction 
speed has a positive and significant relationship with effort expectancy but Perceived transaction 
does not have any positive and significant relationship with performance expectancy. Result from 
this study also concludes the role of perceived transaction speed which is affecting intention to use 
mobile payment among users. However, there are some limitations to be addressed for the future 
researches; this research may include larger samples to find out the clear effect on behavior inten-
tion of the end-users.  
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1. Introduction 
 

Mobile payment refers to the capability of making payment electronically and it is positioned as suc-
cessful application to electronic commerce (Carr, 2008). Global non-cash payment was grown nearly 
10%, from US$332 billion in 2012 to US$483 billion in 2016, in which North America and Europe 
consume the largest share in total transaction value (Capgemini., 2018). A significant trend in global 
non-cash payment captures the highest compound annual growth rate of emerging Asia and it was stood 
at 31% during the period of 2012-2016. It is expected that global non-cash payment will reach US$1 
trillion in 2019 (The Statistics Portal., 2019). The appearance of mobile payment is particularly im-
portant for developing countries where the financial accessibility is still lower than the developed coun-
tries. It is reported that more than half of global population are living under poverty conditions and they 
are unable to access formal financial system and therefore cannot access to affordable financial services 
(Pelletier et al., 2017; Beck et al., 2008; Beck and Cull, 2013). Moreover, empirical evidences indicate 
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that the lack of participation into formal financial services push the people to poorer situation and they 
cannot smooth income and spend over the time since the cost of informal financial services is too high 
and risky (Azam & Imai, 2009; Collins et al., 2009). The issues are addressed by the adoption of mobile 
payment system (Dodgson et al., 2015). The viable role of mobile payment system is that it delivers 
formal financial services to wider population and it is considered as cheap and secure way of transferring 
and storing money (Jack & Suri, 2014). Cambodia is geographically located in South East Asia. The 
country’s economy has been transforming strongly for the last two decades that bring the country from 
poor country to a lower-middle income country (The World Bank., 2018). In 2017, Cambodia reached 
gross national income (GNI) per capita of US$1,230 and average gross domestic product (GDP) growth 
rate was more than 7% during the period of 1995-2017 while poverty rate was significantly decreased 
from nearly 50% in 2007 to less than 14% in 2014 (The World Bank., 2019). However, Cambodia has 
been still facing some challenges that are limiting further social-economic development. One of the 
issues is associated with low financial services penetration since only 22% of Cambodian adults own 
banking account. Low financial services penetration is audited through the gap value between financial 
services needs and formal financial supplies is more than US$24 billion (Mekong Business Initiative, 
2018). Such situations encourage the development of mobile payment in this country (Seng & Lay, 
2018). Regarding to academic sciences, there are not so many empirical evidences about how the cus-
tomers’ behavior intention towards mobile payment in Cambodia. In fact, studying the customers’ be-
havior intention towards mobile payment is important and its determinants is important because it helps 
to widespread mobile payment system and technologies at faster rate (Aslam et al., 2017).  

This research is developed with the main objective of identifying the determinants of behavior intention 
towards mobile payment among Cambodian users. The second section demands for the exploration of 
the related literatures and the third section aims to propose research model with respective hypotheses. 
The fourth section discusses about what research method used in the research, how to collect relevant 
data, and sampling. Empirical analyses are performed and presented in the fifth section before the sixth 
section links the main findings with previous empirical results. The last section is concluding remarks 
and it provides the provision of future researches.   

2. Literature Survey 

Mobile payment is defined as a payment which is made by the users through their wireless devices such 
as smartphones (Bezhovski, 2016). Similarly, mobile payment is acknowledged as the situation of taking 
advantage from information and communication technologies and making payments of products and 
services through mobile devices of users (Aydin & Burnaz, 2016). Recent development of technologies 
related to mobile payment introduces digital money, digital receipts, and digital coupons, bringing more 
flexibility in mobile payment (Doan, 2014; Husson, 2015). Mobile payment is very populated in U.S. 
and Europe but the trend of adopting mobile payment is widespread to emerging economies such as 
China and India. Mobile payment is treated as important initiative to further improve socio-economic 
development in some countries such as Canada, Australia, China Mainland and Hong Kong, Singapore 
and U.K (Ernst & Young., 2018). 

Since mobile payment is emerged as new information technology, several models which were developed 
to explore user’s behavior intention towards new information technology, including Unified Theory of 
Acceptance and Use of Technology (UTAUT), Technology Acceptance Model (TAM) and Diffusion of 
Innovation (DOI) (Raina, 2015; Yeh & Tseng, 2017). Previous researchers preferred using TAM model 
to understand behavior intention towards mobile payment; this, however, are not limited the growing 
number of researchers to apply UTAUT model in their research field. UTAUT employs four determi-
nants of users’ behavior intention, including social influences, effort expectancy, facilitating condition, 
and performance expectancy (Liebana-Cabanillas et al., 2017; Kumar et al., 2018). The revised version 
of UTAUT model initiates additional determinants, namely price value, users’ habit, and hedonic value. 
It is asserted that UTAUT model is better than previous model in terms of explanatory power (Venkatesh 
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et al., 2003, 2012). UTAUT model plays a key role in the academic sciences about technology ac-
ceptance of users and it helps to explain why users accept or reject particular technology (Lai, 2017; 
Rondan-Catauna et al., 2015; Samaradiwakara & Gunawardena, 2014). This research does not examine 
how UTAUT model performs in explaining Cambodian users’ behavior intention towards mobile pay-
ment. However, this research focuses on two determinants of UTAUT model as performance expectancy 
and effort expectancy in the relationship with behavior intention. Furthermore, perceived transaction 
speed is employed into the research to determine how Cambodian users perceive about the speed of 
transaction through mobile payment. In the next section, research model is proposed along with respec-
tive hypotheses. It comprises the collection of previous empirical results related to proposed hypotheses.  

3. Research Model and Hypothesis 

The research model is depicted in Fig. 1 below: 

 
Fig.1. Research model 

Fig. 1 dictates a causal relationship between perceived transaction speed, performance expectancy, effort 
expectancy, and behavior intention. In more detail, behavior intention is explained by performance ex-
pectancy and effort expectancy. The research model examines how perceived transaction speed influ-
ences on performance expectancy and effort expectancy. Given to that, there are hypotheses which are 
proposed from chosen research model.  

3.1 Perceived Transaction Speed 

Perceived transaction speed is defined as time required for a transaction is taken or how many transac-
tions to be taken for a certain time span (Seetharaman et al., 2017). Perceived transaction speed is also 
viewed as a necessary time to make a transaction through a mobile device (Abadzhmarinova, 2014). 
Perceived usefulness is measured by perceived transaction convenience and speed (Chen et al., 2018). 
Transaction speed is measured through time of payment and time of providing notification in accordance 
with the change of account balance (Schuh & Stavins, 2016). A survey with 88 mobile phone users in 
Mexico highlights that perceived transaction speed is essential factor in mobile payment (Chiang et al., 
2017). A research paper confirms that perceived transaction speed has positive and significant relation-
ship with performance expectancy and effort expectancy (Teo et al., 2015). Thus, two hypotheses are 
proposed below: 

H1a: Perceived transaction speed affects positively and significantly performance expectancy. 

H1b: Perceived transaction speed affects positively and significantly effort expectancy. 

3.2 Performance Expectancy 

Performance expectancy is defined as a degree of job performance is achieved and improved by using 
an innovative technology (Sair & Danish, 2018). It is perceived as the benefits that user can receive from 
using a technology to perform certain tasks and is considered as the most robust and powerful explana-
tory variable in predicting behavior intention towards a technology (Palau-Saumell et al., 2019). The 
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effect of performance expectancy on behavior intention towards mobile applications and mobile pay-
ment are affirmed in some previous empirical evidences (Lai, 2013; Okumus et al., 2015; Slade et al., 
2015). A research paper confirms the positive and significant effect of performance expectancy on mo-
bile payment acceptance of Chinese users (Wang & Li, 2012). Similarly, Dimitrii (2018) found positive 
and significant effect of performance expectancy on behavior intention of using mobile wallet among 
Russian users. However, positive and significant effect of performance expectancy on behavior intention 
towards mobile payment seems not consistent across previous empirical evidences. A research paper 
which was developed to explored WeChat mobile payment in China identified that performance expec-
tancy does not affect significantly on user’s behavior intention (Havidz et al., 2018). Thus, the second 
hypothesis is proposed below: 

H2: Performance expectancy affects positively and significantly on behavior intention. 

3.3 Effort Expectancy  

Effort expectancy is defined as how the users feel easiness when they use a particular system (Al-Azizi 
et al., 2018). It is associated with the complexity level perceived by users when they use an information 
technology system or a mobile-based application (Qi, 2018). This factor is used as explanatory variable 
to explain behavior intention towards mobile communication technologies among commercial farmers 
in Uganda (Moya et al., 2018). A research paper indicated that the effect of effort expectancy to behavior 
intention to use mobile payment is significant in Morocco (Lafraxo et al., 2018). Other research paper 
confirmed positive and significant relationship between effort expectancy and behavior intention of mo-
bile payment in Vietnam (Bui & Bui, 2018). However, a research paper collected the data from 30 Por-
tuguese mobile payment users and they did not obtain significant effect of effort expectancy on behavior 
intention (Oliveira et al., 2016). Thus, the third hypothesis is proposed below:   

H3: Effort expectancy affects positively and significantly on behavior intention. 

4. Research Methodology  

Quantitative research method is employed in this study in order to verify the proposed hypotheses given 
in the previous section. It requires the variables to be measurable, leading to the variable operationaliza-
tion. Likert scale is utilized to capture users’ evaluations and a scale of 5 points is chosen. The point 
value is ranged from 1 to 5 with 1 as strongly disagree and 5 as strongly agree. The third point in this 
Likert scale measures neutral attitude from the respondents and it reflects the attitude of neither agreed 
nor disagreed towards a statement of the users.  

The operationalization of perceived transaction speed is taken from a research study with six measure-
ment items (Abadzhmarinova, 2014). The operationalization of performance expectancy is taken from 
numerous research journals and it is measured by seven items (Gefen & Straub, 2000; Schierz et al., 
2010; de Luna et al., 2017; Liebana-Cabanillas et al., 2017). The operationalization of effort expectancy 
is measured by seven items taken from some researches (Zhou, 2013; Foon, 2014; Musa et al., 2015). 
Finally, behavior intention factor is operationalized by seven items which are used in many studies.  

The questionnaire was prepared and delivered by hand to Cambodian users who have been using mobile 
payment services. Currently, mobile payment services in Cambodia are provided by many players such 
as True Money, Pi Pay, etc. A Cambodian user is selected into the survey if this user is being used mobile 
services provided by available providers in the country and this user actually made at least one mobile 
payment over the last three months. Convenient sampling is selected to choose the member from the 
population of Cambodian users who are using mobile payment services. The survey will ended right 
after a total of 200 questionnaires are collected successfully. After the data was collected, it was put into 
SPSS and AMOS software to further perform empirical analyses. The result of empirical analyses will 
be presented in the following section.  
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5. Empirical Analysis 

After data cleansing, descriptive statistics, reliability test, and exploratory factor analysis (EFA) were 
conducted by using SPSS software. The evaluation of research model and hypotheses testing were con-
firmed by using AMOS software.  

5.1. The characteristics of the respondents 

The characteristics of 200 respondents are captured through variables in this studies that reflect mobile 
payment services in Cambodia and results obtained are presented in Table 1. General information related 
to mobile payment usage of Cambodian users includes mobile payment provider, purpose of using mo-
bile payment, and the frequencies of using mobile payment.  
 

Table 1  
Payment usage description 
Variable Characteristics Frequency Percent 

M-payment provider 

True Money 8 4.0 
Pi Pay 12 6.0 
E-cash 5 2.5 
Emoney 139 69.5 
SmartLuy 4 2.0 
Wing 32 16.0 
Total 200 100.0 

Purpose of using M-payment 

Pay bills 118 59.0 
Transfer money 62 31.0 
Purchasing products/services online 20 10.0 
Total 200 100.0 

How many time of using m-payment 

One mobile payment transaction 8 4.0 
Two mobile payment transactions 36 18.0 
Three mobile payment transactions 65 32.5 
More than three mobile payment transactions 91 45.5 
Total 200 100.0 

 

Currently, mobile payment services are provided by both local and foreign-based companies in Cambo-
dia. This study shows that majority of the respondents have been using mobile payment through E-
money platform (139 respondents, 69.56%), followed by Wings (32 respondents, 16.0%).  

Table 2  
Demographic Description 

Variable Characteristics Frequency Percent 

Gender 
Male 148 74.0 
Female 52 26.0 
Total 200 100.0 

Age 

Less than 20 9 4.5 
21-25 78 39.0 
26-30 77 38.5 
31-35 27 13.5 
36-40 5 2.5 
41-45 3 1.5 
46-50 1 .5 
Total 200 100.0 

Education 

High school and below 17 8.5 
Bachelor 151 75.5 
Master 32 16.0 
Total 200 100.0 

Marital status 
Single 156 78.0 
Married 44 22.0 
Total 200 100.0 

Occupation 

Professional 157 78.5 
Management 20 10.0 
Student 6 3.0 
Self-employed 17 8.5 
Total 200 100.0 

Monthly income 

Less than 1 million Riel 9 4.5 
1-3 million Riel 51 25.5 
3-5 million Riel 93 46.5 
More than 5 million Riel 47 23.5 
Total 200 100.0 
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There are other mobile payment service providers in Cambodia such as True Money (8 respondents, 
4.0%), Pi Pay (12 respondents, 6.0%), ABA Bank: e-cash (5 respondents, 2.5%), and SmartLuy (4 re-
spondents, 2.0%). Furthermore, Cambodian users use mobile payment mainly for bill payment (118 
respondents, 59.0%) and money transfer (62 respondents, 31.0%) and only a small proportion of users 
use mobile payment to purchase products and services online (20 respondents, 10.0%). It is found in this 
study that Cambodian are frequent users of mobile payment services, showing more than 70% of total 
respondents have been using mobile payment services for more than three times (156 respondents, 
78.0%). Demographic variables (gender, age, education, marital status, occupation, and household 
monthly income). Obtained result is presented in Table 2. The survey was participated by 200 respond-
ents in which 148 respondents are male and 52 respondents are female. The domination of male respond-
ents against female respondents. The survey also captures the age of 200 respondents and the result 
shows that 82.0% of total respondents age less than 30 years old. Highest number of respondents is 
belonged to 21-25 age group (78 respondents, 39.0%). Mobile payment services are usable when users 
have smartphones and therefore it attracts to younger group while older group is more preferable to 
features phones. Mobile payment services gain higher attention from single people in Cambodia, show-
ing through higher number of respondents who are single and have been using mobile payment services 
(156 respondents, 78.0%). Occupation of the respondents is explored and there are 157 professionals 
who were participated into the survey while the numbers of respondents who were holding management 
position, students, and self-employed are 20 people, 6 people, and 17 people respectively. Finally, 
monthly income of the respondents is further explored and it is showing that only 9 respondents (4.5%) 
have monthly income less than 1 million Riel, 51 respondents (25.5%) have monthly income of 1-3 
million Riel, 93 respondents (46.5%) have monthly income of 3-5 million Riel, and 47 respondents 
(23.5%) have monthly income of more than 5 million Riel.  

5.2. Descriptive statistics 

Descriptive statistics provide mean value of each item used in the questionnaire. Obtained result of de-
scriptive statistics is presented in Table 3: 

Table 3  
Descriptive statistics 

Item N Minimum Maximum Mean Std. Deviation 
PE1 200 1 5 2.935 1.094 
PE2 200 1 5 3.165 0.955 
PE3 200 1 5 3.125 1.065 
PE4 200 1 5 2.880 1.101 
PE5 200 1 5 3.000 1.165 
PE6 200 1 5 2.805 1.146 
PE7 200 1 5 3.140 0.851 
PE8 200 1 5 3.160 0.916 
PE9 200 1 5 3.130 0.999 
EE1 200 1 5 3.365 0.925 
EE2 200 1 5 3.130 1.058 
EE3 200 1 5 3.115 1.126 
EE4 200 1 5 3.355 0.961 
EE5 200 1 5 3.420 0.876 
EE6 200 1 5 3.620 1.105 
EE7 200 1 5 3.380 0.949 
PTS1 200 1 5 3.500 1.032 
PTS2 200 1 5 3.520 1.017 
PTS3 200 1 5 3.330 1.066 
PTS4 200 1 5 3.430 1.136 
PTS5 200 1 5 3.345 1.054 
PTS6 200 1 5 3.345 1.005 
PTS7 200 1 5 3.475 1.017 
BI1 200 1 5 2.515 0.796 
BI2 200 1 5 2.520 0.997 
BI3 200 1 5 2.530 0.972 
BI4 200 1 5 2.390 0.849 
BI5 200 1 5 3.510 1.017 
BI6 200 1 5 3.245 0.811 
BI7 200 1 5 2.520 1.002 
BI8 200 1 5 2.465 0.950 
BI9 200 1 5 3.255 0.757 

In terms of performance expectancy, there are 9 items and they are coded as from PE1 to PE9. Mean 
values of PE1, PE2, PE3, PE4, PE5, PE6, PE7, PE8, and PE9 are 2.935, 3.165, 3.125, 2.880, 3.000, 
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2.805, 3.140, 3.160, and 3.130, respectively. None of performance expectancy’s items has mean values 
more than 3.5 or less than 2.5, indicating that Cambodian users neither agreed nor disagreed with the 
statements of items. In terms of effort expectancy, there are 7 items and they are coded as from EE1 to 
EE7. Mean values of EE1, EE2, EE3, EE4, EE5, EE6, and EE7 are 3.365, 3.130, 3.115, 3.355, 3.420, 
3.620, and 3.380, respectively. It is emphasized that only EE6 has mean value more than 3.5 and other 
items have mean values less than 3.5 and higher than 2.5. It is concluded that the respondents agree with 
the statement of the interaction with m-payment system would be clear and understandable. Others nei-
ther agreed nor disagreed with all other statements of effort expectancy towards mobile payment. In 
terms of perceived transaction speed, there are 7 items and they are coded as from PTS1 to PTS7. Mean 
values of PTS1, PTS2, PTS3, PTS4, PTS5, PTS6, and PTS7 are 3.500, 3.520, 3.330, 3.430, 3.345, 3.345, 
and 3.475, respectively. Only PTS1 and PTS2 have mean value from 3.5. It means that the respondents 
agree with the statements of using mobile payment will be convenient and will be hassle-free. Other 
respondents neither agreed nor disagreed with other statements. In terms of behavior intention, there are 
9 items and they are coded as from BI1 to BI9. Mean values of BI1, BI2, BI3, BI4, BI5, BI6, BI7, BI8, 
and BI9 are 2.515, 2.520, 2.530, 2.390, 3.510, 3.245, 2.520, 2.465, and 3.255, respectively. Herein, BI4 
and BI8 have mean values less than 2.5, indicating that the respondents disagreed with the statements of 
they will strongly recommend others to use mobile payment systems and they will educate others to use 
mobile payment. BI5 has mean value more than 3.5 and the respondents agreed that they would not 
hesitate to provide personal information to mobile payment service. Other items have mean values be-
tween 2.5 and 3.5 and it means that the respondents neither agreed nor disagreed with all other items’ 
statements.  

5.3. Reliability analysis 

Reliability test is conducted to check the internal consistency between items of a factor. It requires to 
calculate Cronbach’s alpha and two additional indicators, namely Corrected item-total correlation and 
Cronbach’s alpha if item deleted.  

Table 4  
Reliability test analysis 

Factor Code Cronbach's alpha Corrected item-total correlation Cronbach's alpha if item deleted 

Performance  
expectancy 

PE1 

0.897 

0.749 0.879 
PE2 0.748 0.880 
PE3 0.533 0.896 
PE4 0.745 0.879 
PE5 0.615 0.891 
PE6 0.584 0.893 
PE7 0.772 0.880 
PE8 0.715 0.883 
PE9 0.564 0.893 

Effort expectancy 

EE1 

0.887 

0.721 0.866 
EE2 0.589 0.882 
EE3 0.631 0.878 
EE4 0.763 0.861 
EE5 0.701 0.869 
EE6 0.662 0.874 
EE7 0.732 0.865 

Perceived  
transaction speed 

PTS1 

0.889 

0.551 0.888 
PTS2 0.725 0.867 
PTS3 0.668 0.874 
PTS4 0.684 0.873 
PTS5 0.759 0.863 
PTS6 0.775 0.861 
PTS7 0.623 0.879 

Behavior intention to 
use mobile payment 

BI1 

0.898 

0.815 0.877 
BI2 0.604 0.892 
BI3 0.603 0.892 
BI4 0.746 0.881 
BI5 0.706 0.884 
BI6 0.647 0.888 
BI7 0.564 0.896 
BI8 0.611 0.891 
BI9 0.765 0.881 
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The requirement of reliability test is that Cronbach’s alpha value is at least 0.7 and corrected item-total 
correlation value is at least 0.3. Additionally, when deleting one item, Cronbach’s alpha is recalculated 
and new value must be smaller than Cronbach’s alpha value before this item is deleted. Obtained result 
for performance expectancy, effort expectancy, perceived transaction speed, and behavior intention fac-
tors are presented in Table 4. Cronbach’s alpha values of performance expectancy, effort expectancy, 
perceived transaction speed, and behavior intention factor are calculated at 0.897, 0.887, 0.889, and 
0.898, respectively and all values are higher than 0.7. The second step of reliability test is to verify the 
value of corrected item-total correlation and obtained result shows that all items had this value more 
than 0.3. Finally, when one item is deleted, new Cronbach’s alpha is lower than original Cronbach’s 
alpha. It is concluded that internal consistency between items of factor is satisfied. In addition, none of 
observed items was deleted because the requirements of reliability test were not violated. The researchers 
continue to input all items into EFA analysis with the result is presented in the next section.  

5.4. EFA analysis 

EFA analysis requires to calculate KMO and runs Bartlett’s test. It generates the components with initial 
eigenvalues and only component with initial eigenvalue more than 1.0 is selected and selected compo-
nents must have cumulative % variance more than 50%. Factor loading of each item is expected higher 
than 0.5. It is denoted that Varimax is used as rotation technique. EFA analysis is conducted and obtained 
result is summarized in Table 5. 

Table 5  
EFA analysis result after Varimax rotation 

KMO = 0.804; Bartlett's test = 4345.084; p-value < 0.0001 
Component 1 2 3 4 

Communalities Initial eigenvalues 8.759 4.435 3.258 2.747 
% of variance 27.370 13.860 10.182 8.583 
PE7 0.837    0.713 
PE4 0.815    0.672 
PE2 0.798    0.694 
PE1 0.784    0.686 
PE8 0.781    0.643 
PE5 0.682    0.493 
PE9 0.672    0.478 
PE6 0.636    0.449 
PE3 0.609    0.395 
BI1  0.885   0.810 
BI4  0.731   0.632 
BI9  0.725   0.696 
BI2  0.723   0.542 
BI3  0.699   0.519 
BI7  0.681   0.479 
BI8  0.675   0.493 
BI5  0.619   0.657 
BI6  0.597   0.513 
EE7   0.815  0.678 
EE4   0.809  0.697 
EE1   0.788  0.652 
EE6   0.784  0.631 
EE5   0.766  0.633 
EE3   0.678  0.526 
EE2   0.672  0.477 
PTS6    0.850 0.746 
PTS5    0.828 0.719 
PTS2    0.767 0.636 
PTS4    0.749 0.600 
PTS3    0.747 0.599 
PTS7    0.745 0.585 
PTS1    0.592 0.455 

Obtained result from KMO and Bartlett’s test confirms that EFA is able to use for the dataset of 200 
respondents. KMO value is 0.804 and it is higher than 0.5 while Bartlett’s test value is estimated at 
4345.084 and p-value less than 0.05. It means that both KMO and Bartlett’s test satisfy the pre-test of 
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EFA and it confirms this data analysis technique is applicable. There are four components which are 
extracted with initial eigenvalues more than 1.0 and the cumulative % variance explained by these com-
ponents is higher than 50%. Component 1 has initial eigenvalue of 8.759 and it can explain for 27.370% 
of variance. Component 1 includes all items of performance expectancy. Component 2 has initial eigen-
value of 4.435 and it can explain for 13.860% of variance. Component 2 includes all items of behavior 
intention. Component 3 has initial eigenvalue of 3.258 and it can explain for 10.182% of variance. Com-
ponent 3 includes all items of effort expectancy. Component 4 has initial eigenvalue of 2.747 and it can 
explain for 8.583% of variance. Component 4 includes all items of perceived transaction speed. The 
detail description of each component is explained further below: 

 Component 1 includes all items of performance expectancy and factor loading values calculated 
for PE1, PE2, PE3, PE4, PE5, PE6, PE7, PE8, and PE9 are 0.784, 0.798, 0.609, 0.815, 0.682, 0.636, 
0.837, 0.781, and 0.672, respectively. All factor loading values are higher than 0.5.  

 Component 2 includes all items of behavior intention and factor loading values calculated for 
BI1, BI2, BI3, BI4, BI5, BI6, BI7, BI8, and BI9 are 0.885, 0.723, 0.699, 0.731, 0.619, 0.597, 0.681, 
0.675, and 0.725, respectively. All factor loading values are higher than 0.5.  

 Component 3 includes all items of effort expectancy and factor loading values calculated for 
EE1, EE2, EE3, EE4, EE5, EE6, and EE7 are 0.788, 0.672, 0.678, 0.809, 0.766, 0.784, and 0.815, re-
spectively. All factor loading values are higher than 0.5. 

 Component 4 includes all items of perceived transaction speed and factor loading values calcu-
lated for PTS1, PTS2, PTS3, PTS4, PTS5, PTS6, and PTS7 are 0.592, 0.767, 0.747, 0.749, 0.828, 0.850, 
and 0.745, respectively. All factor loading values are higher than 0.5. 

5.5. Evaluation of research model 

 

Fig. 2. Confirmatory factor analysis (CFA) of overall Measurement Model 

Table 6  
CFA results for Overall Measurement Model 

Goodness of fit statistics Initial Model Modified Model Threshold value for the fit indices 

Normed Chi-Square 2.686 2.633 < 5.0 

CFI 0.825 0.833 > 0.9 

RMSEA 0.92 0.091 < 0.08 
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To evaluate research model, AMOS is utilized and the output of model fit is presented in Table 6. It is 
denoted that Chi-square/df (CMIN/DF) is 2.633 and it is lower than 5. CFI value is calculated at 0.833 
which is slightly below 0.9 and RMSEA is 0.091. Judging from the fit indices, Normed Chi-Square 
qualifies the benchmark and suggests a good fit. It is concluded the model is within acceptable fit with 
the dataset, the model is not only based on statistics but empirical studies need to be also considered 
(Byrne & Van de Vijver, 2010; Byrne, 2016). Therefore, the researchers accept its fit model. In the next 
section, the researcher goes to Structural Model Analysis.  

 

Fig. 3. Confirmatory factor analysis (CFA) of overall Structural Model 

Table 7  
CFA results for Overall Structural Model 

Goodness of fit statistics Initial Model Modified Model Threshold value for the fit indices 
Normed Chi-Square 2.670 No Modifications < 5.0 
CFI 0.829 No Modifications > 0.9 
RMSEA 0.092 No Modifications < 0.08 

It is denoted that Chi-square/df (CMIN/DF) is 2.6703 and it is lower than 5. CFI value is calculated at 
0.829 which is slightly below 0.9 and RMSEA is 0.092. Without modification, Normed Chi-Square 
qualifies the benchmark and suggests a good fit. It is concluded the model is within acceptable fit with 
the dataset, the model is not only based on statistics but empirical studies need to be also considered 
(Byrne, 2016). Therefore, the researchers accept its fit model, and in the next section, the researcher will 
start the hypothesis testing to verify the said model. 

5.6. Hypothesis testing 

The result of hypothesis testing is presented in Table 8 below: 

Table 8  
Hypothesis testing 

Effect Estimate S.E. C.R. P Results  
H1b Effort Expectancy ← Perceived Transaction Speed .341 .096 3.552 *** Accepted 
H1a Performance Expectancy ← Perceived Transaction Speed .167 .106 1.576 .115 Rejected 
H2 Behavior Intention ← Performance Expectancy .270 .058 4.671 *** Accepted 
H3 Behavior Intention ← Effort Expectancy .315 .065 4.836 *** Accepted 
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H1a indicates that Perceived Transaction Speed does not affect positively and significantly the Perfor-
mance Expectancy. Coefficient is estimated at 0.167 and p-value is 0.115 and it is more than 0.05. 
Therefore, H1a is not accepted.  

H1b indicates that Perceived Transaction Speed affects positively and significantly Effort Expectancy. 
Coefficient is estimated at 0.341 and p-value is less than 0.05. Therefore, H1b is accepted. 

H2 indicates that Performance Expectancy affects positively and significantly on Behavior Intention. 
Coefficient is estimated at 0.270 and p-value is less than 0.05. Therefore, H2 is accepted. 

H3 indicates that Effort Expectancy affects positively and significantly on Behavior Intention. Coeffi-
cient is estimated at 0.315 and p-value is less than 0.05. Therefore, H3 is accepted.  

6. Discussion of empirical results 

Obtained empirical results are similar to previous studies. In this study, perceived transaction speed is 
found in positive and significant relationship with effort expectancy and it is confirmed by Teo et al. 
(2015). Teo et al. (2015) confirmed that perceived transaction speed affects significantly the perfor-
mance expectancy and it is also confirmed among Cambodian users. Empirical evidences also confirm 
the positive and significant effect of performance expectancy and effort expectancy to behavior intention 
and this finding is aligned with empirical evidences provided in the research papers (Wang & Li, 2012; 
Dimitrii, 2018; Moya et al., 2018; Lafraxo, 2018). Fig. 3 below illustrates the relationship between fac-
tors and items after SEM is conducted.  

 

Fig. 4. Model estimation result 

7. Conclusion and future researches 

This research was developed with the main objective of identifying the determinants of behavior inten-
tion towards mobile payment among Cambodian users. A research framework was developed in which 
behavior intention was depended on performance expectancy and effort expectancy. Moreover, the im-
pact of perceived transaction speed is explored regarding to its impact to both performance expectancy 
and effort expectancy. A data is collected from 200 successful questionnaires with Cambodian users. 
Empirical result shows that perceived transaction speed impacts significantly and positively on effort 
expectancy. In addition, both performance expectancy and effort expectancy had significant and positive 
effects on behavior intention. Based on the summary of key findings, it has denoted that this research 
model is useful to explain behavior intention of Cambodian users towards mobile payment. Cambodian 
users will increase their usage towards mobile payment if they perceive that mobile payment is worth 
their effort and the performance of mobile payment exceeds the users’ requirements and demands. In 
addition, mobile payment services providers in Cambodia must pay attention to the transaction speed as 
important criterion when the users make transaction through their wireless devices; transaction speed is 
one of the most concerned factors because they can help users to save time when they do transactions, 
not to waste time queue in long line to complete the transactions at the bank counter and they can change 
the Cambodian user’s habit to the new payment method which is very popular in developed countries.  

Perceived Transaction 
Speed 

Performance Expec-
tancy 

Effort Expectancy 

Behavior Intention 

0.167 
(p = 0.115)  

0.341 
(p<0.05) 

0.270 
(p<0.05) 

0.315 
(p<0.05) 
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Average time of fulfilling a mobile payment should be as low as possible. The delay will deteriorate the 
behavior intention towards this payment scheme. This study will help the mobile payment service pro-
viders  find out the smart solutions to satisfy the users’ demand, especially to determine the impacts that 
promotes the behavior intention to user mobile payment so that the consumers can understand thought-
fully the mobile payment purpose and will limit the traditional payment. The most important that they 
can educate other people such as friends, family, colleagues to have the same thinking and actions toward 
mobile payment although in Cambodia, the Intellectual level is very low, especially in the countryside. 
In this case, the role of government and service providers are very important to help them increase their 
understanding of mobile payment, this research can contribute a small solution to the government plan 
in developing mobile payment across the country provinces.  

There are some limitations to be highlighted although the model is fit with the data when Normed Chi-
square is less than 5.0 but CFI and RMSEA do not pass the requirements, but the empirical results are 
considered to be accepted. It is explained by the underlying relationships in the model but they have not 
been captured yet. Furthermore, the data is collected from a survey with 200 successful questionnaires. 
The data quality is heavily depended on the attitude of the respondents who are participated in the survey. 
Therefore, future researchers should involve more variables and relationships between variables i.e. the 
relationship between performance expectancy and effort expectancy and the relationship between per-
ceived transaction speed and behavior intention. The survey should be conducted in larger samples in 
order to reduce the data bias and the application of in-depth interview in order to capture underlying 
information to further explain for the relationships between variables.  
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