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Abstract
Agriculture is important to New Zealand’s economy. Like other primary producers, New

Zealand strives to increase agricultural output while maintaining environmental integrity. Uti-

lising modelling to explore the economic, environmental and land use impacts of policy is

critical to understand the likely effects on the sector. Key deficiencies within existing land

use and land cover change models are the lack of heterogeneity in farmers and their behav-

iour, the role that social networks play in information transfer, and the abstraction of the

global and regional economic aspects within local-scale approaches. To resolve these is-

sues we developed the Agent-based Rural Land Use New Zealand model. The model uti-

lises a partial equilibrium economic model and an agent-based decision-making framework

to explore how the cumulative effects of individual farmer’s decisions affect farm conversion

and the resulting land use at a catchment scale. The model is intended to assist in the devel-

opment of policy to shape agricultural land use intensification in New Zealand. We illustrate

the model, by modelling the impact of a greenhouse gas price on farm-level land use, net

revenue, and environmental indicators such as nutrient losses and soil erosion for key en-

terprises in the Hurunui and Waiau catchments of North Canterbury in New Zealand. Key

results from the model show that farm net revenue is estimated to increase over time re-

gardless of the greenhouse gas price. Net greenhouse gas emissions are estimated to de-

cline over time, even under a no GHG price baseline, due to an expansion of forestry on low

productivity land. Higher GHG prices provide a greater net reduction of emissions. While so-

cial and geographic network effects have minimal impact on net revenue and environmental

outputs for the catchment, they do have an effect on the spatial arrangement of land use

and in particular the clustering of enterprises.

Introduction
Agriculture and Forestry are a significant part of New Zealand’s economy, generating 70% of
its export merchandise earnings and about 12% of its GDP [1]. As the sector strives to maintain
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or enhance the level of output, it faces a range of environmental challenges that need to be ac-
counted for or mitigated. The use of additional inputs, including fertilizer, irrigation, and sup-
plemental feeds, contributes to a significantly increased level of agricultural productivity in
most regions of the country. The intensifying agricultural inputs result in increased nutrient
leaching levels and sediment runoff to lakes, rivers and streams, putting additional strain on
the country’s freshwater resources. Approximately 46% of New Zealand’s total greenhouse gas
(GHG) emissions occur in the agricultural sector, which is high compared with other devel-
oped countries in the world [2].

In 2008, New Zealand implemented an Emissions Trading Scheme (ETS) to reduce its GHG
emissions. The policy is unique as it currently covers all major sectors of the economy, includ-
ing forestry, and discussions are on-going about the most appropriate way to bring the agricul-
tural sector into the ETS to help meet national emissions targets without placing a large burden
on its stakeholders. As of 2014, agriculture’s primary points of obligation will be the meat, wool
and dairy processors. Processing companies are likely to adopt measures to pass that obligation
upstream to the farming community, so farmers can expect to face a GHG price, albeit indi-
rectly through the processors. In addition, farmers are also subject to a GHG price through, for
example, higher fuel prices as fuel suppliers pass on the cost of their climate obligations
to consumers.

Understanding the spatial effects of the ETS on land use alongside the economic and pro-
ductivity outputs is critical in understanding the wider implications of a GHG price. Modelling
is used to understand the implications of the ETS because the social, economic and geographic
factors that determine the choice and impact of land use are complex [3–5]. Most of the ap-
proaches to model economic and land-use impacts of environmental policy are focused on a
particular impact or limited by its model structure.

Land use and land cover change (LULCC) models are a well-developed approach to model-
ling and understanding the processes which shape the environment around us [6–8]. LULCC
models have developed substantially alongside our understanding of wider economic and so-
cial systems. As is the case in most modelling approaches, early implementation focused on
mathematical and equilibrium methodologies through models that concentrated on the eco-
nomic aspects of LUCC [9–13]. These approaches are still common and work on expecting
LULCC actions to follow the rules of rational utility theory in which a land-use pattern can be
explained in terms of actors who maximise their utility. These models capture the trend of
LULCC, but are often unable to explain or examine the processes that caused it [14].

LULCC is regarded as a complex adaptive system that can be explained and simulated more
effectively through the use of computational tools like Agent-Based Modelling (ABM) [14].
Within LULCC models, ABMs are used because they are particularly well suited for represent-
ing complex spatial interactions under heterogeneous conditions and for modelling decentra-
lised, autonomous decision making [14]. In addition the approach introduces the concepts of
space, distance, and time, while allowing agent behaviours and types to be implemented within
a model of land-use transition.

From a rural LULCC perspective, capturing the social and economic behaviour of farmers
to enable an agent- based approach is a problematic task [15]. Burton [16] outlines the numer-
ous issues that could be accounted for when examining farmers and their behaviours. These is-
sues range from cultural embeddedness [17], variation in social networks and the use of these
networks for information and technology transfer [18, 19], to the dichotomy between social
and economic approaches to farming [20, 21]. Consequently, it is important to capture the het-
erogeneity of farmers and their behaviour when modelling rural land-use change.

While ABMs are used to investigate a range of policy influences on LULCC from both a geo-
graphical [14, 22–27] and economics perspectives [28, 29], the coordination between

Agent-Based Modelling the Effects of Climate Change Policy on Land Use

PLOSONE | DOI:10.1371/journal.pone.0127317 May 21, 2015 2 / 20

Competing Interests: The authors have declared
that no competing interests exist.



geographers and economists to conduct these analyses are limited. This has led to a call for
modellers from these two disciplines to coordinate their expertise and efforts to build models
that can provide a better representation of the real world [28, 30]. While there are a range of
rural LULCC models developed for New Zealand [31–35], the use of ABMs is limited with
only Kaye-Blake et al. [36], who used an agricultural ABM entitled RF-MAS (Rural Futures
Multi-Agent Simulation) to project land use change in NZ’s Southland region. Developed inde-
pendently from the ARLUNZ model, the RF-MAS model focused on the agricultural produc-
tion at a regional scale, but is not spatially explicit.

Utilising the ABM approach, this paper presents a spatially explicit agent-based economic
model titled “Agent-based Rural Land Use New Zealand” that is capable of analysing the im-
pact of a variety of policies on farm level-land use, farm net revenue, and environmental indica-
tors such as GHG emissions, nutrient loadings and soil erosion. The model can also assess the
resulting land-use effects caused by changes in farming demographics, social networks, and de-
cision making. Using this model we explore the spatial effects on land use, through changes in
a GHG emissions price on the forest and agricultural sector, and the effects of information dif-
fusion through farmer social networks.

Methods
The Agent-based Rural Land Use New Zealand model (hereafter ARLUNZ) was designed to
examine and resolve complex environmental issues within the rural environment, provide in-
formation about how farmers will adapt (both economically and socially) to global change, and
reduce vulnerability to resource scarcity. Specifically, ARLUNZ implements a spatially and
behaviourally heterogeneous population of farmers that operate in line with a real
world population.

ARLUNZ is written in Version 5.0.5 of NetLogo [37] using the GIS, String, and Shell exten-
sions. Python 2.7 is used to facilitate a loose coupling [38] between ARLUNZ and a modified
version of the New Zealand Forest and Agriculture Regional Model (NZFARM) that provides
economic information within ARLUNZ. NZFARM is a comparative-static, non-linear, partial
equilibrium mathematical programming model of New Zealand land use operating at the
catchment scale [32]. The modified version used within ARLUNZ has been refined to produce
an economically optimised result for each farm rather than an optimised landscape for an en-
tire catchment. For more information about NZFARM, Daigneault et al. [32] details its design,
parameterisation and validation while Daigneault et al. [39–42] discusses the input data used
within model.

Structure
The model consists of three layers: a landscape on which the agents make decisions; the agents
themselves and the associated decision-making framework; and the economic information as-
sociated with both the landscape and the agents:

• The landscape holds a range of spatial information about the area being modelled. Initially
the cadastral boundaries [43], an initial land use map to define the current land use for each
parcel of land [44], and productivity zones (derived using a dataset such as New Zealand’s
Land Use Capability (LUC) dataset [45]) are imported.

• Using the cadastral boundaries, an agent is generated at the centroid of each parcel. This
‘farm agent’ does not have any decision-making ability, is immobile, and represents the farm
as a whole. The area of the farm is also defined on a 25 hectare raster landscape. The agent
also queries the vector datasets for the predominant land use (using the initial land use map)
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and productivity zone (Plains, Foothills or Hills) within the farm boundary. As the model
only simulates the land use conversion between Dairy, Sheep & Beef, and Forestry, any farms
with a predominant land use outside of these three enterprises are discarded.

• The farm agent then creates an agent at the same location which represents the farmer. This
‘farmer agent’ encompasses the decision making framework for the model. The agent holds a
range of social and economic attributes about the farmer such as the size of their social net-
works, age, potential revenues, and net revenue from the last step of the model (discussed in
more detail under the “Agent Heterogeneity” section below).

• Using the information from the farm and farmer agents, the model determines the optimised
use of the farm parcel based on yields, input costs, output prices, and environmental con-
straints to generate the expected net revenue for the possible land use enterprises available in
the model (e.g., Dairy, Sheep & Beef, Pine Plantation, etc.). The land use that generates the
highest net revenue for the farm is defined as the land use that each farmer agent assesses
for conversion.

Each of the three components (landscape, agent, economic) are integrated through the de-
velopment of dependencies and feedback loops between each layer, specifically the decision-
making framework built around the farmer agent, which takes into account farm, farmers and
economic information when making a land use decision.

Process
Decision making within the model rests entirely with the farmer agent. Once the model is run,
farmer (e.g., age, succession, networks) and market (commodity prices) variables are updated.
Using the market variables and the spatial and productivity attributes of each farm, the model
returns the net revenue-maximising result for the specific farm along with the expected net rev-
enue values for all of the potential enterprises that could be undertaken on that farm.

This result is then compared with the farmer agent’s current enterprise. If these are the
same, the net revenue value of the farmer agent is updated to the results provided by economic
component of the model. If not, the decision to accept the information is dependent on a sto-
chastic evaluation against the farmer agent’s likelihood of land use conversion. While initially
set at 0.2 for all farmer agents, an agent’s likelihood of land use conversion is a function of the
information received from the agent’s social and geographical networks, but also their current
and the proposed enterprises. To simulate the decision to undertake a land-use conversion, we
use a uniform (pseudo) random number generator to generate probabilities for evaluation
against the farmer agent's likelihood of land use conversion.

After all farmer agents have assessed their potential for a change in enterprise, the farmer
agents who have reached the end of the farming life cycle without finding a successor sell the
farms they own. This concludes a time step of the model. The model is run repeatedly until the
specified time-step is reached where it halts operation and reports on changes in farmers,
farms, economic values and land use.

Each time step in the model represents a 5-year period. We have chosen this interval for two
reasons. First, land use change in New Zealand is typically a slow process, with minimal differ-
ence when measured on an annual basis [46]. Second, it is aligned with the lengths of different
life stages of a farmer as defined by Burton [47].

Agent heterogeneity
Each farmer agent within the model is heterogeneous in the attributes which shape the agent’s
behaviour. It is important to note that in almost all areas where heterogeneity is implemented
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(apart from Succession), the heterogeneity affects the farmer agent’s likelihood of land use con-
version which underpins the primary behaviour being modelled.

Succession
The model implements a farmer/farm life-cycle (Fig 1) as discussed in Burton [47]. This life-
cycle approach is used to incorporate the dynamics of succession within the model. Stages 1
and 5 instigate an assessment of the ongoing nature of the farm through an assessment of the
likelihood of a successor joining the farming operation (Stage 1). Stage 5 will enable transition
of the farm to the successor, although there is a process to enact the sale of the farm to a new or
existing farmer agent if there is no successor by this stage.

If a successor is found in Stage 1, the likelihood is that the successor is groomed to operate
the farm in a similar manner to the incumbent and life-cycle of the existing agent is reset to
stage 1 to replicate the takeover of the farm by the successor. If a successor is not found, the
farm is sold to a new or existing farmer agent. This disposal behaviour also provides an oppor-
tunity for a shift in land use in line with the preferences of the new owner. Constraining the de-
cision-making process around a farm-based life-cycle process enables a more realistic
expansion, succession, and disposal processes in relation to the farm to be examined and ex-
plored in relation to the wider land-use change that occurs.

Social Network
When reviewing these social interactions from both a conceptual and theoretical perspective, it
is obvious that farmer’s information networks are framed around their social interactions [18,
19, 48]. Distilling each of these networks further, they relate to two approaches that are imple-
mented within the model: endorsements and imitation.

While endorsements and imitation within farming social networks are understood, the scale
and impact that these process have on the decisions being undertaken difficult to quantify
within a farming context. This provides challenges when defining the impact on an agent’s de-
cision. Studies have found that the proximity to the people in your network is not as important
as the stature of the person [48, 49]. The scale of impact for both processes within the ARLUNZ
model is defined in line with expert opinion and experimentation, although with imitation an
explicitly spatial process, we define imitation as having a reduced impact compared
with endorsements.

Endorsements
Endorsements are used in agent-based models to incorporate the transfer of qualitative knowl-
edge. They capture a “subjective, but socially embedded agent's reasoning process about cogni-
tive trajectories aimed at achieving information and preferential clarity over another, endorsed
agent” [50, p. 1]. Endorsements work on the concept that information about a product, process

Fig 1. Farm generational model based on Burton [47]. The model highlights the dual life-cycle stages
between an incumbent farmer (bottom) and their chosen successor (top). The five key life cycle stages are
highlighted with the stages being colour coded to show the likelihood of change in the farming operation at
each stage of the farmer’s life with red being high likelihood and green low likelihood.

doi:10.1371/journal.pone.0127317.g001
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or person (the endorsed) is transferred from one individual (the endorser) to another individu-
al (the receiver) through a social process. The information that is transferred by the endorser is
subjective and is then validated by the receiver based on the individual’s understanding of the
endorser and the product, process or person.

Within the ARLUNZ model, the farmer agent will incorporate information on the success
of the farming operation of the ten closest farmer agents who undertake the same enterprise as
the farmer agent. Each farmer agent requests the profitability/ha of each of the farmer agents
within their social network. Using these values, a mean profitability/ha value is derived for the
farmer agent’s network and is then compared with farmer agent’s profitability/ha value. If the
farmer agent’s profitability/ha is higher than the mean profitability/ha of the farmer agent’s so-
cial network, their likelihood of land use conversion is decreased by 0.1, making it less likely
that the farmer agent will change land use. If lower, their likelihood of land use conversion is
increased by 0.1, making it more likely that the farmer agent will change land use. The model
assumes that the stature of each agent within the social network is equally weighted.

Imitation
Imitation is an evolutionary process that helps agent populations observe and learn about the
consequences of certain actions. The theory of Social Learning [51, 52] describes imitation as a
process where an actor observes another actor being rewarded for understandable and repro-
ducible behaviour. The original actor might then imitate that behaviour to try to achieve the
same reward [53]. Imitation transfers knowledge through a one-way network, where informa-
tion is ‘absorbed’ (potentially through both active and passive means) from the agent’s sur-
roundings, and then used to inform the decisions they make. Farming is a visible activity and
land use. The practice of farming is visible to all who passes by a farm, even more so to farmers
in close proximity because of the regular exposure [54, 55]. Therefore we need to allow for imi-
tation behaviour to play a role in shaping, informing or reinforcing the decisions that a farmer
makes [54].

For the ARLUNZ model, the farmer agent will incorporate information from the farms that
are geographically adjacent to their own farm regardless of the enterprise undertaken. If the
economic component of the model proposes a change in land use, each farmer agent within
their geographic network that does undertake the proposed land use is queried to return their
profitability/ha value. Using these values, a mean profitability/ha value is derived for the farmer
agent’s network and is then compared with farmer agent’s profitability/ha value. If the farmer
agent’s profitability/ha is higher than the geographic network, their likelihood of land use con-
version is decreased by 0.05, making it less likely they will change land use. If lower, the agent’s
likelihood of land use conversion is increased by 0.05 making it more likely they will change
land use.

Behavioural constraints
There are two enterprise level behavioural constraints implemented within the model. The first
is when a farmer agent adopts either the Forestry or Carbon Forestry (i.e., forests planted for
the sole purpose of receiving payments for carbon sequestration) enterprise type. The farmer
agent who selects either of these enterprises is constrained to it for the minimal length of the
stand age required for the economically feasible production of wood, which equates to 25 years
or 5 time steps of the model. This is implemented by reducing the farmer agent’s likelihood of
conversion to 0% prior to the evaluation of the agent’s options.

The second enterprise level constraint is based on the proposed enterprise as identified by
the economic component of the model. The costs of conversion and changes in the farmer
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agent’s lifestyle are not internalised in the model at this stage. Within the model we assume
that the conversion costs and lifestyle changes between Sheep & Beef, Forestry, and Carbon
Forestry are negligible. However, a conversion from one of these enterprises to Dairy (a signifi-
cant up-front cost and change to their lifestyle) is only indirectly taken into account in the
model. Consequently, if the model proposes a conversion to Dairy it reduces the farmer agent’s
likelihood of conversion by 75% prior to the evaluation of their land use conversion options.
This constraint accounts for the common economic and social costs that restrict conversions
to Dairy in New Zealand.

Model Parametrisation and Scenario
We illustrate the utility of ARLUNZ to assess the economic and LULCC impacts to New Zeal-
and’s forest and agricultural sector by simulating a GHG reduction policy on landowners in
Hurunui andWaiau catchments in the North Canterbury region of New Zealand’s South Is-
land (Fig 2). These catchments were selected because they are located in a region with a large
and diverse set of land uses and agricultural enterprises and are also expecting significant
changes in the land use. In addition to estimating changes in agricultural production, land use,
and farm income, modelling a climate policy also allows us to assess the potential impacts on
the catchment’s water quality through nutrient loading.

The data, parameters and assumptions within the model are as follows. The model covers a
time horizon of 50 years with 10 incremental time steps within the model, each of which repre-
sent 5 years. The scenario assumes a real annual increase in farm commodity prices (milk,
meat, and timber) of 2%, which is in line with the last 50 years of commodity prices. Forecasts
from the Ministry for Primary Industries are closely aligned with our assumed price growth
trajectories [1]. A succession success rate of 75% is implemented within the model. This value
is in line with the expected rate as determined through a survey to assess the current state of
succession planning on New Zealand farms [56]. Each agent starts with a probability of land
use conversion of 0.2. However this is altered prior to each land use decision based on the in-
formation received through the social and geographic networks. After each farmer has under-
taken a land use decision, the probability is reset to 0.2. This initial value was defined in line
with the results found in a survey of New Zealand farmers which asked about the perceived
likelihood of both land-use conversion over the subsequent 5 years [57]. Finally, the climate,
and available technology (hence farm productivity), are held constant over the entire
model simulation.

The land-use map used in the model was captured in June 2010 [44] (Fig 3a), and although
the map includes seven different land uses, the model focuses on the four key enterprises that
represent 94% of the productive land available within the catchment: Dairy, Sheep & Beef,
Plantation Forestry, and Carbon Forestry. The cadastral boundaries used are from Land Infor-
mation New Zealand [43] and represent the cadastral structure of the catchments as of August
2012 (Fig 3b), which was the closest database to the 2010 land use map. For this catchment,
farmer agents are only created for farms in excess of 100 ha in size to focus on commercially
operated enterprises and minimise the inclusion of lifestyle blocks in the model. Productivity
zones are delineated by New Zealand’s Land Use Capability dataset [45] to define Plains (LUC
Classes 1–4), Foothills (LUC Classes 5–6) and Hills (LUC Classes 7–8) within the catchment
(Fig 3c). Any land owned by the Crown (e.g. native forest) is assumed to be non-productive in
use and no farmer agents created [58].

The analysis focuses on two key aspects: the effect of GHG prices on LULCC, and the im-
pact of LULCC through feedback effects from the farmers’ social networks. To simulate the ef-
fect of GHG prices on LULCC, we imposed a series of GHG prices on emissions
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Fig 2. Location of the Hurunui andWaiau Catchments. The Hurunui andWaiau Catchments are located within the North Canterbury region of New
Zealand’s South Island. The catchments are located in a region with a large and diverse set of land uses and agricultural enterprises and are also expecting
significant changes in the land use.

doi:10.1371/journal.pone.0127317.g002
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(sequestration) from agricultural (forest) enterprises. The approach mimics the current imple-
mentation of forestry in the NZ Emissions Trading Scheme as well as the future implementa-
tion of the agricultural sector where the GHG price is imposed on the output produced by the
farm (i.e., meat and milk solids).

We impose GHG prices between $0 and $60 NZD (approx. $0 and $50 USD) per tonne car-
bon dioxide equivalent (tCO2e) to provide a range of possible outcomes based on the realised
GHG price. This range of GHG prices are in line with projections published by New Zealand’s
Ministry for the Environment [59]. To simulate the impact of feedback effects from the social
networks, we compared the impacts of farmer agents utilising, and not utilising, information
received through their social networks within their land use conversion decisions. The model
was run using 50 random seed values for each of the scenarios being implemented to provide a
sample that encompasses the range of scenario outcomes. In total there were 700 model runs
undertaken for this analysis.

Results
The average catchment-level estimates for key outputs from the different model simulations
are listed in Table 1. Total farm net revenue for the catchments is estimated to increase over
time, regardless of the GHG price, as a result of increasing commodity prices and landowners
switching to more profitable enterprises. For the no GHG price baseline, net revenue is estimat-
ed to increase from $173 million in 2015 to $660 million in 2055 (annual growth rate of about
3.4%). Imposing a GHG price policy reduces farm net revenue by about 1–2% over the 50 year
time horizon, depending on the scenario. However, more immediate effects could see reduction
between 7–13% in early periods as landowners have yet to fully adjust to the policy shock.

Catchment-wide net GHG emissions (livestock emissions less forest carbon sequestration)
are estimated to decline over time, even in the baseline. This is due to an expansion of Forestry
in the less productive hills region, which is discussed in more detail below. Gross (livestock)
GHG emissions do increase over time as dairy herds increase; however, this increase is small,
about 0.4%/yr, as most of the Dairy area is expected to come from the conversion of already
high-emitting Sheep & Beef enterprises. N leaching and P loss are both estimated to increase
over time for all modelled scenarios, again due to the expansion of Dairy. In all scenarios, the
annual increase in nutrients is about 1%/yr, suggesting that policy instrument focusing on
GHG price alone may not have much of an impact on reducing other environmental outputs
in the study area.

Fig 3. Detailed map of the Hurunui andWaiau catchments by (a) 2010 land use, (b) 2012 cadastral parcels, and (c) productivity zone. The data
layers are used within the model to define the initial land use, farm locations and extents, and the expected productivity for each farm.

doi:10.1371/journal.pone.0127317.g003
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Land Use
We project that the area of both Dairy and Forest enterprises will increase over time in both
the baseline and all of the GHG price scenarios (Fig 4). In the baseline, mean Dairy area in-
creases from the initial 16,900 ha to 106,472 ha over the 50-year period (with a 95% Confidence
Interval (95% CI) of 1,899 ha). Although expansion this seems large, it is not unrealistic. First,
the area of Dairy land in Canterbury increased by 172% between 1996 and 2008, and it is pro-
jected to expand by an additional 51% by 2020 [46]. Second, the Hurunui andWaiau catch-
ments have already witnessed additional conversion to Dairy over the last 5 years, as forests in
the highly-productive flat areas of the catchment reach harvest age. Third, there are ongoing
discussions of implementing the Hurunui Water Project, which would expand the area of irri-
gated land by an additional 41,500 ha, bringing the total irrigated area of the Hurunui and
Waiau catchments to over 72,000 ha [60]. Therefore our projections are within what may be
expected to occur in this catchment over the next 50 years.

The mean area of pine plantations are also estimated to increase in the baseline over the
projected period, totalling 47,608 ha in 2060 (95% CI of 2,263 ha), up from 13,180 ha in 2010.
This is because in parts of the catchment, forestry can be more profitable than Sheep & Beef,

Table 1. Mean values for key model outputs across the no GHG price baseline and the $20, $40, and $60 tCO2e GHG prices.

GHG Price Farm Net Revenue GHG Emissions Net GHG Emissions N Leaching P Loss

($/tCO2e) ($M NZD) (MtCO2e) (MtCO2e) (tN) (tP)

2015

$0 Mean 172.6 0.991 0.628 4,440 38.0

95% CI (171.3, 173.8) (0.983, 0.998) (0.593, 0.664) (4408, 4471) (37.7, 38.3)

$20 Mean 160.5 0.992 0.627 4,355 37.3

95% CI (159.0, 162.0) (0.984, 0.999) (0.595, 0.660) (4325, 4385) (37.0, 37.6)

$40 Mean 149.5 0.984 0.593 4,338 37.0

95% CI (147.2, 151.7) (0.975, 0.992) (0.553, 0.633) (4306, 4370) (36.7, 37.3)

$60 Mean 149.7 0.979 0.441 4,338 36.8

95% CI (145.3, 154.1) (0.970, 0.987) (0.382, 0.500) (4299, 4378) (36.5, 37.2)

2035

$0 Mean 360.9 1.081 0.352 5,989 45.1

95% CI (356.6, 365.3) (1.070, 1.091) (0.307, 0.396) (5918, 6060) (44.6, 45.6)

$20 Mean 358.3 1.067 0.296 5,942 44.2

95% CI (353.5, 363.0) (0.156, 1.077) (0.245, 0.347) (5870, 6013) (43.7, 44.7)

$40 Mean 355.7 1.060 0.255 5,957 44.1

95% CI (351.0, 360.4) (1.050, 1.071) (0.201, 0.310) (5892, 6022) (43.6, 44.6)

$60 Mean 356.8 1.042 0.140 5,878 43.3

95% CI (350.6, 363.0) (1.033, 1.052) (0.091, 0.190) (5804, 5952) (42.9, 43.8)

2055

$0 Mean 660.3 1.176 0.323 7,320 52.1

95% CI (651.6, 668.9) (1.163, 1.189) (0.278, 0.367) (7222, 7417) (51.5, 52.8)

$20 Mean 659.1 1.166 0.286 7,264 51.3

95% CI (650.3, 667.8) (1.153, 1.179) (0.231, 0.341) (7168, 7359) (50.7, 52.0)

$40 Mean 658.4 1.152 0.206 7,263 50.9

95% CI (649.0, 667.8) (1.138, 1.166) (0.154, 0.258) (7157, 7370) (50.2, 51.6)

$60 Mean 649.6 1.131 0.130 7,156 49.9

95% CI (639.9, 659.3) (1.117, 1.144) (0.081, 0.180) (7050, 7262) (49.2, 50.6)

doi:10.1371/journal.pone.0127317.t001
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but not have the capability to sustain a Dairy operation. As a result, mean area for Sheep &
Beef is reduced from 301,245 ha in 2010 to 177,245 ha by 2060 (95% CI of 2,906 ha).

GHG prices further incentivise the expansion of forestry, and increases in GHG price. This
is because landowners face no GHG emissions price on land where they conduct rotational for-
estry, whereas all livestock operations do. Therefore while they are not receiving payments for
carbon sequestration, they are also not facing any penalty for producing GHG emissions on
the land on which they are no longer grazing livestock. The model estimates that Carbon For-
estry (i.e. native tree plantations that receive payment for permanently sequestering carbon
and not harvested) is not implemented until GHG prices reach $60/tCO2e. This is because
pine plantations are accruing greater profits under most GHG prices even if those forest own-
ers are not receiving payments for carbon sequestration (i.e. the timber is worth more than the
carbon).

Forest area, which expands in all scenarios, does so primarily through the conversion from
Sheep & Beef, which loses 3–6% of its area depending on the GHG price scenario. The area of
Dairy is estimated to fluctuate between increasing by about 2% on average relative to the base-
line in the $20/tCO2e scenario to declining by up to 3% in the $60/tCO2e scenario. This sug-
gests that at lower prices, some landowners may be incentivised by the relative increases in net
revenue compared to Sheep & Beef and thus convert their farm, while higher prices do not
have the same effect.

Total land-use change in the catchments over the course of the model simulation period is
expected to be most dramatic for the high GHG price scenario ($60/tCO2e). For this scenario
we estimate that in 2060, the area of Dairy will be 103,203 ha (95% CI of 2,139 ha), Sheep &

Fig 4. Change in land use for $0 to $60/tCO2e GHG price scenarios. For all scenarios, the area of both Dairy and Forest enterprises will increase over
time. While Sheep & Beef will still be the main land use across all scenarios, the area it covers reduces significantly. Mean values, standard deviation, and
confidence intervals for this figure are available in S1 Table.

doi:10.1371/journal.pone.0127317.g004
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Beef at 165,333 ha (95% CI of 2,768 ha), and Forests (both Production and Carbon) at 62,789
ha (95% CI of 2,082 ha).

Farm Net Revenue
Farm net revenue is estimated to increase over time regardless of the GHG price. This is pri-
marily because of 2% commodity price increase assumption and expansion in Dairy farms in
the catchment (Fig 5). Total dairy net revenue increase from $52 million in 2015 to between
$481 and $531 million in 2060 (95% CI of $11 million), with the largest increases occurring
under the baseline. The range of net revenue for Forest and Sheep & Beef is more variable over
the different GHG price scenarios, reflecting the range of land-use change between the two
types. For example, Sheep & Beef net revenue could increase from $107 million in 2015 to be-
tween $117 and $156 million in 2060 (95% CI of $3 million), depending on the GHG price. In
terms of forestry, net revenue is estimated to increase from $14 million in 2015 to between $73
and $145 million in 2060 (95% CI of $5 million), and the payments for carbon sequestration
that encourage Carbon Forestry in the $60/tCO2e scenario further enhance profitability
from forestry.

Greenhouse Gas Emissions
Total net GHG emissions are estimated to decrease over time, even for baseline where they go
from about 0.78 in 2015 to 0.34 MtCO2e/yr (95% CI of 0.05 MtCO2e) in 2060 (Fig 6). As ex-
pected, both net and gross emissions decrease with GHG price. Most decreases are due to ex-
panding forest area, which results in larger net reductions than only gross reductions from

Fig 5. Change in enterprise net revenue for $0 to $60/tCO2e GHG price scenarios. Farm net revenue is estimated to increase over time regardless of the
GHG price. This is the result of the 2% commodity price increase assumption and increased conversion to Dairy. Mean values, standard deviation, and
confidence intervals for this figure are available in S1 Table.

doi:10.1371/journal.pone.0127317.g005
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livestock emissions. In the ‘high’ GHG price scenario where emissions are taxed at $60/tCO2e,
net GHGs reduce to about 0.15 MtCO2e/yr in 2060 (95% CI of 0.05 MtCO2e), a reduction of
about 54% relative to the baseline (Fig 7). The same policy results in gross emissions being re-
duced by just 4% relative to the baseline case.

The lack of significant change in livestock emissions despite quantified land use change sug-
gests that the GHG price policies are incentivising landowners to make more efficient use of
their land. That is, they are shifting stock to areas that are most productive and then offsetting
these emissions through afforestation elsewhere. Therefore they can reduce the area that is
grazed without reducing overall herd size.

Social and Geographic Network Effects
As discussed above, the relative profitability of Dairy could potentially catalyse large land use
change in the catchments over the simulation period, regardless of the GHG price or feedback
effect. Isolating the feedback effect by only focusing on the estimates where we allow for net-
work effects, we see an even larger shift in land use.

Table 2 highlights how network effects increased the conversion of enterprises to Dairy in
the two productivity zones where it is feasible to do so (i.e., Plains and Foothills). The network
effects impact on conversion into Dairy is the most pronounced in the baseline ($0/tCO2e) but
can be seen throughout all GHG pricing options. Over the various GHG price scenarios, net-
work effects increase the mean proportion of Plains Dairy land (relative to total catchment
area) by between 2.4 and 3.7% and the proportion of Foothills Dairy land increases by between
8.5 to 11.9%.

Fig 6. Change in GHG emissions by enterprise for $0 to $60/tCO2e GHG price scenarios. For all scenarios, the total net GHG emissions are estimated
to decrease over time, including the $0/tCO2e baseline. Most decreases are due to expanding forest area, which results in larger net reductions than only
gross reductions from livestock emissions. Mean values, standard deviation, and confidence intervals for this figure are available in S1 Table.

doi:10.1371/journal.pone.0127317.g006
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In all scenarios, the proportion of catchment area used for Dairy farms becomes larger in
the Foothills than the Plains when network effects are active. This is primarily attributed to an
increased variation in relative profitability of Dairy in the Foothill productivity zone, and the
successful Dairy farmers influencing the conversion other farmer agents to Dairy through so-
cial and geographic network effects.

These aspects are reinforced when exploring the resulting land use maps at the conclusion
of each model run. Analysing at a farm parcel level, we developed a probability that the farm
will result in each of the three main enterprises, across the four GHG prices, and network ef-
fects. Fig 8 highlights that regardless of the GHG price network effects amplify the financial
benefits of the Dairy enterprises. This results in the clustering of the enterprise within the
Plains and Foothills productivity zones. This amplification is reversed for Sheep & Beef while
GHG prices play stronger role in the likelihood of a farm resulting in a Forestry enterprise.

Conversion to Forestry in the Hill productivity zone appears to be unaffected by the role of
network effects. This is because the enterprise utilises almost all of the Hills regardless of the

Fig 7. Relative change from the $0/tCO2e baseline in gross (top) and net (bottom) GHG emissions. In
the $60/tCO2e GHG price scenario, net GHGs reduce to about 0.23 MtCO2e/yr in 2060, a reduction of about
58% against the baseline. Peak reduction occurs in 2040 just prior to the first wave of forests planted in the
first time step being converted to another land use. Mean values, standard deviation, and confidence
intervals for this figure are available in S1 Table.

doi:10.1371/journal.pone.0127317.g007
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policy scenario or assumptions about network effects, as it is more profitable over the long run
than Sheep & Beef. A more interesting aspect is the remaining forestry land within the highly
productive Plains. As seen in Fig 4a, there is a significant amount of Forestry at the initial state
of the model. In all scenarios, the network effects reduced the amount of Forestry land which is
converted into Dairy. In the $40/tCO2e and $60/tCO2e scenarios, the network effect of this
shift is reduced because of the financial impacts of a high GHG price. These aspects highlight
how minor pull/push forces within a farmer’s social network can have a cumulative social effect
within the wider farming community, in particular around the spatial arrangement of the land
use change.

Conclusions
This paper utilised an agent-based model to highlight the spatial, network, environmental, and
economic effects of GHG price policies on an agricultural landscape within New Zealand.
From an economic perspective, the model highlights that a GHG price on land-based emis-
sions would lead to reductions in the level of GHGs produced through a combination of emis-
sions reductions and increased forest carbon sequestration. Even with these changes, net
revenue at catchment level actually increases over simulation period because payments for for-
est carbon sequestration more than offset the increased costs on Sheep & Beef and Dairy enter-
prises. While the model currently only allows for a single enterprise to be enacted on a farm, it

Table 2. Social and geographic network effects on the proportion of land use by productivity zone for the no GHG price baseline and the $20, $40,
and $60 tCO2e GHG prices.

$0/tCO2e
(Baseline)

%Land Use
Network Off

%Land Use
Network On

Change $20/tCO2e %Land Use
Network Off

%Land Use
Network On

Change

Plains | Forestry 3.3% 1.4% -1.9% Plains | Forestry 2.9% 1.7% -1.2%

Plains | Sheep &
Beef

27.0% 25.2% -1.8% Plains | Sheep &
Beef

27.2% 25.9% -1.3%

Plains | Dairy 7.1% 10.7% 3.6% Plains | Dairy 7.3% 9.8% 2.5%

Foothills | Forestry 1.0% 0.5% -0.5% Foothills | Forestry 1.0% 0.8% -0.2%

Foothills | Sheep &
Beef

38.6% 27.8% -10.8% Foothills | Sheep
& Beef

37.6% 29.5% -8.1%

Foothills | Dairy 4.3% 16.2% 11.9% Foothills | Dairy 5.0% 13.5% 8.5%

Hills | Forestry 16.4% 16.4% 0.0% Hills | Forestry 16.4% 16.4% 0.0%

Hills | Sheep &
Beef

2.3% 1.6% -0.7% Hills | Sheep &
Beef

2.6% 2.4% -0.2%

Hills | Dairy 0.0% 0.0% 0.0% Hills | Dairy 0.0% 0.0% 0.0%

$40/tCO2e %Land Use
Network Off

%Land Use
Network On

Change $60/tCO2e %Land Use
Network Off

%Land Use
Network On

Change

Plains | Forestry 2.4% 1.7% -0.7% Plains | Forestry 3.3% 2.9% -0.4%

Plains | Sheep &
Beef

27.1% 24.2% -2.9% Plains | Sheep &
Beef

27.2% 25.2% -2.0%

Plains | Dairy 7.8% 11.5% 3.7% Plains | Dairy 6.9% 9.3% 2.4%

Foothills | Forestry 0.9% 0.9% 0.0% Foothills | Forestry 1.0% 1.0% 0.0%

Foothills | Sheep &
Beef

37.9% 27.4% -10.5% Foothills | Sheep
& Beef

38.2% 30.7% -7.5%

Foothills | Dairy 5.3% 15.3% 10.0% Foothills | Dairy 4.4% 12.9% 8.5%

Hills | Forestry 16.4% 16.4% 0.0% Hills | Forestry 16.4% 16.4% 0.0%

Hills | Sheep &
Beef

2.1% 2.6% 0.5% Hills | Sheep &
Beef

2.6% 1.6% -1.0%

Hills | Dairy 0.0% 0.0% 0.0% Hills | Dairy 0.0% 0.0% 0.0%

doi:10.1371/journal.pone.0127317.t002

Agent-Based Modelling the Effects of Climate Change Policy on Land Use

PLOSONE | DOI:10.1371/journal.pone.0127317 May 21, 2015 15 / 20



would be expected that farmers who are willing to become at least part-time foresters would
see increased level of net revenue. While social and geographic network effects do not have a
large effect on the overall net revenue or environmental outputs for the catchments, they do
have an effect in the spatial arrangement of enterprises, which could in the future provide
input into associated environmental aspects such as freshwater pollution.

From a land use perspective, the model showed that there will be substantial land-use
change likely to occur over the next 50 years. Dairy expanded in size across all scenarios be-
cause of high relative net revenue. Forestry more than doubled in size by 2060 for all GHG
price scenarios through a combination of better utilisation in the Hills productivity zone, and
the increase in relative net revenue with higher GHG prices. Sheep & Beef contracts in line
with GHG price increases because of low net revenue and high GHG emissions rates.

The model estimated that although the total gross GHG emissions in the catchment increase
over time, the total net GHG emissions in the catchment are estimated to decline regardless of
the policy scenario. For example, while livestock emissions are estimated to increase by a rate
of about 0.5%/yr between now and 2060, net emissions are estimated to decline by 1–2%/yr
over the same period. This is primarily due to an expansion of Forestry in the Hills region,

Fig 8. Changes in the spatial arrangement of three enterprises (Dairy, Sheep & Beef, and Forestry) caused by network effects and the GHG prices.
Darker colours (Blue, Red, and Green respectively) represent a higher likelihood of the farm being used in the enterprise at the end of the combined model
runs. For further analysis, the individual images are available in S1 File.

doi:10.1371/journal.pone.0127317.g008
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which significantly increases the level of carbon sequestration in the catchments. In contrast,
we estimated the large conversion of Sheep & Beef to Dairy could cause N leaching and P loss
to increase over time for all modelled scenarios at a rate of about 1%/yr. This suggests that
GHG price policy alone may not have much of an impact on reducing other environmental
outputs in the study area. We note that while the Hurunui-Waiau catchment is an important
agricultural region, the impacts may differ in other parts of New Zealand.

The use of a coupled economic and agent-based approach provides a range of options for
future research. Recent research into farming behaviour within New Zealand [57] highlights
the fragmented practice of farming caused through the process of diversification with over 50%
of farms having 2 or more enterprises on their farm. Future development will enable a hetero-
geneous application of enterprises within an individual farm so we can explore a more realistic
application of land use and the resulting economic and environmental aspects.

We recognise that the model currently only explores the complete farm conversion from en-
terprise to enterprise. However the application of within-farm management options (such as
reducing stocking rates, fencing streams, or planting riparian buffers) could also have signifi-
cant economic and environmental effects. Future research will develop and explore the applica-
tion of these within-farm management options, the sensitivity of the model to commodity
price changes, the uptake through social and geographic networks (in particular the role that
stature has within social networks), and model the wider effects within a revised model. To do
this we will require detailed farm-level surveys to underpin the model but the approach would
also provide additional insight on defining farmer types, social networks, environmental values
and their willingness to adopt new technologies to adapt to climate change and commodity
price risk.

Supporting Information
S1 File. Individual high resolution images showing changes in the spatial arrangement of
three enterprises (Dairy, Sheep & Beef, and Forestry) caused by network effects and the
GHG prices.
(ZIP)

S1 Table. Mean values, standard deviation, and confidence intervals for Figs 4–7.
(XLSX)

Acknowledgments
The authors acknowledge the contributions of Pike Brown, Oshadhi Samarasinghe, Florian
Eppink, WilliamWright and Suzie Greenhalgh who provided the support and assistance in the
development of the ARLUNZ model and this paper. The authors are grateful to Anne Austin,
Pike Brown and Suzie Greenhalgh who commented on an earlier draft of this paper. Finally,
the authors would like to thank the two anonymous reviewers for their valuable comments and
suggestions to improve the paper. Errors and omissions which remain are of course the respon-
sibility of the authors.

Author Contributions
Conceived and designed the experiments: FM AD. Performed the experiments: FM AD. Ana-
lyzed the data: FM AD. Contributed reagents/materials/analysis tools: FM AD. Wrote the
paper: FM AD.

Agent-Based Modelling the Effects of Climate Change Policy on Land Use

PLOSONE | DOI:10.1371/journal.pone.0127317 May 21, 2015 17 / 20

http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0127317.s001
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0127317.s002


References
1. Ministry for Primary Industries. Situation and Outlook for Primary Industries. Wellington, New Zealand:

MPI Policy Publication, 2013.

2. Ministry for the Environment. New Zealand's Greenhouse Gas Inventory 1990–2011. Available: http://
www.mfe.govt.nz/publications/climate/greenhouse-gas-inventory-2013-snapshot/index.html. Ac-
cessed 29 September 2014. 27 May 2013.

3. Hersperger AM, Gennaio M-P, Verburg PH, Bürgi M. Linking Land Change with Driving Forces and Ac-
tors: Four Conceptual Models. Ecology and Society. 2010; 15(4).

4. Lambin EF, Turner BL, Geist HJ, Agbola SB, Angelsen A, Bruce JW, et al. The causes of land-use and
land-cover change: moving beyond the myths. Global Environmental Change. 2001; 11(4):261–9. doi:
10.1016/S0959-3780(01)00007-3

5. Rindfuss RR, Walsh SJ, Turner BL, Fox J, Mishra V. Developing a science of land change: challenges
and methodological issues. Proceedings of the National Academy of Sciences of the United States of
America. 2004; 101:13976–81. PMID: 15383671

6. Agarwal C, Green GM, Grove JM, Evans TP, Schweik CM. A review and assessment of land-use
changemodels: Dynamics of space, time, and human choice. Burlington, VT: U.S. Department of Agri-
culture Forest Service, Northeastern Forest Research Station, 2002 Contract No.: UFS Technical Re-
port NE-297.

7. Baker WL. A review of models in landscape change. Landscape Ecology. 1989; 2(2):111–33.

8. Veldkamp A, Lambin EF. Predicting land-use change. Agriculture, Ecosystems, and Environment.
2001; 85:1–6.

9. Chuvieco E. Integration of linear programming and GIS for land-use modeling. International Journal of
Geographical Information Systems. 1993; 7(1):71–83.

10. Longley P, Higgs G, Martin D. The predictive use of GIS to model property valuations. International
Journal of Geographical Information Systems. 1994; 8(2):217–35.

11. Sklar FH, Costanza R. The development of dynamic spatial models for landscape ecology: A review
and prognosis. In: Tuner MG, Gardner RH, editors. Quantitative methods in landscape ecology. New
York: Springer-Verlag; 1991. p. 239–88.

12. Weinberg M, Kling CL, Wilen JE. Water markets and water quality. American Journal of Agricultural
Economics. 1993; 75(2):278–91.

13. Leggett CG, Bockstael NE. Evidence of the effects of water quality on residential land prices. Journal of
Environmental Economics and Management. 2000; 39:121–44.

14. Parker DC, Manson SM, Janssen MA, HoffmannMJ, Deadman P. Multi-agent systems for the simula-
tion of land-use and land-cover change: A review. Annals of the Association of American Geographers.
2003; 93(2):314–37.

15. Smajgl A, Brown DG, Valbuena D, Huigen MGA. Empirical characterisation of agent behaviours in
socio-ecological systems. Environmental Modelling & Software. 2011; 26(7):837–44. doi: 10.1016/j.
envsoft.2011.02.011

16. Burton RJF. The influence of farmer demographic characteristics on environmental behaviour: A re-
view. Journal of Environmental Management. 2014; 135(0):19–26. doi: 10.1016/j.jenvman.2013.12.
005

17. Bakker MM, van Doorn AM. Farmer-specific relationships between land use change and landscape fac-
tors: Introducing agents in empirical land use modelling. Land Use Policy. 2009; 26(3):809–17. doi: 10.
1016/j.landusepol.2008.10.010

18. Maertens A, Barrett CB. Measuring Social Networks' Effects on Agricultural Technology Adoption.
American Journal of Agricultural Economics. 2013; 95(2):353–9. doi: 10.1093/ajae/aas049

19. Ramirez A. The Influence of Social Networks on Agricultural Technology Adoption. Procedia—Social
and Behavioral Sciences. 2013; 79(0):101–16. doi: 10.1016/j.sbspro.2013.05.059

20. Smithers J, Furman M. Environmental farm planning in Ontario: exploring participation and the endur-
ance of change. Land Use Policy. 2003; 20(4):343–56. doi: 10.1016/s0264-8377(03)00055-3

21. Smithers J, Johnson P. The dynamics of family farming in North Huron County, Ontario. Part I. Develop-
ment trajectories. Canadian Geographer / Le Géographe canadien. 2004; 48(2):191–208. doi: 10.
1111/j.0008-3658.2004.00055.x

22. Bolte JP, Hulse DW, Gregory SV, Smith C. Modeling biocomplexity—actors, landscapes and alterna-
tive futures. Environmental Modelling & Software. 2007; 22(5):570–9. doi: 10.1016/j.envsoft.2005.12.
033

Agent-Based Modelling the Effects of Climate Change Policy on Land Use

PLOSONE | DOI:10.1371/journal.pone.0127317 May 21, 2015 18 / 20

http://www.mfe.govt.nz/publications/climate/greenhouse-gas-inventory-2013-snapshot/index.html
http://www.mfe.govt.nz/publications/climate/greenhouse-gas-inventory-2013-snapshot/index.html
http://dx.doi.org/10.1016/S0959-3780(01)00007-3
http://www.ncbi.nlm.nih.gov/pubmed/15383671
http://dx.doi.org/10.1016/j.envsoft.2011.02.011
http://dx.doi.org/10.1016/j.envsoft.2011.02.011
http://dx.doi.org/10.1016/j.jenvman.2013.12.005
http://dx.doi.org/10.1016/j.jenvman.2013.12.005
http://dx.doi.org/10.1016/j.landusepol.2008.10.010
http://dx.doi.org/10.1016/j.landusepol.2008.10.010
http://dx.doi.org/10.1093/ajae/aas049
http://dx.doi.org/10.1016/j.sbspro.2013.05.059
http://dx.doi.org/10.1016/s0264-8377(03)00055-3
http://dx.doi.org/10.1111/j.0008-3658.2004.00055.x
http://dx.doi.org/10.1111/j.0008-3658.2004.00055.x
http://dx.doi.org/10.1016/j.envsoft.2005.12.033
http://dx.doi.org/10.1016/j.envsoft.2005.12.033


23. Gimblett HR. Human-Landscape Interactions in Spatially Complex Settings: Where are we and where
are we going? International Congress of Modelling and Simulation (MODSIM05); December 12–15;
Melbourne, Australia 2005.

24. Smajgl A, Morris S, Heckbert S. Water policy impact assessment—combining modelling techniques in
the Great Barrier Reef region. Water Policy. 2009; 11:191–202.

25. Brown DG, Page SE, Riolo R, Zellner M, RandW. Path dependence and the validation of agent-based
spatial models of land use. International Journal of Geographical Information Science. 2005; 19
(2):153–74.

26. Evans T, Munroe D, Parker D. Modeling Land-Use/Land-Cover Change: Exploring the Dynamics of
Human-Environment Relationships. In: Moran E, Ostrom E, editors. Seeing the Forest and the Trees:
Human-Environment Interactions in Forest Ecosystems. Cambridge, Mass: MIT Press; 2005. p.
187–213.

27. Evans TP, SunW, Kelley H. Spatially explicit experiments for the exploration of land-use decision-mak-
ing dynamics. International Journal of Geographical Information Science. 2006; 20(9):1013–37.

28. Irwin EG. New directions for urban economic models of land use change: incorporating spatial dynam-
ics and heterogeneity. Journal of Regional Science. 2010; 50(1):65–91. doi: 10.1111/j.1467-9787.
2009.00655.x

29. Parker DC, Filatova T. A conceptual design for a bilateral agent-based land market with heterogeneous
economic agents. Computers, Environment and Urban Systems. 2008; 32(6):454–63. doi: 10.1016/j.
compenvurbsys.2008.09.012

30. Farmer JD, Foley D. The economy needs agent-based modelling. Nature. 2009; 460(7256):685–6. doi:
10.1038/460685a PMID: 19661896

31. Anastasiadis S, Kerr S, Nauleau M-L, Cox T, Rutherford K. Does complex hydrology require complex
water quality policy? Australian Journal of Agricultural and Resource Economics. 2014; 58(1):130–45.
doi: 10.1111/1467-8489.12024

32. Daigneault A, Greenhalgh S, Samarasinghe O. A response to Doole and Marsh (2013) article: method-
ological limitations in the evaluation of policies to reduce nitrate leaching from New Zealand agriculture.
Australian Journal of Agricultural and Resource Economics. 2014; 58(2):281–90. doi: 10.1111/1467-
8489.12051

33. Hendy J, Kerr S, Baisden T. Greenhouse Gas Emissions Charges and Credits on Agricultural Land:
What can a Model Tell Us? In: Lakshmi L, editor. In Clean Development Mechanism and Law. Hydera-
bad, India: The Icfai University Press; 2008. p. 198–209.

34. Kerr S, Anastasiadis S, Olssen A, Power W, Timar L, ZhangW. Spatial and Temporal Responses to an
Emissions Trading Scheme Covering Agriculture and Forestry: Simulation Results from New Zealand.
Forests. 2012; 3(4):1133–56. doi: 10.3390/f3041133

35. Monaghan RM, de Klein CAM, Muirhead RW. Prioritisation of farm scale remediation efforts for reduc-
ing losses of nutrients and faecal indicator organisms to waterways: A case study of New Zealand dairy
farming. Journal of Environmental Management. 2008; 87(4):609–22. doi: 10.1016/j.jenvman.2006.07.
017 PMID: 18164122

36. Kaye-Blake B, Schilling C, Post E. Validation of an Agricultural MAS for Southland, New Zealand. Jour-
nal of Artificial Societies and Social Simulation. 2014; 17(4):5.

37. Wilensky U. NetLogo. http://ccl.northwestern.edu/netlogo. Center for Connected Learning and Comput-
er-Based Modeling. Northwestern University, Evanston, IL; 1999.

38. Brandmeyer JE, Karimi HA. Coupling methodologies for environmental models. Environmental Model-
ling & Software. 2000; 15(5):479–88. doi: 10.1016/S1364-8152(00)00027-X

39. Daigneault A, Greenhalgh S, Samarasinghe O. Economic Impacts of GHG and Nutrient Reduction Poli-
cies in New Zealand: A Tale of Two Catchments. Australian Agricultural and Resource Economics So-
ciety 2012 Conference (56th); February 7–10, 2012; Freemantle, Australia2012.

40. Daigneault A, Greenhalgh S, Samarasinghe O, Jhunjhnuwala K, Walcroft J, de Oca Munguia O. Sus-
tainable land management and climate change—catchment analysis of climate change: final report.
Ministry of Primary Industries, 2012.

41. Daigneault A, McDonald H, Elliott S, Howard-Williams C, Greenhalgh S, Guysev M, et al. Evaluation of
the impact of different policy options for managing to water quality limits. Ministry of Primary Industries,
2012.

42. Daigneault A, Samarasinghe O, Lilburne L. Modelling economic impacts of nutrient allocation policies
in Canterbury—Hinds Catchment: final report. Landcare Research, 2013.

43. Land Information New Zealand. NZ Property Titles: Land Information New Zealand,; 2015 [updated 10
March 2015; cited 2015 12 March 2015]. 155:[Available from: https://data.linz.govt.nz/layer/804-nz-
property-titles/.

Agent-Based Modelling the Effects of Climate Change Policy on Land Use

PLOSONE | DOI:10.1371/journal.pone.0127317 May 21, 2015 19 / 20

http://dx.doi.org/10.1111/j.1467-9787.2009.00655.x
http://dx.doi.org/10.1111/j.1467-9787.2009.00655.x
http://dx.doi.org/10.1016/j.compenvurbsys.2008.09.012
http://dx.doi.org/10.1016/j.compenvurbsys.2008.09.012
http://dx.doi.org/10.1038/460685a
http://www.ncbi.nlm.nih.gov/pubmed/19661896
http://dx.doi.org/10.1111/1467-8489.12024
http://dx.doi.org/10.1111/1467-8489.12051
http://dx.doi.org/10.1111/1467-8489.12051
http://dx.doi.org/10.3390/f3041133
http://dx.doi.org/10.1016/j.jenvman.2006.07.017
http://dx.doi.org/10.1016/j.jenvman.2006.07.017
http://www.ncbi.nlm.nih.gov/pubmed/18164122
http://ccl.northwestern.edu/netlogo
http://dx.doi.org/10.1016/S1364-8152(00)00027-X
https://data.linz.govt.nz/layer/804-nz-property-titles/
https://data.linz.govt.nz/layer/804-nz-property-titles/


44. Hill Z, Lilburne L, Guest P, Elley R, Cuff J. Preparation of a GIS based land use map for the Canterbury
Region. Environment Canterbury Report: R10 (http://ecan.govt.nz/publications/Reports/gis-based-
land-map-canterbury.pdf). Environment Canterbury, 2010.

45. Lynn IH, Manderson A, Page M, Harmsworth G, Eyles G, Douglas G, et al. Land use capability survey
handbook: a New Zealand handbook for the classification of land: AgResearch; Landcare Research
New Zealand; Institute of Geological and Nuclear Sciences; 2009.

46. Parliamentary Commission on the Environment. Water quality in New Zealand: Land-use and nutrient
pollution. Available: http://www.pce.parliament.nz/publications/all-publications/water-quality-in-new-
zealand-land-use-and-nutrient-pollution/. 2013.

47. Burton RJF. Strategic Decision-making in Agriculture: an International Perspective of Key Social and
Structural Influences. Lincoln, New Zealand AgResearch, 2009.

48. Nelson K, Brummel R, Jordan N, Manson S. Social networks in complex human and natural systems:
the case of rotational grazing, weak ties, and eastern US dairy landscapes. Agric Hum Values. 2014;
31(2):245–59. doi: 10.1007/s10460-013-9462-6

49. Banerjee A, Chandrasekhar AG, Duflo E, Jackson MO. Gossip: Identifying Central Individuals in a So-
cial Network. ArXiv e-prints [Internet]. 2014 June 1, 2014; 1406:[2293 p.]. Available from: http://adsabs.
harvard.edu/abs/2014arXiv1406.2293B.

50. Alam SJ, Geller A, Meyer R, Werth B. Modelling Contextualized Reasoning in Complex Societies with
Endorsements. Journal of Artificial Societies and Social Simulation. 2010; 13(4):6.

51. Bandura A. Social learning theory. Englewood Cliffs, NJ: Prentice Hall; 1977.

52. Bandura A. Social Foundations of Thought and Action: A Social Cognitive Theory. Englewood Cliffs,
NJ: Prentice Hall; 1986.

53. Jager W, Janssen MA, De Vries HJM, De Greef J, Vlek CAJ. Behaviour in commons dilemmas: Homo
economicus and Homo psychologicus in an ecological-economic model. Ecological Economics. 2000;
35(3):357–79. doi: 10.1016/S0921-8009(00)00220-2

54. Gotts NM, Polhill JG. When and How to Imitate Your Neighbours: Lessons from and for FEARLUS.
Journal of Artificial Societies and Social Simulation. 2009; 12(3):2.

55. Schmit C, Rounsevell MDA. Are agricultural land use patterns influenced by farmer imitation? Agricul-
ture, Ecosystems & Environment. 2006; 115(1–4):113–27. doi: 10.1016/j.agee.2005.12.019

56. Nuthall PL, Old KM. Report on a succession and governance survey of a random stratified sample of
NZ farmers. Lincoln University. Agricultural Economics Research Unit: 2014.

57. Brown P, Small B, Morgan F, Lynch C, Burton R, de Oca Munguia O, et al. Survey of Rural Decision
Makers in Canterbury, Southland andWaikato: Final Report for the Ministry for the Environment
(RE500/2013/062). Wellington: AgResearch and Landcare Research, 2013.

58. Anastasiadis S, Kerr S. Land Use and Farming Intensity: For 1996, 2008 and 2020, Report for the Par-
liamentary Commissioner for the Environment. Wellington: Motu Economic and Public Policy Re-
search, 2013.

59. NZIER, Infometrics. Economic modelling of New Zealand climate change policy. Final Report to the
Ministry for the Environment. Available online at: https://www.climatechange.govt.nz/emissions-
trading-scheme/building/reports/economic-modelling/economic-modelling-of-new-zealand-climate-
change-policy.pdf. 2009.

60. Environment Canterbury. Hurunui Water Project—Waitohi proposal. Available: http://ecan.govt.nz/get-
involved/consent-projects/past-notifications/hwp/Pages/waitohi.aspx. Accessed 29 September 2014.
19 June 2013.

Agent-Based Modelling the Effects of Climate Change Policy on Land Use

PLOSONE | DOI:10.1371/journal.pone.0127317 May 21, 2015 20 / 20

http://ecan.govt.nz/publications/Reports/gis-based-land-map-canterbury.pdf
http://ecan.govt.nz/publications/Reports/gis-based-land-map-canterbury.pdf
http://www.pce.parliament.nz/publications/all-publications/water-quality-in-new-zealand-land-use-and-nutrient-pollution/
http://www.pce.parliament.nz/publications/all-publications/water-quality-in-new-zealand-land-use-and-nutrient-pollution/
http://dx.doi.org/10.1007/s10460-013-9462-6
http://adsabs.harvard.edu/abs/2014arXiv1406.2293B
http://adsabs.harvard.edu/abs/2014arXiv1406.2293B
http://dx.doi.org/10.1016/S0921-8009(00)00220-2
http://dx.doi.org/10.1016/j.agee.2005.12.019
https://www.climatechange.govt.nz/emissions-trading-scheme/building/reports/economic-modelling/economic-modelling-of-new-zealand-climate-change-policy.pdf
https://www.climatechange.govt.nz/emissions-trading-scheme/building/reports/economic-modelling/economic-modelling-of-new-zealand-climate-change-policy.pdf
https://www.climatechange.govt.nz/emissions-trading-scheme/building/reports/economic-modelling/economic-modelling-of-new-zealand-climate-change-policy.pdf
http://ecan.govt.nz/get-involved/consent-projects/past-notifications/hwp/Pages/waitohi.aspx
http://ecan.govt.nz/get-involved/consent-projects/past-notifications/hwp/Pages/waitohi.aspx

