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Customer Price Sensitivity and the Online Medium

Abstract
The nature of the online medium and the characteristics of web sites can significantly
alter the degree of customer price sensitivity in online markets. Many managers fear that the
Internet will increase price sensitivity and intensify price competition. There is, however, very
little conceptual or empirical research on this topic. In this paper, we use the information
search literature to develop a conceptual framework comprising web site factors and several
customer and intermediary factors, to explain the main and moderating effects of the online
medium on customer price sensitivity. We use this framework to develop hypotheses, which
we test using data from both online and offline customers in the hospitality industry. We
examine two important aspects of price sensitivity: the relative weight a customer attaches to
price compared to other attributes (price importance), and customer’s perceived value of
undertaking a search for better prices (price search).
Our results indicate that the online medium does not have a main effect on price
importance, but it increases the perceived value of undertaking a price search. However, some
aspects of the online medium and some web site tactics can actually dampen price sensitivity.
Specifically, web site tactics such as the degree of interactivity and the depth of information
provided at a web site reduce both aspects of price sensitivity. Interestingly, the perceived
content of the site (in terms of price or non-price orientation) does not influence price
sensitivity. In addition to these main effects, the online medium also moderates the effects of
several other factors, leading to lower price sensitivity relative to the offline medium. These
moderating effects are different for the two aspects of price sensitivity. Compared to the
offline medium, the online medium intensifies the effect of product options in lowering price
importance and dampens the effect of price bundling in increasing price importance. The
online medium also dampens the increase in price search that results when customers use
intermediaries to compare prices. We outline the implications of our results for developing
Internet marketing strategies. In particular, our results suggest that web sites should make it
easy for customers to search for both price and non-price attributes.
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1. Introduction
In many product categories, online shopping on the Internet is becoming increasingly more
convenient than offline shopping. The Internet helps buyers and sellers to transcend geographic and
temporal barriers in making one-time transactions or for establishing long-term exchange relationships
through Electronic Commerce. It enables sellers to offer detailed information about their products and
services (often embedded within rich editorial content), engage buyers in richer dialogs than is afforded
by direct mail, dynamically influence choices at the point of decision making, and even deliver digital
products (e.g., CDs, consulting reports) instantaneously (well, almost). It helps buyers shop among a
large number of sellers, explore more choice alternatives, harness vast amounts of potentially relevant
information at the point of decision-making, and customize their shopping environments. Several
authors have noted the potential transformations of competitive marketing activities that could be
brought about by transactions between buyers and sellers in the online environment (Glazer 1991;
Hoffman and Novak 1996; Rangaswamy and Wind 1994).
In recent years, the World Wide Web (WWW) is emerging as the most important marketing
vehicle on the Internet for facilitating transactions between buyers and sellers. The online shopping
industry, comprising travel services, books, and computer products, to name a few, is growing fast as
the number of online sellers and the number of individuals and companies with access to the Internet
continues to increase at a rapid pace. According to Forrester Research, the online shopping industry,
estimated at $9.8 billion in 1998, could grow to a $327 billion industry by the year 2002.
The online medium can significantly impact the nature and degree of customer price sensitivity.
Pricing decisions, which are central to a brand’s marketing strategy, depend on price sensitivity toward
that brand. In some cases, marketing on the Internet can increase price sensitivity, leading to more
intense price competition. Bakos (1997) argues that because online markets reduce customer search
costs even for differentiated products, they are likely to increase competition between sellers and lead
to lower prices. This seems to be case in the market for books. Amazon.com has spurred significant
price competition in both the Internet and conventional channels (Wall Street Journal, January 28,
1997). As another example, according to a recent study by JD Power and Associates, less than 10
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percent of those who bought a car or truck online paid sticker price – about half as many as walk-in
buyers.
Surprisingly, it appears that the online medium could also dampen price sensitivity by enabling
customers to find products that best fit their needs. Alba et al. (1997) propose that when qualityrelated information is important to customers and brands are differentiated, interactive retailing could
lead to lower price sensitivity. Lynch and Ariely (1998) conducted experiments in a simulated online
wine store to test this hypothesis. They report that price elasticity was lower under experimental
conditions where shoppers had information on both price and product quality as compared to
conditions where shoppers had information only on price. Degeratu, Rangaswamy, and Wu (1998)
used choice modeling on panel data to assess how price response in an online subscription grocery
service differed from price response in traditional grocery stores. They found lower price sensitivity
online for some product categories. Lee (1998) reports that an online auto auction service in Japan has
realized higher prices consistently over a long period of time (since 1985) than conventional auto
auctions. A recent Business Week article (Cortese and Stepaneck 1998) points to several online
markets that realize higher prices, on the average, than equivalent offline price determining
mechanisms (e.g., AucNet, Easy Sabre).
Given these conflicting findings, we need a better understanding of the effects of the online
medium on customer price sensitivity. This is an important issue from both theoretical and practical
perspectives. From a theoretical perspective, we need to go beyond the extant studies of price
sensitivity that have focused on the relationship between advertising in traditional mass media and price
sensitivity (see Shankar and Krishnamurthi 1996 for a review). Compared to the traditional mass
media, the online medium provides for richer interaction between customers and manufacturers in
determining the price associated with a transaction.
There are several theoretical issues of interest. What are the determinants of online price
sensitivity? How do these factors differentially impact online price sensitivity as compared to offline
price sensitivity? We need research to identify the factors that influence online price sensitivity,
examine their differential influence online relative to offline, and articulate how these factors influence
two different aspects of price sensitivity: (1) Price importance - the relative importance of price in
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influencing purchase decisions, and (2) Price search - customers’ inclination to undertake a price
search to find better prices. An understanding of price importance to customers provides a basis for
formulating strategies for the marketing mix. Likewise, insights into price search behavior provide a
managerial basis for improving the value of the product or service, particularly in the online
environment. Although both aspects constitute price sensitivity, they are conceptually different, and not
necessarily correlated. While price importance indicates the influence of price on customer choice,
price search reflects the customer’s perceived value of making an effort to find better prices. It is
possible that customers who perceive price to be an important attribute will still not spend the time and
effort to find the lowest price, if the observed price is less than their reservation prices. By the same
token, customers who do not attach much importance to price in their choice decisions, may actually
undertake an extensive search if the observed price is higher than their reference prices.
From a practical perspective, managers are anxious to learn how the online medium and
Internet marketing will affect price competition in their markets. Many managers fear that the online
medium will increase price sensitivity and intensify price competition. This is a particularly important
issue to firms who have considerable investments in traditional distribution channels, but now face the
prospect of having to strengthen their Internet presence and grow their online transactions (e.g.,
automobile manufacturers, hotels). These firms typically market differentiated products online through
their web sites. How do web site factors such as interactivity and depth of information influence the
two aspects of customer price sensitivity ? Is customer’s price importance higher online? or does a
customer search more for better prices on the Internet even among differentiated products? The
answers to these questions have actionable implications for managers of web sites.
Our primary objectives for this research are to: (1) conceptualize how the online medium
influences price sensitivity, (2) conceptually and empirically identify the conditions that increase or
decrease online price sensitivity relative to offline price sensitivity, and (3) articulate Internet marketing
strategies that could lower price sensitivity, thereby reducing the potential for price competition.
We begin by developing a conceptual framework derived from the information search
literature. Using this framework, we formulate a series of hypotheses. To test these hypotheses, we
develop a measurement model and estimate it using data from the hotel industry. We survey both
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online and offline customers to compare the relative influence of several important determinants of
price sensitivities online and offline.

Finally, we summarize and interpret our results, explore

managerial implications, and articulate the contributions and limitations of the study.
Our research builds on previous research on this topic. Burke et al. (1992) and Lynch and
Ariely (1998) use controlled experiments to assess online price sensitivity of their subjects. We
measure the price sensitivity of people who make real purchases of the product category of interest in a
real “store” both online and offline. A comparative assessment is likely to be far more useful to
managers in firms that have a strong offline presence, but are contemplating making major investments
in online markets. Degeratu et al. (1998) also compare shopping behavior of in real online and offline
stores. However, their study is based only on behavioral data (e.g., does not contain attitudinal
information about value of price search), and the online store they used (Peapod) caters only to
members who subscribe to the service. In contrast, our setting is more representative of the “shopping
mall” environment that characterizes much of the online transactions between firms and customers.
2. Conceptual Framework and Hypotheses
Our conceptual framework is derived from the information search literature (e.g., Stigler 1961;
Urbany, Dickson, and Kalapurakal 1996). The original model of optimal search behavior of Stigler
(1961) has been revised and extended in many ways (Meyer 1982; Ratchford 1982; Urbany et al.
1996). Customer price sensitivity depends on the benefits and costs of information search (Srinivasan
and Ratchford 1991). The benefits of information search include economic benefits (Stigler 1961) as
well as noneconomic benefits such as shopping enjoyment (Marmorstein, Grewal, and Fishe 1992).
The costs of information search include the cost of information search on price and the cost of
information search on non-price attributes.
Based on this information search perspective, we can state that the higher the expected benefits
of information search, the lower is the price sensitivity. The higher the cost of searching for price
information, the lower is the price sensitivity. The higher the cost of searching for non-price
information, the higher is the price sensitivity. The overall price sensitivity is the net effect of the
benefits and costs of information search. Figure 1 provides an overview of how search costs and
expected benefits determine price sensitivity.
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[Figure 1 about here]
The medium used by a customer can affect information search, and hence price sensitivity
(Beatty and Smith 1987). We further posit that the benefits and costs of information search and
therefore price sensitivity depend on three broad sets of factors: web site and medium factors, customer
factors, and intermediary factors. These factors are consistent with the set of factors that have been
found to affect price sensitivity in general (Nagle and Holden 1995). Of the broad sets of factors, the
web site factors are specific to online shopping. Although the customer and intermediary factors are
common to both online and offline shopping, our primary focus is on isolating the differential impact of
these factors on the two aspects of price sensitivity online relative to offline. Each of these factors
influences price sensitivity through its effects on the benefits and costs of search. Table 1 summarizes
these effects. Figure 2 summarizes the hypothesized main and moderating effects of the online medium
on the determinants on price sensitivity.

In what follows, we elaborate on these hypothesized

relationships.
[Table 1 and Figure 2 about here]
First, we explore the main effect of the online medium on the two aspects of price sensitivity,
relative to the offline medium. The medium per se is unlikely to have a main effect on price
importance. However, we can expect the online medium to affect price search by decreasing the costs
of search. In general, search costs are lower when the time required for search is lower (Irwin and
Smith 1957; Urbany 1986). The time required for search on the Internet is typically lower than the
time required offline. Although the costs of non-price information search, in general, are also likely to
be lower, we expect the reduction in the costs of price search to outweigh the reduction in the costs of
non-price information search.1 This is because the online medium, like the print medium, inherently
allows quicker inspection of prices relative to the offline medium than of other attributes. Indeed,
Prasad and Ring (1976) found higher price sensitivity with print ads relative to TV ads. Thus, we
expect customers’ inclination to search for better prices to be higher online. These arguments suggest
hypothesis HA.
1

We recognize that the costs of non-price information search can be higher online relative to offline for certain
products that require evaluation of sensory attributes such as touch or smell.
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HA :

The online medium increases price search (main effect).

2.1. Web Site and Medium Factors
Among web site and medium factors, the perceived content of web site, the perceived
interactivity of the site, the perceived depth of information at the site, the interaction of content and
depth of information, the relative ease of price search, and the range of product options are likely to
impact price sensitivity. The extent to which the content of a web site is perceived as price-oriented or
feature/benefit-oriented plays an important part in determining price sensitivity (Shankar and
Krishnamurthi 1996). At the same time, the degree to which a web site is perceived as interactive
could also affect price sensitivity (Urban, Weinberg, and Hauser 1996).

Similarly, perceptions

regarding the perceived depth of information and its interaction with the perceived content at the site
(Meyer 1982) will likely affect price sensitivity.
Perceived content of web site. A web site can be price-oriented or feature/benefit-oriented. Marketing
messages that are predominantly price-oriented should increase price sensitivity, whereas non-price
advertising (e.g., focus on features and benefits) should decrease price sensitivity (Kaul and Wittink
1995). The relationship between a web site’s marketing messages and price sensitivity may also
depend on the size of customers’consideration sets and the relative strength of preference for the brand
in question (Mitra and Lynch 1995). Price-oriented advertising may expand the consideration set and,
if the brand preference is not strong, it can elevate the importance of price for customers. More
information on prices can lower the costs of price search relative to the costs of searching for non-price
information. This phenomenon is particularly likely in computer-mediated environments than in the
actual store (Burke, et al. 1992). Conversely, feature-oriented advertising may reduce the costs of nonprice information relative to price information, thereby lowering price sensitivity (Shankar and
Krishnamurthi 1996). In general, customers encode little price information (Dickson and Sawyer
1990). A feature- or benefit-oriented web site that does not emphasize prices is therefore likely to lead
to both lower price importance and price search. These arguments suggest hypothesis H1.
H1 :

The more price-oriented the web site, the higher the online price importance and price
search.
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Perceived interactivity of web site. Interactivity refers to the ability of web sites to dynamically
generate outputs based on customer inputs.2 A high degree of static messages may increase the search
costs for non-price attributes. This can make customers, who are passive searchers, rely on price as a
heuristic to compare alternatives (Urbany et al. 1996), thereby increasing their price sensitivity. On the
other hand, interactive web site messages, by their design, could lower the costs of search for both
price and non-price information. More important, interactivity can prompt shoppers to examine nonprice attributes more than price attributes and simultaneously increase the perceived benefits of
shopping online. Interactivity increases customer involvement, which is positively related to non-price
information search (Jacoby, Chestnut, and Fisher 1978). The search costs of non-price information is
thus reduced compared to the search costs of price information. Interactivity also offers greater control
to the shopper, thereby increasing the pleasure of shopping, a benefit of information search
(Marmorstein, Grewal, and Fishe 1992). In combination, these forces could reduce online price
importance and price search. This leads to the next hypothesis.
H2 :

The higher the interactivity of the web site, the lower the online price importance and
price search.

Perceived depth of information. Some web sites have multiple layers of web pages with detailed
information.3 Multi-layered information decreases the costs of searching for information on both price
and non-price attributes. If the information is multi-layered and rich, customers will tend to use
heuristics to make decisions (Glazer 1991). Multi-layered information tends to increase the use of nonprice heuristics, resulting in a reduced focus on prices (Meyer 1982). Such information formats reduce
cognitive processing costs and increase non-price information use (Russo et al. 1986). Because of the
richer information, the opportunity costs of non-price information search is also lowered (Carlson and
Gieseke 1983: Goldman and Johannsson 1978). Together, these effects result in lower online price
importance and search, leading to the following hypothesis.

2

Highly interactive web sites typically use interface technologies that provide quick and efficient information at a
level defined by the customer. Examples of such sites are www.wildfire.com and www.getsmart.com
3
A good example is www.apartmentsplus.com that enables visitors to find information on apartments based on
their decision-criteria from over 500,000 listings in 32 states. Other examples are www.ibm.com and www.hp.com
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H3 :

The greater the depth of information at the web site, the lower the online price
sensitivity (price importance and search).

Interaction of perceived content and depth of information. If the content of information is featureoriented, greater depth of information on product features and benefits will likely increase the benefits
of information search and lower the search costs for non-price information, consistent with Urbany et
al. 1996. This effect will, in turn, decrease price sensitivity further. On the other hand, if the message
is price-oriented, more information may prompt greater attention to prices, thereby reducing the search
costs for price information. Reduced search costs for price, in turn, will lead to higher price sensitivity.
If content is measured with respect to the price-orientation of the web site (i.e., more content means a
more price-oriented site), these arguments lead to the following hypothesis.
H4 :

The interaction of price-oriented content and depth of information will increase online
price sensitivity (price importance and price search).

Relative ease of price search. When the cost of information search is low, customers will use more
information in evaluating alternatives (Stigler 1961). To the extent that price becomes easier to search
in comparison to other search attributes, customers may base their choices predominantly on prices.
Thus, the relative ease of price search is likely to increase price sensitivity for both online and offline
customers. However, price search costs are likely to be lower in online channels than in conventional
channels (Bakos 1997). With the advent of online search agents like www.jango.com and
www.junglee.com, the cost of price search online has come down significantly.4 Thus, we expect the
impact of relative ease of price search on price sensitivity to be higher online than offline. This leads to
our next hypothesis.5
H5 :

The effects of the ease of searching for price (relative to other attributes) on increasing
price importance and price search, are more pronounced online than offline.

Perceived range of options. Perceived variety in product and price options (e.g., menu of prices for
variations of the product type) can impact price sensitivity. When a greater variety of offerings are
4

Note that search agents work best when a common product or service is sold by different vendors.
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available, customers would typically benefit by finding products that offer higher value to them
(Benjamin and Wigand 1995). The benefits are more transparent online than offline. It is also easier
to search for non-price information online than offline, especially when there is a large number of
product offerings. Whereas the extent of non-price information search offline is often low (Urbany,
Dickson, and Key 1991), the level of non-price information search online is enhanced by online sorting
mechanisms. Customers may be willing to place less emphasis on prices or be less willing to search
for prices online relative to offline because they could more easily find products online that fit their
needs better. These arguments lead to H6.
H6 :

The effects of product and price options in lowering price importance and price search
are more pronounced online than offline.

2.2. Customer Factors
We can expect the degree of price sensitivity (online or offline) to be governed by such factors
as brand loyalty, value of time, and frequency of shopping. These factors typically affect the level of
information search and may differ across customers (Furse, Punj, and Stewart 1984). The extent to
which these factors influence price sensitivity may depend on the medium (offline or online), i.e., the
medium may moderate the relationship between these factors and price sensitivity (Beatty and Smith
1987).
Brand loyalty. Brand loyalty is likely to play an important role in determining price sensitivity both
online and offline. Brand loyalty reduces attention to prices. Krishnamurthi, Mazumdar, and Raj
(1992) demonstrate that customers are relatively insensitive to changes in prices of their favorite
brands. Likewise, Jacoby, Syzabillo, and Busato-Schach (1977) show that loyal customers are more
likely to pay more for a brand than non-loyal customers.

In particular, as compared to offline

customers, loyal online customers may have lower costs of searching for non-price attributes than nonloyal online customers, because it is more convenient to choose their favorite brands in the online
environment. With more information available online than offline, increased loyalty could reduce the

5

We assume that bulk of then information search is done within the respective medium. If, however, the
information search is done in both media, the net effect of the medium on the impact of the determinants of price
sensitivity will depend on the relative degree of search online and offline.
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cost of analytical processing, providing another benefit (Shugan 1980). Loyal customers are thus likely
to be less sensitive to prices online. The above arguments lead to the following hypothesis.
H7 :

The effects of brand loyalty in reducing price importance and price search, are more
pronounced online than offline.

Value of time. Time-stressed shoppers may use simple choice tactics such as “buy what you bought
last time” (Hoyer 1984). Such shoppers may also base their decisions on brand recognition. If those
shopping online do it for saving time, this will lower price sensitivity. Indeed, MCI’s strategy in selling
music CDs online seems to reflect this as it targets shoppers with high value of time for its online CDs,
each of which is priced between $13.99 and $16.99 compared to the retail price of $11.99
(Washington Post 1995).
Frequency of shopping. Items purchased or searched more frequently either online or offline have a
narrower latitude or zone of price acceptance than those searched less often (Kalyanaram and Little
1994). Customers who search often may be more exposed to prices and have a narrow latitude of
price acceptance (Monroe 1971). These customers may find price more important or search for better
prices than customers who shop rarely.
2.3. Channel Intermediary Factors
Customer price sensitivity is also influenced by intermediary services available online and
offline. For example, in the travel industry, some online customers choose their airlines and hotels
through electronic channel intermediary services such as www.expedia.com and www.travelocity.com,
just like customers shopping offline make their decisions through travel agents. Two intermediary
factors are likely to affect the degree of price sensitivity: (1) price comparison using intermediary and
(2) price bundling.
Price comparison using an intermediary. If customers use online or offline intermediaries that provide
comparative prices of competitors, their price sensitivity could increase. Comparative prices increase
the salience of price as a decision criterion and reduce the costs of price search. They may also expand
the consideration sets of customers, prompting them to examine prices of more brands (Mitra and
Lynch 1995). Furthermore, the availability of comparative prices from an intermediary could be
perceived as a signal to evaluate the different brands on price. Although price comparison tends to
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increase price sensitivity, this effect is likely to be lower online than offline. Comparative prices
provide reference prices for customers. When the search costs are low, as in the online environment,
reference prices have little effect on price search tendency (Urbany, Bearden, and Weilbaker 1988). In
contrast, in the offline environment, where the search cost for non-price information is higher, the
presence of comparative reference prices tends to heighten price search. The importance of price,
however, is not likely to be different online relative to offline due to price comparison using an
intermediary. These arguments suggest the following hypothesis.
H9 :

The effects of price comparison using an intermediary in increasing price importance
and price search, are less pronounced online for price search.

Price bundling. Product bundles are typically offered by intermediaries, and often involve savings on
individual items. If customers choose from a product bundle (e.g., a vacation package from a travel
agent online or offline which includes offerings of airlines, hotels, and car rentals) offered by an
intermediary, they may focus more on the value of the bundle and less the on prices of individual
components. This is because the value of the bundle has a strong impact on buyers’ perceptions of
transaction value (Yadav and Monroe 1993). To this extent, bundles may lower price importance
(Guiltinan 1987). Customers also typically use the “psychophysics-of-price” heuristic in that they
perceive the expected savings from price search in relative terms rather than in absolute amounts
(Grewal and Marmorstein 1994). Because the value of a bundle is higher than that of a component,
customers expect higher absolute savings on a bundle than on its components. According to the
psychophysics heuristic, if the savings on a product or service is relatively small, customers typically
decide that such savings are not worth the time and effort of search. Because the savings on the
component is smaller than the savings on the bundle as a whole, customers attach less importance to
price, and are less likely to search for better prices for the component. It is much easier to use this
heuristic online where such savings are more transparent than offline. Therefore, we expect the online
medium to intensify the tendency of price bundling to decrease price sensitivity. This leads to our final
hypothesis.
H10:

The effects of choice of a price bundle in reducing both price importance and price
search are more pronounced online than offline.
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Shared cost effect. Customer price sensitivity is also influenced by who the payer of the product or
service is. If the customer is not the payer, but his/her organization pays for the product or service,
then price sensitivity would be lower (Nagle and Holden 1995). We will control for this variable in our
empirical analysis.
3. Data and Model for Testing Hypotheses
To test our hypotheses, we collected primary data in 1998 from both online and offline
customers of the same service, namely, Marriott International. The online respondents chose a Marriott
hotel on the Internet and the offline respondents selected a Marriott hotel using conventional methods
(e.g., travel agents or toll-free telephone number). By having both samples, we are able to: (1)
compare the attitudes and behavior of demographically comparable populations that differ only in the
medium they use to make hotel reservations, (2) examine how the online medium moderates the effects
on price sensitivity of the hypothesized factors common to both populations, and (3) highlight the
effects of web site factors on online price sensitivity – these are unique to the online population. By
focusing on a single product and web site to test our hypotheses, we reduce error variance due to these
conditions. Furthermore, by keeping these conditions fixed, we establish a common frame of reference
for our respondents (e.g., in terms of their prior brand experiences).
To test the hypotheses, we develop regression models linking price sensitivity to the various
factors we identified in the previous section. We describe the data and measures and the model
specification in the following subsections.
3.1. Data and Measures
About one-fourth of the revenues in the online shopping industry come from travel services and
this segment of the online industry is growing at the fastest rate (Forrester Research). Therefore, the
travel industry provides a good context to test our hypotheses.6 To collect data on shopping behavior in
the travel industry, we developed separate questionnaires for online and offline customers of the
Marriott International hotel chain. The online and offline customers were mutually exculsive in that
they used only the respective media to make their purchases. The questionnaire included items on

6

Note, however, that less than 1% of current travel reservations are done on the Internet. About 80% of the
reservations are still done by travel agents (Jones 1998).
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shopping behavior, choices, customer attitudes, measures of the hypothesized factors, and
demographics. The questions that pertain to factors common to both the online and offline surveys
were identical in both questionnaires. In addition, the online questionnaire included items on web site
factors. Most of the questions pertained to the last purchase of the product, i.e., the last service
encounter. This way, we were able to elicit shoppers’ attitudes more specifically. To ensure that the
bulk of the information search by the respondent is done within a single medium (online or offline), we
had a screening question to determine the medium from which the respondent obtained information.
The offline sample is a random sample generated from the population of 12 million customers
of Marriott International’s customer database.

For the online sample, we posted the survey at

Marriott’s web site with a “New” tag and requested online visitors to fill out the survey. Furthermore,
we screened online respondents by asking them to indicate whether they had ever stayed at a Marriott
hotel. Although random sampling on the Internet is extremely difficult to achieve, it is worth noting
that online surveys typically elicit responses from a reasonably representative sample of the universe of
online shoppers of a given product (Intelliquest 1997). This is because those who are likely to shop
online for a product also tend to be the ones who respond to online surveys on the product.
We collected 214 usable responses from the online survey and 306 usable response from the
offline survey, which represented a response rate of 15%.

Of the responses we obtained from the

offline surveys, we selected the first 181 that allowed us to closely match the online sample in
demographics. As is well recognized, the online population is younger, on the average, than the
general population. To match the two samples, therefore, we dropped several respondents from the
older age groups from the offline responses. Instead of using a simple random sample to identify
respondents to be dropped, we chose to retain respondents in the order in which we received their
completed surveys – keeping respondents who sent their surveys early. We did this because early
respondents are more likely to have a “response tendency” similar to those visitors to a site who choose
to fill out the online questionnaire (Intelliquest 1997).7 To ensure that any difference in the recency of

7

Even so, we subsequently reanalyzed our data using a simple random sample to identify the respondents to be
dropped, but the results of our empirical analysis were not different.
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response between online and offline respondents does not bias results, we account for differences in the
frequency of shopping between the two samples in our analysis.
Table 2 summarizes the demographic data of the online and offline samples. Comparing the
online sample with the unmatched offline sample, we see that the samples are very similar in terms of
sex, proportion of (35-54) age group, and the percentage of post-graduate educated members.
However, on average, the online customers are, much younger, less educated, and less affluent than the
offline customers.
[Table 2 about here]
Table 2 also summarizes the characteristics of the two matched samples we retained for our
data analysis. The two samples are well matched on: (1) sex (the percentage of women in the online
sample is 26 compared to 25 in the offline sample), (2) age (the proportion of customers in the middle
age [35-54] bracket is almost the same in both samples), (3) education (the percentage of those with
post-graduate study is 43 in the online sample versus 46 in the offline sample), and (4) annual family
income. However, the percentage of respondents with business as the primary purpose of hotel stay is
much lower online (43) than offline (69). We control for the effect of purpose and payer in our
analysis.
Table 3 summarizes the variables we use in our analyses, their operationalizations, and their
mean values for the online and offline samples (matched and unmatched).8 As mentioned earlier, we
measure two aspects of price sensitivity. First, we determine the importance of price using a constant
sum scale for the price importance measure. Second, we measure attitude toward price search through
a Likert scale, following Lichtenstein, Ridgway, and Netemeyer (1993).9 In Table 3, the variables,
TIMVAL, PREXP, LOYAL, FREQ, OPTION, INTERAC, and INFO are measured on 5- or 7-point
8

The means for the key variables such as price sensitivity, brand loyalty, and intermediary comparison in the
unmatched offline sample are quite close to the means of the matched sample. Because our purpose is to compare
online and offline samples with similar demographics to isolate the effects of the medium on price sensitivity, we
focus only on the matched samples for all our analyses.
9
The four items in the price search measure are:
(1) I did not go to extra effort to find lower prices.
(2) I shopped around more than one hotel to take advantage of low prices.
(3) I do not consider the money saved by finding low prices to be worth the effort.
(4) I consider the time taken to find low prices to be worth the effort.
These items were related to the most recent purchase.
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scales. CONTENT, PRINT, BUNDL and BUS are dummy variables. CONTENT is 1 if the web site
is perceived to be price-oriented, 0 otherwise; PRINT is 1 if the customer went through a channel
intermediary who offered comparative prices and 0 otherwise; BUNDL is 1 if the customer chose from
a price bundle (such as a vacation package) and 0 otherwise; and BUS is 0 if the hotel stay was for
leisure, 1 otherwise (i.e., if the hotel stay for only business). CONINF is the product or interaction of
CONTENT and INFO. Finally, EASRCH is computed as the ratio of the expressed ease of searching
for price over the expressed ease of searching for the highest rated non-price attribute. This ratio
provides an index of the relative ease of price search.
[Table 3 about here]
We now discuss the means of the variables for the online and the matched offline samples.
Note also that the means of the unmatched and matched offline samples are not very different for most
of the variables. The correlation between the two measures of price sensitivity, price importance and
price search are low for both the offline (0.19) and the online samples (0.36), suggesting that these two
measures are distinct from each other. The overall means of price importance measure in Table 3 are
not statistically different between the online and offline samples (17.20 versus 15.76, p > 0.01). In
contrast, the mean for the price search measure is significantly higher in the online sample than in the
offline sample (4.17 versus 3.36, p < 0.001). We also note from Table 2 that the percentage of
respondents who were business travelers is lower online (43%) than offline (69%). Therefore, we next
examine the mean price sensitivities of the leisure and business travelers separately. The means for the
price importance measure for the leisure travelers in the online sample (20.39) and in the offline sample
(22.81) are not statistically different at a significance level of 0.01.10 As expected, the means of price
importance for business travelers are lower than for nonbusiness travelers, with an online mean of
13.02 and an offline mean of 12.52 (these are not significantly different, p > 0.01). For the price search
measure, however, the mean of the online sample is higher than that of the offline sample for both
leisure (4.37 vs. 3.50; p < 0.01) and business travelers (3.91 vs. 3.28; p < 0.01). Consistent with this
result, we also find that online customers are willing to spend more time in choosing a hotel (p < 0.01),

10

This comparison and the subsequent comparisons are based on paired t-tests.
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make less frequent bookings (p < 0.05), and more of them go to intermediaries to get price information
(p < 0.01) than offline customers. Interestingly, online customers are also more brand loyal (p < 0.05),
i.e., the web site tends to attract loyal customers. Furthermore, the relative ease of price search online
(0.89) is not significantly different from that offline (0.95, p > 0.01) and the proportion of customers
choosing from a price bundle is also similar across online (0.06) and offline (0.08) samples (p > 0.01).
Recall that the price importance measure captures the relative importance of price with respect
to other attributes in brand choice. Therefore, it is reasonable to expect it to be the same across
demographically comparable online and offline shoppers, holding other factors constant. The price
search measure, however, reflects customers’ perceived value for undertaking a price search. This
measure could be different across online and offline shoppers because it is directly related to their
willingness to spend time in searching for price information and to other factors.
Although there are differences between variable means in the two samples, note that our
objective in this study is not to explain the absolute magnitudes of price sensitivities in the two
samples. Rather, our interest is in identifying the factors that increase or decrease online price
sensitivity and explain the role of the online medium on the impact of these factors.
3.2. Specification of Models
We use regression models to determine the effects of the various factors in explaining the
observed price sensitivities in both samples. Multiple factors combine to determine overall price
sensitivity, and a linear compensatory model helps us to determine the relative impact of each factor on
the overall level of price sensitivity. We first specify separate models for the online and offline samples
because these models represent the least restricted models. We then specify a pooled model that
allows us to assess the differential effects of the online medium on price sensitivity. The online model
is given by:

PRSEN i = α 0 + α 1CONTENTi + α 2 INTERACi + α 3 INFOi + α 4CONINF +
α 5 PRSRCH i + α 6 PREXPi + α 7 LOYALi + i α 8OPTION i

(1)

+ α 9TIMVAL + α 10 FREQi + α 11 INTPRi + α 12 INTBUNDLi + α 13 BUSi + εi
where PRSEN = {PRIMP, PRSEARCH}, PRSEN is price sensitivity, PRIMP is price importance,
PRSEARCH is price search, i is customer, the variables are as defined in Table 3, εi is an error term
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assumed to be normal with mean 0.11 We use BUS as a control variable to account for the lower price
sensitivity when a third party (business organization) is the payer for the service.
For the offline sample, the model is identical, except that the web site marketing factors are
absent. Specifically, the model for offline customers is given by:

PRSEN i = β0 + β5 PRSRCH i + β6 PREXPi + β7 LOYALi + β8OPTION i +
β9TIMVALi + β10 FREQi + + β11INTPRi + β12 INTBUNDLi + i β13 BUSi + εi

(2)

To facilitate comparison, we use the same subscripts for the factors common to both online and
offline customers.
The pooled model is:

PRSEN i = λ0 + λ1CONTENTi + λ2 INTERACi + λ3 INFOi + λ4CONINF +
λ5 PRSRCH i + λ6 PREXPi + λ7 LOYALi + λ8OPTION i +

(3)

λ9TIMVALi + λ10 FREQi + λ11 INTPRi + λ12 INTBUNDLi + λ13 BUSi + εi
where the parameters λj j = {0, 5, 6, 7, 8, 11, 12} are a function of the medium according to the
following equation.

λj = λ0j + λ1j MEDIUM

(4)

and the parameters λk k = {1, 2, 3, 4} are a function of the medium according to the following equation
(because these parameters are relevant only for the online medium).

λk = λ1k MEDIUM

(5)

MEDIUM is a dummy variable = 1 if online, 0 if offline. λ0k capture the effects of the offline medium,
and λ1k capture the differential effects of the online medium. To ensure that the results are not
idiosyncratic to model structure, we compare them to the results from alternative model specifications,
namely, semi-log, log-log, and log-reciprocal models. These models allow us to examine if any of the
relationships between the dependent and the independent variables is nonlinear. The explanatory
variables are the same as in the proposed models.
In Equations (1), (2), and (3) a positive sign of the coefficient of any variable would suggest
that the variable increases price sensitivity.
11

Conversely, a negative sign indicates lower price

We tested the error term in this equation and the subsequent equations for normality. The results did not reject
the normality assumption.
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sensitivity. Consistent with our hypotheses, we expect the main effect signs of INTERAC, INFO,
PREXP, LOYAL, OPTION, BUNDL to be negative, while the signs of CONTENT, CONINF,
PRSRCH, and PRINT to be positive. The predicted signs of the parameters according to our
hypotheses are summarized in Table 4.
[Table 4 about here]

4. Results
We estimated Equations (1), (2), and (3) separately for the two measures of price sensitivity.
In addition, we also estimated the alternative model specifications for both measures of price
sensitivity. In estimating the models, we tested for multicollinearity and heteroscedasticity. The data
matrices for Equations (1), (2), and (3) did not suggest any major multicollinearity problem. The
variance inflation factors (VIF) for each independent variable ranged from 1.3 to 2.9. In particular, the
correlation between the two explanatory variables, brand loyalty and previous experience is low for
both online (0.23) and offline (0.23) samples, ruling out a potential confound. The likelihood ratio test
of heteroscedasticity (Greene 1993, p. 395), however, rejected equal error variances for all the models;
so we use the Weighted Least Squares (WLS) estimation in all the models. We also tested for
potential endogeneity of the explanatory variables in each equation using the Hausman (1978) test, but
the results did not indicate any evidence of endogeneity.12
4.1. Online Sample Analysis
The four statements used to measure the price search measure online showed high reliability.
The Cronbach's alpha for these items is 0.76. The results of model estimation appear in Table 5. The
models fit the data well. The correlations between predicted and actual values of the dependent

12

Note that the models with the two measures of price sensitivity as the dependent variables have the same set of

independent variables. This leads to a possibility of estimating the equations as a Seemingly Unrelated Regression
(SUR) or a canonical correlation. However, because the equations have the same set of independent variables, the
gains from canonical correlation are unlikely to be higher than mulitple regressions. Furthermore, there is little
gains in parameter efficiency using SUR if the regressors are the same in the two equations (Johnston 1984).
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variables are 0.61 and 0.68 for the two models, respectively.13 Recall that this model allows us to
examine the parameters for the online model under the least restricted set of conditions. 14
[Table 5 about here]
Significant factors affecting price importance: In terms of web site factors, perceived
interactivity of the message and perceived depth of information on the web site dampen price
sensitivity (p < 0.01), supporting H2 and H3, respectively. Interestingly, neither the content of web site
(price versus non-price information) nor the interaction of content and depth of information at the web
site is significant.
Among customer-related factors, relative ease of price search, prior brand experience,
perceived range of options, value of time, and frequency of shopping are the significant factors
influencing online price importance.

The easier it is to search online on price relative to other

attributes, the higher the online price importance. The more favorable the previous experience, the
lower the online price importance. Perceived range of product and price options reduces online price
importance. The higher the value of time to customers, the lower their online price importance. Online
price importance increases with the frequency of shopping. With regard to electronic intermediary
factors, price comparison using intermediary increases online price importance, whereas price bundling
reduces online price importance.

Significant factors affecting price search: These results are mostly consistent with those
obtained for the price importance measure, but reveal a new significant factor, and two factors that are
no longer significant. Brand loyalty reduces online price search (p < 0.001), implying that the more
loyal customers are less price sensitive. However, perceived range of options and price bundling that
were significant in the model with the price importance measure, are not significant in this model.
Importance of factors in explaining price sensitivity: The relative importance of a variable in
the proposed model is reflected by its beta weight (i.e., the standardized coefficient) in Table 5. For
both the price sensitivity measures, the perceived depth of information and price comparison using
13

Note that R2 is not interpretable for WLS-estimated models (Judge et al. 1985, pp. 254-255), so we report the
correlation between the actual and predicted values of the dependent variable.
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intermediary are very important factors. In addition, prior brand experience and price bundling are
very important in explaining online price importance, while time-value is very important for explaining
online price search. The differences in results for these two measures of price sensitivity are intuitive.
Brand loyalty reduces the perceived value of a price search (e.g., higher perceived switching costs), but
does not affect the customer’s relative importance of price. On the other hand, price bundling reduces
the importance of price relative to other attributes, but does not influence the perceived utility of
undertaking a price search. Note, however, that the number of online respondents that purchased a
travel package in the sample is only 12, so this result should be treated with caution. The increased
importance of the value of time and the decreased importance of prior brand experience in the price
search measure (as measured by the beta weights) are also consistent with the above arguments.
4.2. Offline Sample Analysis
The four items in the price search measure for offline customers indicated high reliability (with
Cronbach’s alpha of 0.72). The results of the proposed model for offline customers are similar to that
of the online model and are summarized in Table 6.
[Table 6 about here]
By comparing the beta weights of the offline model with those of the online model, it appears
that price comparison using intermediaries has a much stronger impact on price search offline than
online.

This is not surprising, because it is much easier offline to do price search by calling

intermediaries than by separately calling each brand (hotel).
4.3. Pooled Sample Analysis
The main value of the pooled model is that it allows us to formally test how the online medium
moderates the effects of various factors on price sensitivity. Our primary interest here is in the
incremental effects of the online medium (both main and moderating effects). Before pooling the
online and offline data, we tested for the homogeneity of the intercept and the slope coefficients of
Equation (2) across the samples using the Chow (1960) test. The data suggest that we should reject

14

We also tested for the best-fitting model in both the online and offline data using the Box-Cox approach (Box and
Cox 1982) and found the linear model to be the best-fitting model for both measures. Details of the best fitting
alternative model are provided in the Appendix.
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the null hypothesis of homogeneity (p < 0.001). The results of the pooled model are summarized in
Table 7.15
[Table 7 about here]
The main effect of the online medium is significant for the price search measure, consistent
with HA (p < 0.01). On average, online customers are more likely to undertake price searches. Two of
the four factors specific to the online medium are significant (p < 0.05 or better): Perceived interactivity
and perceived depth of information at the web site reduce both price importance and price search,
supporting H2 and H3. The moderating effects of the online medium are pronounced for some of the
factors (p < 0.05 or better). The effect of perceived range of options available at the site and of price
bundling in reducing price importance are more pronounced online than offline, supporting H8 and H10,
respectively.

Favorable prior brand experience and price comparison using intermediaries have less

pronounced effects on price search online than offline, supporting H6 and H9, respectively. The effects
of the factors are largely consistent with the results from the separate models summarized in Tables 5
and 6.

Hypotheses H1 (perceived content of web site), H4 (interaction of content and depth of

information), H5 (relative ease of price search), and H7 (brand loyalty), however, are not supported.
The results of the alternative models are similar. The results of the best fitting alternative model are
provided in the Appendix.
The beta weights in Table 7 are consistent with those in Tables 5 and 6. The main effect of the
online medium is the most influential factor in determining price search. However, the main effect is
not significant in the case of price importance, suggesting high variability in its effects across
customers. Prior experience, price comparison using intermediary, and price bundling are the next
most important factors affecting price importance.

Prior experience, price comparison using

intermediary and perceived depth of information are the most influential determinants of price search.
5. Discussion

15

Note that the estimates from this model are not exactly identical to those from the online and offline models
because the online and offline models are not completely nested in the pooled model (the effects of value of time,
frequency, and business stay variables are not moderated by the medium). Furthermore, the estimates from the
pooled model are based on a GLS model that accounts for heteroscedasticity.
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Table 8 provides an overview of the results from the tests of hypotheses. We now articulate the
important insights from our study by first focusing on the results of the factors unique to the online
medium, and then on the differential effects of the online medium.
[Table 8 about here]
Unique effects of the online medium: Taken together, the web site factors provide substantial
incremental explanation of price sensitivity. Considering the separate online model, the correlation
between predicted and actual values of the dependent variable improves from 0.48 (0.49) for price
importance (price search) model without these factors to 0.61 (0.68) in price importance (price search)
model that includes these factors. The perceived depth of information and interactivity of the messages
at the web site are significant and important determinants (i.e., have higher beta weights) of price
sensitivity, particularly the depth of the information at the site. It appears that if customers perceive
that a site offers in-depth and searchable information (i.e., interactive and dynamic messages), it
decreases their price sensitivity on both the measures. A multi-layered and rich web site helps reduce
customers’tendency to use price as a decision criterion, resulting in greater use of non-price heuristics.
Interactive web sites help reduce attention to prices and prompt shoppers to examine important nonprice attributes.
A surprising result is that the perceived content of the message (price versus non-price) does
not influence either measure of price sensitivity. This is contrary to results from research on the impact
of offline media (Kaul and Wittink 1995) that indicate that price-oriented messages increase price
sensitivity, but non-price oriented messages decrease price sensitivity. We should note, however, that
we did not directly manipulate the messages seen by the respondents online. Nevertheless, this is an
interesting finding that should be explored further through controlled field experiments.
Differential effects of the online medium on price sensitivity: The online medium has a strong
positive main effect on the perceived value of undertaking price search. In addition, it has moderating
effects on both price importance and price search. Product options and price bundling tend to lower
the importance of price more in the online medium than in the offline medium. Prior experience tends
to have a stronger negative effect on price search online than offline. The role of price comparison
using intermediary in raising price search is less severe online than offline.

23

When customers perceive that a site offers a range of products and prices, they expect to be
able to choose items that offer them the best value (Benjamin and Wigand 1995). A range of products
at different prices should also help customers “anchor and adjust” their reference prices according to
the range of prices available at the time of shopping (Tversky and Kahneman 1981). This, in turn,
should make customers’ reference prices be more consonant with the wider range of offered prices,
making them less price sensitive when they have more product options. However, we obtain mixed
results suggesting a more complex story. For online customers, the perceived range of options
decreases the weights they assign to the price attribute, but has no impact on the value of undertaking a
price search. Offline, we get the opposite result – perceived range of options has no effect on the
importance assigned to price, but decreases the value of a undertaking a price search. These results
are, however, consistent with the notion that providing more product options increase customers’
ability to find products that best fit their needs, but this is accompanied by increased search costs to
find the most appropriate product. Search costs are higher for offline customers. As a result, they are
less likely than online customers to undertake the search for the best fitting product. On the other hand,
search costs being low online, the range of options does not affect the price search behavior of online
customers. Also, the online medium has a stronger impact on reducing the importance of price when
customers buy products that are part of a bundle.
Prior experience more strongly dampens price search online than offline (see beta weights in
Tables 5, 6, and 7). This is probably because online customers, being unable to talk to a human travel
agent, perhaps place a higher weight on their past experience. It could also be that online customers
bookmark sites which offer brands that provide them favorable experiences, thereby limiting their
future consideration sets when making hotel reservations.

Price comparison using channel

intermediary increases price search and this effect is less pronounced online.
6. Conclusions and Managerial Implications
Taken together, the key finding of the empirical analysis is that the online medium has both a
main effect and several moderating effects on price sensitivity relative to the offline medium. Further,
these effects are in opposite directions. On the one hand, it has a main effect by making it easier for
customers to do price search, which increases price sensitivity relative to offline. It has no main effect,
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however, on price importance. On the other hand, the online medium’s moderating effects through
previous experience and price comparison using intermediaries serve to decrease price search, while its
moderating effects through perceived range of options and price bundling act to decrease the
importance of price.

Furthermore, the effects of such web site factors as interactivity and depth of

information serve to reduce both price importance and price search relative to offline. The overall price
sensitivity online relative to offline is a net effect of the countervailing forces of the main effects and the
moderating effects of the online medium.
Our analysis suggest that the relative importance of price is not significantly different across
online and offline customers, but online customers are more likely to search for better prices than
offline customers of the same product.

Although online customers perceive a higher value for

undertaking a price search than customers offline, more importantly, our analyses indicate that several
factors can increase or decrease online price sensitivity. From a management perspective, firms that
have lower prices than their competitors should try to enhance the factors that increase price
importance and search. On the other hand, firms that have higher priced, but higher quality products,
should try to enhance factors that encourage non-price comparison, i.e., decrease the focus on price
search.
Based on our results, we suggest several strategies that online marketers can use to both
dampen the importance that customers assign to price (relative to other attributes) and reduce their
perceived value of price search. Some of the more obvious ways by which firms can accomplish this
include: (1) Providing a rich set of useful information through multiple web pages, in particular, on
non-price attributes. Online customers are more likely to search for price. If we make this process
easier, they may then have some time to also search non-price attributes. (2) Increasing convenience
for the less price sensitive customers by providing more non-price attributes (e.g., providing one-stop
shopping of car, hotel, and air rentals to business travelers). (3) Enhancing brand experience by
designing and delivering a superior product and service experience when the customer buys the
product. (4) Making the site highly interactive, whereby price becomes just one of the many attributes
that interested shoppers can browse.
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There are some “not so obvious” strategies to increase online customers’ use of non-price
attributes. Some ways to do this are by having strong editorial content, making available customer
testimonials, and embedding special features (e.g., customized map with locations of attractions near a
hotel). For example, based on our data, Marriott could provide expanded descriptions and information
about each of its properties (particularly because “Location” has the highest average relative
importance among all attributes in the online sample, 34 points out of 100). In this way, whenever
customers search for price information, they are also likely to be presented with considerable amount of
non-price information, reducing their price sensitivity.
Providing more price and product options and using price bundling reduce the importance of
price to customers. Both these factors can be used to “customize the offer.” The online medium is
particularly well suited for this. A smart marketer could find ways to dynamically develop and offer
customized product bundles based on search patterns of specific customers. For example, in the hotel
industry, price sensitive customers can be either offered a reduced rate if they stay an extra day over
the weekend, or lower room rates if they also rent cars from an affiliated car rental agency. Because
these bundles are unique to each customer, the prices offered are not part of the standard menu of
prices listed at a site. This strategy also has the desirable effect of increasing the perceived range of
options offered at the web site, another factor that reduces online price importance.
7. Contributions, Limitations, and Extensions
Our research contributes in several ways to the emerging research on online marketing. First,
we identified and articulated several factors unique to the online medium that could significantly
influence online price sensitivity (e.g., interactivity and depth of information at the web site) that are
ignored by traditional studies of price sensitivity. Second, we have identified and explained the main
and moderating effects of the online medium on price sensitivity. Third, we explored two different
aspects of price sensitivity, which allowed us to more clearly distinguish between customers’ price
search behavior and the relative importance they assign to price in comparison to other attributes
influencing their choice. Fourth, unlike other studies (e.g., Lynch and Ariely 1998), this paper offers
insights into online price sensitivity based on a comparison of shopping attitudes and behavior online
and offline using a working web site. Finally, by analyzing the impact of Internet marketing factors
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that could influence the design of a web site, we have provided actionable implications for Internet
marketers.
Our empirical study has several limitations that should be addressed by future research. An
important limitation is that our online sample is not a truly random sample of online customers.
Although the sample selection is the best we could obtain with our resources and that such samples are
often reasonably representative, the sampling procedure is less than ideal. Our empirical analysis is
also restricted to price sensitivity toward one product. Future studies should explore price sensitivity
issues in other product categories with different structural characteristics (e.g., airline reservations,
financial services, music CDs). We also focused only on customers who have purchased from the firm
in the past. However, online pricing strategy also influences the ability of the firm to attract new
customers – a site considered to offer low prices may be able to attract more new customers than a site
perceived to offer a better selection. This may be worthwhile to explore in future studies. Finally, an
important research opportunity is to study how the actions and reactions of competitors using Internet
marketing strategies influence the intensity of price competition by altering customers’ price
sensitivities.
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Appendix
The results from the best fitting alternative model specification, namely, the semi-log model, are
summarized in Table A1. Table A2 presents the results of the alternative model for offline customers. The results
are similar to those of the proposed model for both online and offline models. Because the proposed model is
simpler and has a slightly higher degree of fit over the alternative model, we chose the proposed model over the
alternative model.
Table A1: Results of Alternative (Semilog) Model for Online Customers (n=214)
Variable (Parameter)
Intercept (α0)
Perceived content of web site (αβ1)
Perceived interactivity of web site (α2)
Perceived depth of information (α3)
Interaction of content and depth (α4)
Relative ease of price search (α5)
Prior experience α6)
Brand loyalty (α7)
Perceived range of options (α8)
Value of time (α9)
Frequency of shopping (α10)
Price comparison using intermediary (α11)
Price bundling (α12)
Business stay (α13)
Correlation between actual and predicted values of
the dependent variable

Price Importance
Value (Std. Error)
2.86 (0.011)***
- 0.10 (0.28)
- 0.09 (0.02)***
- 0.15 (0.02) ***
- 0.09 (0.06)
0.28 (0.06)***
- 0.17 (0.03)***
0.01 (0.01)
- 0.17 (0.02) ***
- 0.09 (0.01)***
0.12 (0.03)***
0.44 (0.04)***
- 0.70 (0.10)***
-0.28 (0.03)***
0.61

Price Search
Value (Std. Error)
2.05 (0.02)***
0.02 (0.06)
- 0.02 (0.00)***
- 0.08 (0.01)***
- 0.02 (0.01)
0.21 (0.02)***
- 0.04 (0.01)***
- 0.03 (0.00) **
- 0.01 (0.00)*
- 0.04 (0.01)***
0.00 (0.01)
0.20 (0.01)***
- 0.06 (0.03)*
-0.06 (0.01)***
0.65

Table A2: Results of Alternative (Semilog) Model for Offline Customers (n=181)
Variable (Parameter)

Intercept (β0)
Relative ease of price search (β5)
Prior experience (β6)
Brand loyalty (β7)
Perceived range of options (β8)
Value of time (β9)
Frequency of shopping (β10)
Price comparison using intermediary (β11)
Price bundling (β12)
Business stay (β13)
Correlation between actual and predicted values of
the dependent variable

Price Importance
Value
(Std. Error)
0.66 (0.22)***
0.98 (0.24)***
-0.13 (0.05)**
0.01 (0.03)
0.17 (0.14)
-0.12 (0.02)***
0.15 (0.04)***
0.67 (0.08)***
0.26 (0.31)

Price Search
Value
(Std. Error)
0.47 (0.06)***
0.36 (0.05)***
-0.10 (0.01)***
- 0.07 (0.00)***
- 0.03 (0.01)**
-0.06 (0.00)***
0.00 (0.00)
0.46 (0.01)***
-0.17 (0.03)***

- 0.48 (0.07)***
0.59

- 0.02 (0.01)*
0.61

* Significant at 0.05 level; ** Significant at 0.01 level; *** Significant at 0.001 level.
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Table 1
The Differential Impact of the Online Medium on
Information Search and Price Sensitivity: Summary of Hypotheses
Factors (Hypotheses)

Main effect of online medium (HA)
Perceived price-oriented content of web site
(H1)
Perceived interactivity of web site (H2)
Perceived depth of information (H3)
Interaction of content and depth (H4)
Relative ease of price search (H5)
Perceived range of options (H6)
Brand loyalty (H7)
Value of time (H)
Frequency of shopping (H)
Price comparison using intermediary (H9)
Price bundling (H10)

Benefits of
information
search

Costs of nonprice
information
search

Costs of price
information
search

ENS
ENS

+

+
ENS
ENS
ENS
+
+

ENS
ENS

Overall price
sensitivity

-

Price
importance
ENS
+

Price
search
+
+

+
ENS
ENS

ENS
ENS

+
+
-

+
+
-

ENS
ENS

+
+

ENS
-

-

ENS – Effect Not Significantly different online as compared to offline
Table 2: Comparison of Online and Offline Sample Demographics
Demographic Variable and Category

% of Online
Sample

% of Offline
Sample
(unmatched)

% of Offline
Sample
(matched)

26

23

25

30
61
9

15
59
26

28
59
13

20
37
43

14
41
45

12
42
46

17
41
42

13
25
62

20
36
44

43

65

69

Sex
Female
Age
18-34
35-54
55 and above
Education
No college
College
Post-graduate
Annual Family Income
Below $60,000
$60,000-$99,000
$100,000 and above
Purpose of Hotel Stay
For business (%)
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Table 3: Operationalization and Means of Variables in the Data
Variable

Price importance
(PRIMP)
Price search
(PRSEARCH)
Perceived content of
web site
(CONTENT)
Perceived interactivity
of web site (INTERAC)
Perceived depth of
information at the web
site (INFO)
Relative ease of price
search (PRSRCH)

Perceived range of
options (OPTION)

Brand loyalty (LOYAL)
Customer value of time
(TIMVAL)
Frequency of shopping
(FREQ)
Price comparison
using intermediary
(PRINT)
Price bundling
(BUNDL)

Operationalization

Relative importance of price among top 8 factors
influencing choice (100-point constant-sum scale)
Attitude toward the cost-benefit of price shopping (7point Likert scale on four statements)
Relative degree of perceived price/feature orientation
of the message at the web site (Dummy variable
represented by 1 if price-oriented, 0 otherwise)
Perception of interactivity of the web site message (5point scale ranging from “Much better than at other
sites” to “Much worse than at other sites”)
Perception of extent of web site information relative
to expectations (5-point scale ranging from “Much
better than expected” to “Much worse than expected”)
Expressed ease of searching price relative to the ease
of searching for the most important non-price
attribute (Ratio of ratings on 5-point scales ranging
from “Very easy” to “Very difficult”)
Perception of the available range of products and
price options online (5-point scale ranging from
“Much better than expected” to “Much worse than
expected”)
Expressed degree of loyalty to the brand (7-point
scale)
Time a customer is willing to spend in choosing a
hotel (Five-point scale ranging from “5 minutes or
less” to “More than 60 minutes”)*
Expressed frequency of shopping for the product
(Scale ranging from “Less than once a month” to
“More than 5 times a month”)
Whether a customer went through a channel
intermediary and compared prices (Dummy variable
represented by 0 or 1)
Whether a customer’s choice of a hotel was part of a
price bundle (Dummy variable represented by 0 or 1)

Online
Mean

Offline Mean
(Unmatched)

17.20

15.86

Offline
Mean
(Matched)
15.76

4.17

3.34

3.36

0.34

N/A

N/A

3.69

N/A

N/A

3.87

N/A

N/A

0.89

0.95

0.95

3.50

3.27

3.25

5.62

5.11

5.14

- 2.81

-2.42

- 2.39

1.71

2.13

2.18

0.57

0.47

0.44

0.06

0.08

0.08

N/A - Not Applicable. * Since time value negatively corresponds to willingness to spend time, the figures
are in negative.
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Table 4: Predicted Parameter Signs
Online Model
Hypothesis

Parameter

α1
α2
α3
α4

H1: Perceived content of web site
H2: Perceived interactivity of web site
H3: Perceived depth of information
H4: Interaction of content and depth

Predicted Sign
Price
Price search
importance
+
+
+
+

Pooled Model
Hypothesis

Parameter

HA: Main effect of online medium
H5: Relative ease of online price search
H8: Perceived range of options
H7: Brand loyalty
Value of time
Frequency of shopping
H9: Price comparison using intermediary
H10: Price bundling

λ10
λ15
λ18
λ17

λ111
λ112

NS – Not Significant

Predicted Sign
Price
Price search
importance
NS
+
+
+
-

NS
-

-
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Table 5: Results of Proposed Model for Online Customers (n=214)
Variable (Parameter)
Intercept (α0)
Perceived content of web site (α1)
Perceived interactivity of web site (α2)
Perceived depth of information (α3)
Interaction of content and depth (α4)
Relative ease of price search (α5)
Perceived range of options (α8)
Brand loyalty (α7)
Value of time (α9)
Frequency of shopping (α10)
Price comparison using intermediary (α11)
Price bundling (α12)
Shared cost effect-Business stay (α13)
Correlation between actual and predicted
values of the dependent variable

Price Importance
Value
(Std. Error)
28.44 (4.75)***
-4.15 (5.90)
-2.39 (0.45)***
- 2.18 (0.77)**
-0.69 (1.38)
13.07 (2.33)***
- 1.86 (0.34)***
0.56 (0.34)
-1.49 (0.36)***
1.74 (0.61)**
7.30 (0.97)***
-17.13 (2.70)***
-6.75 (0.54)***
0.61

Beta
Weight

0.11
0.12
0.20
0.07
0.15
0.10
0.04
0.11
0.08
0.20
0.22
0.18

Beta
Weight

Price Search
Value
(Std. Error)
6.72 (0.22)***
-0.25 (0.21)
-0.05 (0.03)*
- 0.29 (0.03)**
0.03 (0.05)
0.64 (0.10)***
0.00 (0.02)
-0.10 (0.02)***
-0.20 (0.02)***
0.24 (0.03)***
0.61 (0.06)***
-0.23 (0.18)
-0.44 (0.05)***
0.68

0.08
0.03
0.18
0.04
0.09
0.00
0.10
0.16
0.13
0.20
0.04
0.15

Table 6: Results of Proposed Model for Offline Customers (n=181)
Variable (Parameter)

Intercept (β0)
Relative ease of price search (β5)
Perceived range of options (β8)
Brand loyalty (β7)
Value of time (β9)
Frequency of shopping (β10)
Price comparison using intermediary (β11)
Price bundling (β12)
Shared cost effect-Business stay (β13)
Correlation between actual and predicted
values of the dependent variable

Price
Importance
Value
(Std. Error)
-10.30 (2.25)***
13.06 (1.40)***
- 0.48 (0.40)
-1.49 (1.18)
-1.40 (0.21)***
2.77 (0.33)***
6.00 (0.50)***
4.85 (1.19)***
-10.45 (0.66)***
0.59

Beta
Weight

0.11
0.02
0.10
0.09
0.13
0.14
0.06
0.23

Price Search
Value
(Std. Error)

Beta
Weight

2.39 (0.16)**
0.46 (0.07)***
-0.03 (0.01)**
-0.13 (0.01)**
-0.14 (0.01)**
0.02 (0.02)
1.37 (0.03)***
-0.27 (0.06)**
-0.04 (0.02)*
0.63

* Significant at 0.05 level; ** Significant at 0.01 level; *** Significant at 0.001 level.

0.06
0.07
0.12
0.13
0.02
0.48
0.05
0.01
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Table 7: Results of Proposed Pooled Model (n= 395)
Variable (Parameter)

Intercept (λ00)
Perceived content of web site (λ11)
Perceived interactivity of web site (λ12)
Perceived depth of information (λ13)
Interaction of content and depth (λ14)
Relative ease of price search (λ05)
Perceived range of options (λ08)
Brand loyalty (λ07)
Value of time (λ09)
Frequency of shopping (λ010)
Price comparison using intermediary (λ011)
Price bundling (λ012)
Shared cost effect-Business stay (λ013)
Main effect of online medium (λ10)
Relative ease of price search-online (λ15)
Perceived range of options-online (λ18)
Brand loyalty-online (λ17)
Price comparison using intermediary-online
(λ111)
Price bundling-online (λ112)
Correlation between the actual and predicted
values of the dependent variable

Price
Importance
Value
(Std. Error)
-3.85 (12.56)
-3.90 (2.86)
- 1.08 (0.46)*
- 1.61 (0.68)**
0.14 (1.07)
12.75 (6.30)*
- 0.51 (2.01)
-1.53 (1.07)
-1.02 (0.41)*
0.30 (0.13)*
7.32 (2.94)**
6.50 (5.42)
-7.53 (3.13)*
15.69 (16.40)
-5.36 (10.37)
- 0.88 (0.33)*
-0.92 (1.43)
- 1.51 (4.00)

Beta
Weight

-16.61 (7.72)*
0.53

0.15

0.08
0.11
0.17
0.01
0.13
0.02
0.11
0.07
0.01
0.18
0.08
0.19
0.39
0.13
0.08
0.14
0.04

Price Search
Value
(Std. Error)

Beta
Weight

2.02 (0.86)*
- 0.19 (0.20)
-0.06 (0.03)*
-0.30 (0.12)**
0.05 (0.07)
0.51 (0.17)**
-0.10 (0.04)*
- 0.13 (0.07)*
- 0.17 (0.06)**
0.08 (0.08)
1.31 (0.20)***
-0.34 (0.37)
- 0.08 (0.03)*
3.21 (1.23)**
0.24 (0.71)
- 0.12 (0.18)
0.04 (0.10)
-0.59 (0.27)*
0.25 (0.53)
0.57

* Significant at 0.05 level; ** Significant at 0.01 level; *** Significant at 0.001 level.

0.05
0.07
0.39
0.05
0.07
0.06
0.12
0.15
0.05
0.43
0.06
0.03
1.05
0.07
0.14
0.08
0.18
0.03

Table 8: Summary of Results of Hypotheses Tests
Hypothesis (Parameter)
HA: Main effect of online medium (λ10)
H1: Perceived content of web site (α1)
H2: Perceived interactivity of web site (α2)
H3: Perceived depth of information (α3)
H4: Interaction of content and depth (α4)
H5: Relative ease of price search (λ15)
H6: Perceived range of options (λ18)
H7: Brand loyalty (λ17)
Value of time
Frequency of shopping
H9: Price comparison using intermediary (λ111)
H10: Price bundling (λ112)

Price Importance
Predicted
Actual
Ns
Ns
+
Ns
+
Ns
+
Ns
Ns

Ns
-

Ns
-

Note: All reported signs are significant at the 0.05 level or better. Ns: Not significant

Price Search
Predicted
Actual
+
+
+
Ns
+
Ns
+
Ns
Ns
Ns

-

Ns
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