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ABSTRACT
The Indonesian Testing Service Centre (ITSC) has developed an online standardized test called
TOEP (Test of English Proficiency) as a fresh alternative for measuring the test takers’ listening
and reading proficiency. To ensure its quality, the TOEP scores need to be validated against the
scores obtained from another established standardized test, in this case the ITP-TOEFL. This
study aimed at finding out to what extent the range of scores which are measured by TOEP can
predict the scores obtained from ITP-TOEFL. A quantitative approach was applied in this study,
focusing on the analysis of scores obtained by 1,048 people taking TOEP in 2016, 2017, and
2019 and 383 testees had taken both TOEP and ITP-TOEFL. A regression analysis was
conducted to establish the prediction equation of TOEP to ITP-TOEFL. The range of scores of
proficiency measured through TOEP was estimated using the advanced item response theory,
especially the information function value. The results of analysis show that TOEP can predict
test takers’ English proficiency in the range of minimum 310 and maximum 656.34 at the ITPTOEFL scales. It can be concluded that TOEP has a good predictive validity to ITP-TOEFL.
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People’s English proficiency has so far been
measured through standardized tests developed by
native speakers of English, for example, the
TOEFL, TOEIC, and IELTS tests. The development
of such tests is very costly to ensure the
standardization of such tests, which is reached
through a series of activities to ensure that the test
fulfills the criteria of a good test. A good test has to
meet the validity criterion. Seen from the
development process, the above said tests have
good content validity or have been proven to be
valid in terms of the content (Sawaki & Sinharay,
2018). As these tests have fulfilled the criteria of
good tests in terms of content, the results are highly
accurate in describing the level of test takers’
English proficiency.
The high cost and expensive process of the test
development result in a number of difficuties, one of
which is in the fee for taking the tests. The tests
become expensive, and some cannot afford them.
For self evaluation purposes, more affordable

INTRODUCTION
The measurement of English proficiency has been
an immense issue to a significant number of people
particularly because the result of the test they took is
a reflection of their communication skill –a
necessary key to effectively survive in the 21st
century and global world (Ahn, 2015; Mohammadi
& Enayati, 2018; Saito, 2019). The need for good
scores in proficiency tests increases significantly in
the last decades as the result of the growing
requirements for getting a job or continuing
education. Only those with a high level of English
proficiency can get good jobs in competitive
environments and are more preferable in the work
world (Lee, 2006; Simion, 2012). To measure one’s
English proficiency is then a necessity, certainly
through a valid and reliable standardized test whose
results are recognized world-wide.
In relation with the above concern, the
existence of institutions providing mesurements and
assesment of English competences is of prominence.
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options are not always available. With difference in
currency rates among countries, test takers from
countries with weaker rates will have to spend a
large sum of money. Another problem often found
in Indonesia and some other countries is the limited
access to such tests. Those tests are available only in
big cities, and taking the tests is financially
disastrous: the test takers have to spend extra money
for transportation and accommodation in addition to
the high test fee. The long, tedious process of
registration, test administration, and the issuance of
the test results are other additional problems
encountered by the test takers. The long delay
resulted from the slow process of score and
certificate issuance sometimes obstucts users,
especially when they need quicker test results.
As a response to the the above drawbacks, to
offer test takers with alternatives, and to reduce
dependency of English testing on tests provided by
foreign agencies, the Association for the Teaching
of English as a Foreign Language in Indonesia
(TEFLIN) and the Association of Indonesian
Psychology have co-founded the Indonesian Centre
for Testing Services, of which the main programs
are to develop TPDA or Test of Basic Academic
Potential and TOEP or Test of English Proficiency.
TOEP is an affordable test developed to measure
Indonesian test-takers’ English proficiency.
Similar to TOEFL, TOEP has also been
developed through a series of activities, from the
formulation of the purposes of constructing the test,
the formulation of indicators of test items, the
construction of test items, expert validation
involving experts of language testing and
psychometrics, to try-outs and calibration using the
item response theory. This test consists of 100
items, covering 50 listening test items and 50
reading test items. The test takers’ English
proficiency is represented through the scores, which
range from 0 (non-user of English) to 100 (expert
user). Seen from the process of its development,
TOEP is standardized and has fulfilled the criteria of
a good test in terms of content validity.
Retnawati (2016) confirms that TOEP
possesses the good criterion validity. A test taker’s
TOEP score could be used to predict his or her
TOEFL score. The TOEP criterion validity is
concurrent validity. This type of validity tells to
what extent the result estimates the ability of
another measurement instrument taken in about the
same time (Fernandes, 1984). To provide evidence
for the validity, two instruments are needed to
measure the same construct, one being the predictor,
i.e. the instrument of which the criteria validity will
be proven, and the other being the criterion, i.e. the
standardized measurement instrument such as
TOEFL
Related to the concurrent validity of TOEP, the
results of this test can be used to predict the scores
achieved by taking other standardized tests, such as

TOEFL ITP or IBT. This process is also done by
educators and test developers in several other
countries. In Japan, it was conducted by utilizing the
results of English Language Teaching and Learning
(Saito, 2019). In Iran, the validation and prediction
were carried-out by utilizing the Cloze test (Saeedi
et al., 2011). In Vietnam, the C-test was utilized to
predict the scores of TOEFL, TOEIC, and IELTS
(Hiser & Ho, 2016). Those local test developers
conducted validation processes for their selfdeveloped tests and administered them locally in
their own countries for their particular purposes.
However, other parties, especially from other
countries, interested in using their tests for
validation precesses or assessment procedures have
difficulties in accessing those tests.
In addition to utilizing the test scores to predict
the scores obtained through other tests, the results of
a test or a measurement instrument which has been
proven to have criterion validity can also be
converted into the scores of other standardized tests.
For example, the TOEP scores are converted into
the ITP or IBT TOEFL scores (Retnawati, 2016).
However, it is important to find out the degree of
accuracy of the results or scores obtained from the
predictor measurement instrument such as TOEP in
predicting or describing the test takers’ ability in
other standardized tests such as TOEFL. This can be
conducted by estimating the test takers’ ability with
as low measurement error as possible (Desjardins &
Bulut, 2017) and utilizing information function
values to find out the range of valid and reliable
ability (Retnawati, 2016).
The test takers’ ability can be estimated
through the classical test theory and item response
theory (Hambleton & Swaminathan, 2013). The
classical test theory is based on an additive model,
i.e. the test takers’ true scores being obtained by
deducting the observed scores by measurement
error. Meanwhile, the item response theory is based
on the probabilistic model, i.e. the test takers
respond to the items based on the levels of the
underlying latent nature. The test takers’ ability in
the item response theory (IRT) is estimated by
considering item parametres (item difficulty range,
the item differing power, and pseudo guessing). The
classical test theory focuses more on the observed
scores (raw scores) than considering the item
relation with the measured latent trait (Desjardins &
Bulut, 2017). Accordingly, when the focus of study
is on predicting the test takers’ ability, the item
response theory is more preferable.
There are four models of the item response
theory that can be used to estimate the test takers’
ability by dichotomous scoring (1/0), the oneparameter model or 1-PL model, the Rasch model,
the two parameter or 2-PL model, and the threeparameter or 3-PL model (Desjardins & Bulut,
2017). In the 1-PL model and the Rasch model, the
test takers’ ability is estimated by considering the
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parameter of item difficulty range. For the 3-PL
model, the test takers’ ability is estimated by
considering the difficulty range parameter, item
discriminating indices, and the pseudo guessing.
For the 2-PL model, the test takers’ ability is
estimated by considering the difficulty range
parameter and item discriminating indices, and for
1-PL, the test takers’ ability is estimated by
considering the difficulty range parameter. Of the
four non-linear models, the 1-PL model and Rasch
model are the simplest. Compared to the 1-PL
model, the Rasch model is more used by researchers
or academics in various disciplines to meet the
needs for item analysis and estimating the test
takers’ ability. Mathematically, the Rasch model can
be presented as follows (Rasch, 1960):

where

is the test takers’ ability, j (j = 1, 2, …,

J),
is the level of item difficulty of item i (i = 1,
2, …, I), and
is the scaling constancy to place the
logistic parameter model at the normal ogive model
scale (when D = 1.7). Equation (1) states that the
probability of the test takers in responding correctly
to the test item i is the function of ability and the
level of item difficulty. The item discriminating
power parameter is not included in Equation (1)
because the item discriminating power is regarded
as 1.
Another concept which is also important in the
item response theory is the information function
value. Item information function gives information
related to the test item contribution in revealing the
latent trait (ability) measured through a test
(Hambleton et al., 1991; Retnawati, 2014;
Desjardins & Bulut, 2017). Mathematically, the item
information function can be presented as Equation 2
as follows.

where i is an item (i = 1, 2, …, n),

is the item

information function i,
is the probability
for the test takers with ability to respond to item i
correctly,

is the function transferred from

to , and
is the probability for test
takers with ability
to respond to item i wrongly.
Because items are regarded as locally independent
(the IRT assumption), the item information function
for all items can be summed up and test information
function calculated (Desjardins & Bulut, 2017).

Test information function is the sum of the test
item information function (Hambleton et al., 1991;
Wu et al., 2016). Test information function will be
high if the item information function is also high.
Test information function can be used to compare
two test sets and to find out the ability traits
appropriate for the test (Desjardins & Bulut, 2017;
Hambleton et al., 1991; Retnawati, 2016).
Mathematically, the test information function can be
presented in Equation 3 as follows (Desjardins &
Bulut, 2017; Hambleton et al., 1991; Retnawati,
2014).

where the values of the item parameter index and
test takers’ ability are the estimation results. Since
they are the result of estimation, the truth is
probabilistic and not free from measurement error.
The Standard Error of Measurement or SEM in
IRT is closely related to the information function
value. The information function value has a negative
quadratic relationship with SEM, i.e. the greater the
information function value, the smaller the SEM or
vise versa (Hambleton et al., 1991). If the
information function value is stated by

and

the estimation value of SEM by
, the
relationship between the two can be represented
mathematically in the same ways as in Equation 4 as
follows (Hambleton et al., 1991; Retnawati, 2014;
Desjardins & Bulut, 2017).

Studies on the validity of English tests have
been conducted before, but they were focused on
finding evidence for the content validity, construct
validity, and criterion validity of the tests concerned.
The previous studies on the criterion validity of
English test were more focused on the predictive
validity types, i.e. relating the TOEFL scores to
students’ grade point average (GPA). Meanwhile,
very few studies on the criterion validity especially
the concurrent validity have been conducted, but
limited to the correlation of the two tests
investigated. It should be noted that the correlation
of the two tests have used raw score of the results of
the analysis using the classical test theory. The
research on TOEP has been limited to finding
evidence of the TOEP criterion validity by
correlating TOEP scores
to TOEFL scores.
However, the question on how accurate the scores
obtained from the predictor test (e.g. TOEP scores)
can predict or describe the test takers’ ability on
other standardized tests (e.g. TOEFL scores) has
not been researched and is worth investigating.
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Based on the literature review presented above,
the result of tests (e.g. TOEP) with good criterion
validity can be used to predict the test takers’ scores
provided that the test takers’ ability is estimated by
using the item response theory. In addition, the
results of using the item response theory are the
information function value of the items and the
information function value of the test which can be
used to find out the range of reliable scores of the
test so that the results can be converted into other
standardized tests. In this way, the purpose of the
present paper is to find out the range of scores
measured through TOEP administered in 2016 and
2017.

METHOD
This study was an explorative, descriptive
quantitative study to describe the interval of TOEFL
scores predicted by TOEFL score employing
correlation and regression analyses. The data were
collected through analysis of documents of 1,148
people taking TOEP which includes Listening and
Reading in 2016 (362 test takers), 2017 (384 test
takers), and 2019 (402 test takers) and 383 people
taking both TOEP and ITP-TOEFL. These test
takers were randomly selected to ensure they
represented test takers with low, middle, and high
theta or latent ability. Six TOEP forms with 50
listening test items and 50 reading test items in each
test form were administered in 2016, four in 2017
and four in 2019. The data from the 1,148 testees
were analyzed using the correlation and regression
analyses. This study also used the Rasch model with
one Parameter, i.e. the item difficulty level to
analyze the items and calculate the information
function values and the conversion scores. This
involved the following steps: (1) establishing the
criterion validity of TOEP against TOEFL by using
the scores of TOEP Listening and Reading to
predict those of TOEFL Listening and Reading as
to obtain the prediction equation of the TOEFL
scores; (2) estimating the parameter of the level of
item difficulty of ten test forms by using test takers’
response through the Rasch model; (3) calculating
the information function value and SEM of each
form; (4) determining the ability range at the
standard normal scale that can be measured well by
each form using the information function value and
SEM; (5) converting the standard normal scale of
Listening and Reading in TOEP (the 0-50 scale): (6)
using the TOEP scores of both Listening and
Reading to predict the TOEFL scores; and (7)
determining a range of scores measured well
through TOEP into the TOEFL scores. This was
followed by interpreting the results.

FINDINGS
As has been touched upon before, to find out the
predictive validity of TOEP to TOEFL, data were
collected by administering the TOEFL test to 383
people out of 1,148 TOEP test takers. These 383
people were randomly selected by considering their
theta or ability.
The predictive validity was established by
estimating the correlation patterns between the
TOEP Listening, Reading, and the total scores and
the TOEFL Listening, Reading and the total scores.
The analysis was conducted by observing the scatter
plot, estimating the correlation and contribution,
estimating the prediction equation, and estimating
the errors at the total score model (TOEP with
TOEFL) and the TOEP Listening and Reading
scores as the predictor of TOEFL. Since the
equivalence of the test forms has been tested and the
TOEP test forms are found equal, the scores
obtained from the tests are treated as equal (Madya
et al., 2019). The findings of each analysis are
presented below.
Figure 1 indicates a linear relationship between
the TOEP Listening scores and the TOEFL
Listening scores. The higher the TOEP listening
scores are, the higher the TOEFL Listening scores
will be. This indicates a positive correlation between
the two tests, which means that the TOEP Listening
score is a good predictor for the TOEFL Listening
score. The same case applies to the Reading scores.
That is, the TOEP Reading score is the predictor for
the TOEFL Reading score. These are illustrated in
Figures 2 and 3.
If the TOEP Listening and Reading scores are
used together to predict the TOEFL scores, the
scatter plot shows that the two variables serve as the
predictor for the TOEFL scores. The higher the
TOEP Listening and Reading scores are, the higher
the TOEFL scores will be. This is illustrated in
Figure 4.
After obtaining the information on the TOEP
scores as the predictor based on the graphic, the
estimation was conducted on the correlation,
contribution and prediction equation of the TOEP
scores to the TOEFL scores. The results are
presented in Table 1.
The results of analysis indicated that the TOEP
Listening scores and the TOEFL Listening scores
were positively-correlated, with 63.5% contribution.
Meanwhile, the TOEP Reading scores and the
TOEFL Reading scores were positively-correlated
with the contribution of 68.8%. These two
contributions fell into the medium category. A
higher contribution (79,6%) was obtained when the
TOEFL score was predicted by the TOEP total
scores (Listening and Reading). The highest
contribution of 80.1% was obtained if the TOEP
Listening and Reading scores were used together to
predict the TOEFL score.
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Figure 1
The scatter plot the TOEP listening score against the TOEFL listening

Figure 2
The scatter plot of TOEP reading scores against the TOEFL reading

Figure 3
The scatter plot of TOEP scores against the TOEFL scores

Figure 4
The scatter plot of listening and reading against the TOEFL scores
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Table 1
The correlation, contribution and prediction equation of the TOELF scores with the TOEP scores as the
predictor
Predictor
TOEP_R
TOEP_L
TOEP
TOEP_R and TOEP_L

Dependent
Variable
TOEFL_R
TOEFL_L
TOEFL
TOEFL

Cor- ContriPrediction Equation
relation bution
0.797
0.635 TOEFL_R=0.555*TOEP_R+33.613
0.829
0.688 TOEFL_L= 0.628*TOEP_L+34.367
0.892
0.796 TOEFL = 3.479*TOEP +293.076
0.895
0.801 TOEFL =2.761*TOEP_L+4.311*TOEP_R+288.712

RMSE

29.669
29.302

RMSE: root mean square of error
The comparison of the prediction model by
using the TOEP total scores and the combined
scores of TOEP Listening and Reading indicated
that the prediction model using the combined scores
of TOEP Listening and Reading was a better model.
This was indicated by the smaller RMSE (root mean
square of error) of 29.302.
The results of analysis lead to a conclusion that
TOEP is a strong predictor for the TOEFL scores.
By using the best prediction, the TOEFL score can
be calculated by the following formula: TOEFL
Score TOEFL =2.761*TOEP_L+4.311*TOEP_R+
288.712, and the TOEP variance contribution
explains the TOEFL variance of 80.1% (a high
category). For example, if a testee scores 35 in
Listening and 40 in Reading, it can be predicted that
the score that she/he will get when taking the
TOEFL is 2.761*35+4.311*40+288.712 = 557.787.
By using the results of item analysis, the level
of item difficulty was obtained. This level of

difficulty was used to calculate the information
function value and SEM. As an illustration, the
results of the calculation for Listening and Reading
of Form 81 are presented in Figure 5 and 6
respectively.
From Figure 5 it can be seen that the
information function value of the ability increases
until it reaches the maximum value, then drop again.
By contrast, the standard error of measurement
(SEM) decreases to reach the minimum value, then
increases again. The two graphics (IFV and SEM)
meet at the ability scale of -3.3 and +2.8. This
means that the listening test is appropriate for test
takers with the ability at the range of -3.4 to +2.9. In
Figure 5 it can also be seen that the maksimum
information function value lies at the ability scale of
0.0. This means that the the highest information
function value is given to test takers with the ability
scale of 0.0.

Figure 5
The information function value of listening
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Information Function Value of Listening

IFV

Figure 6
The information function value of reading

Information Function Value of Reading

IFV

The relatively-same results were obtained from
Reading, in which the information function value of
ability increases to reach the maximum, then
decreases, whereas the standard error of
measurement decreases to reach the minimum value,
then increases. These two graphics (IFV and SEM)
meet at the ability range of -3.6 and +2.8. This
means that the listening test used is appropriate for
test takers with the ability range between -3.6 and
+2.8. Figure 6 also indicates that the peak of
information function value lies at the ability range
of 0.0. This shows that the highest information
function value goes with test takers with the ability
scale of 0.0.
The range of information function values is
bigger than SEM for each TOEP form and this is
summarized in Tables 2 and 3. These tables show
the lower value of -4.0 and the highest 4.0 in the zscore (-4+4) for both Listening and Reading.
Concerning the TOEP scores of both Listening
and Reading, the scores to be obtained by test takers
are minimum 0 and maximum 50. By using the
conversion, the TOEP test takers’ scores of

Listening and Reading can be estimated by using the
TOEL-L or TOEP_R formula = 6.25 (z-Score) + 25.
The results of the conversion are presented in Table
3. This table indicates that the TOEP Listening and
Reading Tests can measure well the test takers’
ability with the lowest score of 2.5 and the highest
score of 50.
Both the TOEP Listening and Reading scores
can be converted into the TOEFL Listening and
Reading scores by using the results presented in
Table 4. Based on Table 4, the test takers’ ability is
well measured for the TOEFL Listening at the
minimum of 34.160 and maximum of 69.692,
whereas for Reading the minimum is 30.787 and
maximum 58.625 as presented in Table 4.
By using the information on Table 4, the
TOEFL scores can be predicted by using the TOEP
Listening and Reading scores. The prediction results
are presented in Table 5. This table shows that the
prediction of the TOEFL scores measured well by
TOEP range from the minimum of 310 and
maximum of 656.34. In this study, the participants
ability to obtain a TOEP Score was estimated using
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IRT. The score was subsequently rescaled to 0-50.
In Table 5, the TOEFL score can be predicted with
TOEP. Since the Top limits of TOEFL scores are

obtained from the test agency, we did not use IRT
for TOEFL, but we used the final scores instead.

Table 2
The range of information function values for each TOEP form
Year
Set
Listening
Bottom Limit
Top Limit

2016
77

Reading
BottomLimit
Top Limit

77A

78

2017
79

80

81

2019

A

B

C

D

1

2

3

4

-3.3
2.8

-3.3
2.8

-3.6
2.8

-3.2
2.8

-3.3
2.8

-3.3
2.8

-3.6
2.9

-3.6
2.9

-3.7
2.9

-3.5
2.9

-1.63
2.53

-0.60
2.22

-2.11
4.33

-1.48
4.00

-3.3
2.8

-3.3
2.8

-3.6
2.8

-3.2
2.8

-3.3
2.8

-3.3
2.8

-4
-2.9

-3.5
2.9

-3.4
2.8

-3.6
2.9

-1.90
3.27

-1.62
2.06

-1.37
3.17

-4.0
3.88

Table 3
Range of Test-takers’ ability that can be measured by a good TOEP (Scale 0-50 for Listening and Reading)
Year
Set
Listening
Bottom Limit
Top limit

2016
77

Reading
Bottom Limit
Top Limit

77A

78

2017
79

81

4.375
2.5
2.5 1.875 3.125
42.5 43.125 43.125 43.125 43.125

4.375
42.5

4.375
42.5

2.5
42.5

5
42.5

4.375
42.5

4.375
42.5

8.75
42.5

5
42.5

10
42.5

8.75
42.5

A

B

2019

80

C

8.75
0 3.125
42.5 43.125 43.125

D

1

3.75
2.5
42.5 43.125

2

3

4

14.813
40.813

21.25
38.875

11.813
50

15.75
50

13.125
45.438

14.875
37.875

16.4375
44.813

-1.25
49.25

Table 4
The Range of Test Takers’ Ability Measured Well (in the TOEP score) for both Listening and Reading
Year
Set
Listening
Bottom Limit
Top limit

2016

35.72 35.72 34.55 36.11 35.72 35.72 34.55 34.55 34.16 34.94 43.67 47.71 41.79 44.26
59.47 59.47 59.47 59.47 59.47 59.47 59.86 59.86 59.86 59.86 59.99 58.78 67.06 69.69

Reading
Bottom Limit
Top Limit

33.65 36.52 34.06 37.34 36.52 36.52 30.79 32.83 33.24 32.43 40.90 41.87 42.74 32.92
58.63 58.63 58.63 58.63 58.63 58.63 59.03 59.03 58.63 59.03 58.83 54.63 58.48 60.95

77

77A

78

2017
79

80

81

A

B

2019
C

D

1

2

3

4

Table 5
The Range of Test Takers’ Ability Measured Well by TOEP Put in the TOEFL Score Range for Listening and
Reading
Year
Set
Bottom
Limit
Top
Limit

2016
2017
77
77A
78
79
80
81
A
B
C
314.38 328.33 310.00 334.75 328.33 328.33 310.00 310.00 310.00

2019
D
1
2
3
4
310.00 386.19 411.51 392.19 326.81

584.34 584.34 584.34 584.34 584.34 584.34 588.77 588.77 586.78

588.77 597.28 559.33 625.64 656.34

DISCUSSION
This study set out with the aim of finding out the
range of scores measured through TOEP
administered in 2016 and 2017. The most obvious
finding to emerge from the current study was that
the results of the correlation estimation showed that
the three predictors (TOEFL_L, TOEFL_R, and
TOEFL) were positively correlated to the four
dependent variables (TOEP_R, TOEP_L, TOEP,
and TOEP_R and TOEP_L). Of the four predictors,
the TOEP predictor and the combined predictor of
TOEP_L and TOEP_R showed the highest
correlation compared to the TOEP_R, TOEP_L

predictors, i.e. .895. In accordance with the present
results, previous studies by Rethinasamy and Chuah
(2011) demonstrated that the positive correlation
between the predictor variables and the criterion
variables denotes the accuracy of the predictor
variables in predicting the criterion variables. It is
also encouraging to compare this finding with
Retnawati's (2016) finding that the higher the
correlation between two varibales is, the more
accurate the predictor variables will be in predicting
the criterion variables. A possible explanation for
these results may be that the four predictor variables
possess a high level of accuracy in predicting the
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four criterion cvariables, but the TOEP predictor
and the combined TOEP_L and TOEP_R possess a
higher level of accuracy in predicting the TOEFL
score of the test takers.
Comparison of the findings with those of other
studies by Rethinasamy and Chuah (2011) and
Zheng and De Jong (2011) also confirms that a
positive correlation between the predictor variables
and the criterion variables is the evidence of the
examination and moderation to ensure the test
accuracy in measuring what to be measured. In other
words, the high correlation coefficient (r= .895)
provides evidence of the criterion validity of the
concurrent validity type for TOEP and the
combined TOEP_L and TOEP_R with TOEFL as
the criterion. Interestingly, the correlation
coefficient between the TOEP_L and TOEP_R
predictor is not higher than the correlation between
the TOEP_L and TOEP_R predictor. This indicates
that the listening test at the two types of test
possesses the common variance compared to the
Reading test.
With respect to the results of the regression
estimation, one interesting finding is that in
explaining the variance of the criterion variable
(TOEFL), the combined scores of TOEP_L and
TOEP_R is a stronger predictor compared to the
predictor using the TOEP total score, although the
difference in contribution of both is not significant
(.01%). However, if seen from the RMSEA value of
both models, the smallest RMSEA value is obtained
from the model using two predictors (TOEP_L and
TOEPL_R), smaller than that obtained by the model
with one predictor. These results suggest that the
TOEP scores are a strong predictor to predict the
TOEFL scores of the test takers, with the best
prediction model using two predictors (TOEP_L and
TOEPL_R). These results corroborate the findings
of a great deal of the previous work by Retnawati
(2016). It seems possible that the high correlation
coefficient obtained from the prediction model using
the predictors is the multidimensional content in the
predictor variables, i.e. multidimensionality on the
test kit that measures language competence, related
to content, listening, reading, speaking, and writing.
In this case only 2 are measured, Listening and
Reading. This is well-grounded since TOEP is a
proficient test of English consisting of listening and
reading, of which both have different constructs.
What is surprising from this study is that the
highest contribution of the predictor with the
combined scores of TOEP_L and TOEP_R is worth
80.01% in explaining the variance of the TOEFL
scores. This may indicate that about 8.89% of
variance of the TOEFL scores cannot be explained
by the predictor with combined scores of TOEP-L
and TOEP_R. If the contribution of the predictor is
partially examined, the contribution of TOEP_L and
TOEP_R falls into the medium category (68.8% and
63.5%). This indicates that about more than 20% of

TOEP_L and TOEP_L variance cannot be explained
by the two aspects (TOEP_L and TOEP_R).
Consistent with the literature, there are four likely
reasons why the criterion variance (TOEFL) cannot
be explained by the predictor, i.e. the effect of the
item difficulty, the assessment method which in this
case is related to differences in format or content
types, speed to respond to test items, and test takers’
background (differences in experience) (Wilson &
Graves, 1999; Wilson et al., 2004). In other words,
the low correlation coefficient or contribution of
TOEP_L and TOEP_R to the TOEFL score could be
attributed to the relatively easier items or relatively
more difficult items and the scarcity of opportunity
in using Engish in social interactions might have led
to
Another important finding from this study is
that based on the item analysis using the IRT-Rasch
Model, the information function value is bigger than
the standard error of measurement (SEM) when it is
in the range of -3.7 (bottom limit) and 2.9 (top limit)
in the z-score (-4+4), 2.5 (bottom limit and 43.125
(top limit) on the TOEP scoes, and 310 (bottom
limit) and 656.34 (top limit) on the TOEFL scores.
This means that the TOEFL scores can be predicted
accurately by the the combine TOEP_L and
TOEP_R when the TOEP_R and TOEP_L scores
are in the range of 2.5 and 50 or the TOEFL score
predicted is at the range of 310 and 656.34. If the
combined scores of TOEP_L and TOEP is less than
2.5 and more than 43.125, the TOEFL score
predicted will not be accurate because the TOEFL
score predicted will be less than 310 and higher than
656.34 (in this range of scores the standard error of
measurement will be bigger tha the information
function value). These findings are in line with those
of previous studies by Retnawati (2016) and
Desjardins and Bulut (2017). These results are likely
to be related to the facts that when SEM is bigger
than the IFV, the information related to test takers’
ability obtained through the measurement
instrument will be inaacurate.
One unanticipated finding was that the
inaccuracy of the TOEFL scores predicted by the
TOEP scores not more than 656.34 may indicate
that some TOEP items need improvement in terms
of the quality. This stands to reason because the test
information function is obtained from the sum of the
item information function (Desjardins & Bulut,
2017). The item information function value is very
much influenced by the quality of items. This
finding is consistent with that of Wu et al. (2016)
who found that items with a low discriminating
power will lower the test reliablibity, increase the
measurement error, and cause the test scores to be
difficult to interpret or to be less meaningful. There
are three likely possible reasons that might be
related to the low discriminating power. One
possible explanation is that the item measuring
things other than the intended. Another possible
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explanatiois is that the item is presented or
constructed in a wrong way which in turns make the
test takers confused. The last possible explanation is
that the item has too high level of difficulty (too
difficult) or too low level of difficulty (too easy)
(Wu et al., 2016). To improve the accuracy of TOEP
scores, it is therefore important to conduct an
evaluation aimed at improving the quality of TOEP
items.

CONCLUSIONS
This study provides a unique insight into the testing
of criterion validity of the concurrent validity type
of a measurement instrument and the information
function value (IFV) and standard error of
measurement (SEM) to find out the range of TOEP
scores which can predict well the TOEFL scores of
the test takers. It is unique because the problem of
predictive validity with more standardized device
criteria is rarely raised, due to the administration and
the high expenses. Besides, this study is also
important in relation to TOEP recognition. The
discussion of the the results of the analysis leads to a
conclusion that TOEP possesses the criterion
validity against TOEFL, with the combined scores
of TOEP_L and TOEP_R explaining relatively well
the score variance of TOEFL of 80.1% and the
TOEFL scores being predicted well are within the
range of minimum 310 to maximum 656.34.
In general, the findings of this study indicate
that the quality of TOEP items needs improving to
ensure that the TOEP scores can perfectly explain
the TOEFL scores, i.e. from the lowest score to the
highest score of TOEFL. For further studies, the
researcher can use the item response theory with the
three parameter logistic (the 3-PL model) so that the
information obtained is more extensive, or by
comparing the minimum and maximum TOEFL
scores which can be predicted by TOEP when the
item parameter and ability of test takers is estimated
using the item response theory with the 1-PL model,
2-PL model, and 3-PL model.
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