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Abstract: Accessing financial services is considered one of the main challenges facing communities
during crises. This research studies the role of using FinTech applications to build resilience during
the COVID-19 pandemic. The research empirically examines the factors affecting Jordanian citizens’
intention to use FinTech applications. The sample of the research comprised 500 potential FinTech
service users in Jordan. Based on the research conceptual model, five hypotheses were developed
and tested using structural equation modeling techniques (SEM-PLS). The research results indicate
that perceived benefits and social norms significantly affect the intention to use FinTech applications.
However, it has been found that perceived technology risks do not significantly affect the intention
to use FinTech applications. Moreover, the results also indicate that customer trust is significantly
mediating the relationship between perceived risks and intention to use FinTech applications.
FinTech service providers should insure that their products are easy to use, fulfill needs and protect
consumers’ data in order to ensure trust, hence positively influencing consumer adoption.
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1. Introduction

In modern economies, the financial service industry performs a range of functions to facilitate
financial economic activities. Accessing financial services is considered one of the main enablers to
build socioeconomic resilience during crises [1,2]. Advancements in information and communication
technologies (ICT) over recent decades have revolutionized the financial industry, enabling more
efficient and innovative service delivery. Digital finance innovations help vulnerable communities,
particularly in developing countries, to access financial resources [3–5]. Financial technology (FinTech)
offers the financial industry, and consumers, advancements that make their transactions less expensive,
more convenient and more secure [3,6]. Financial institutions and technology firms are increasingly
investing in FinTech technologies, which attracted global investments of $40 billion in 2019 [7].

However, the FinTech maturation process is still challenging, and more time and efforts for
long-term success and public acceptance are necessary, particularly for retail financial services [5,8].
This challenge of balancing between potential benefits and risks in FinTech innovations is more acute
in the developing world [5]. People with less socioeconomic resources are not well informed about
financial products, and are not likely to seek financial information [4,9]. Notably, mobile services play an
important role in providing financial service to unbanked populations in developing countries [2,4,10].
However, few empirical studies have been conducted to explore adoption and diffusion aspects of
FinTech, especially in developing countries [2,4,11].

The world is currently facing the COVID-19 pandemic, with its major global, medium- and
long-term impacts on health services and economy, and Jordan is no exception [12,13]. In Jordan
as everywhere in the world, the government applied preventive measures, such as strict lockdown
and social distancing, to protect people’s lives [14,15]. These measures had many consequences
on the economy and households, as most public and private services were closed, and are being
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tentatively reopened in stages. According to recent reports from the International Monetary Fund
(IMF) and the World Bank, the Jordanian economy is projected to contract around 4% as a result of this
crisis [16,17]. This negative impact comes through various channels, particularly trade, tourism and
service sectors [16,17]. Moreover, recent UNDP (United Nations Development Programme) surveys [18]
indicated that although Jordan has curbed the spread of COVID-19, the impact of this crisis on
households was significant. Most households reported that they have faced many difficulties during
the lockdown, such as food access and livelihood loss, resulting in difficulties to access financial services.

In response to these difficulties, Jordan has started early to implement procedures to help its
economy during the crisis, including supporting citizens to use FinTech applications in order to
accomplish their financial transactions during the lockdown and even after [11,15]. The government of
Jordan announced that mobile digital wallets should be used as the main method to transfer salaries
for the private sector and the unbanked population, who depend heavily on cash [11]. However,
FinTech applications’ success in Jordan face numerous economic challenges, and issues associated with
the high influx of refugees, low mobile wallet penetration rates, cultural barriers, low financial and
digital literacy, and the most important is low user trust [19].

This research studies the role of using FinTech applications in building economic resilience by
empirically examining the factors that affect Jordanian citizens’ intention to use FinTech applications.

The remainder of this research is organized as follows. Section 2 presents the previous literature
and the theoretical background, Section 3 discusses the research model and the research hypotheses.
Section 4 describes the research methodology, followed by the results and the statistical analysis in
Section 5. Section 6 discusses the findings, and Section 7 presents the conclusion, research implications,
and limitations, and suggesting future research directions.

2. Background and Theoretical Foundation

2.1. FinTech and Open Innovation

FinTech or financial technology is an emerging field that can be described as innovative financial
products and services enabled by ICT [3,7,20]. Recently, FinTech applications have expanded to include
even innovations in financial literacy and education [3,6,21]. Although the role of ICT in financial
institutions is not new, FinTech offers new forms of value creation models through restructuring
and coordinating the flow of financial information [3,22]. The role of ICT in FinTech is not only
as enabler or facilitator, rather it is revolutionizing the entire traditional financial system [3,7,23].
FinTech firms are altering traditional online financial models through mechanisms of disintermediation,
extension of access, hybridization, financialization and personalization [3,6,7,24]. The financial
service industry has been enabled to provide entirely new, innovative financial solutions due
to the changing role of ICT. Changing consumer behavior, changing ecosystems and supportive
regulations all enable the financial service industry to provide entirely new, innovative financial
solutions [3,7,22]. These solutions can be distinguished into five main categories: products and services,
structures, processes, systems and business models [3,7]. FinTech includes a variety of mobile services,
making payments, transferring money, making loan requests, purchasing insurance, managing assets,
making investments and crowdfunding [3,4,6,22]. The development of FinTech applications in
the financial services industry over recent decades passed through mainly three phases: internal,
provider and customer-oriented digitization [3,7]. New technology developments such as smart
devices, cloud computing, AI and machine learning, big data, and recently blockchain, have changed
the role of ICT in the FinTech industry in terms of new opportunities, risks and legal concerns [3,6,7,21].
In relation to theses technological developments, the main areas of FinTech applications are finance
and investment, payments and infrastructure, operations and risk management, data security and
monetization, and customer interface [3,6].

The FinTech landscape is an emerging association between industry participants; business incumbents,
FinTech startups and customers [3,25]. This landscape is characterized in terms of competition and
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cooperation with other industry participants and by related strategies for value creation [3,7,26,27].
This win–win partnership between financial industry participants has never been accomplished without
open innovation initiatives [24–26]. The open innovation approach is used to enhance organizational
capacity for innovations [24,25]. This approach allows companies to efficiently utilize their business
environment stakeholders to become more agile to such changes by reducing development cycles and
streamlining processes [25,26].

In Jordan, supportive regulations and policies, reliable telecommunications infrastructure and
products, as well as many digital finance inclusion initiatives, all encourage the use of FinTech
applications. The main Jordanian stakeholders in FinTech are the Jordanian Central Bank (JCB) as a
regulator, Jo-PACC, commercial banks, MEPS, eFAWATEERcom and ZainCash with more than half a
million subscribers. According to recent JCB statistics, FinTech firms provided mobile wallets and
payment platforms that facilitated transactions worth more than $170 million in 2019 [11].

2.2. Role of FinTech in Resilience

Theoretical literature on resilience has grown in recent years, covering multiple domains such
as health, disaster response and many more [1,27]. Resilience can be viewed as the ability of
individuals to cope with external shocks in their environment [1,4,27,28]. Individuals can positively
adapt, using resources and traits like problem-solving skills during challenging circumstances [1,28].
Information and communications technologies (ICT) play a major role in building resilient communities
and individuals during crises or emergencies [27,29–31]. Digital finance innovations help vulnerable
communities, especially in developing countries, to access financial resources, increasing their economic
resilience during crises [1,2,32–36]. Mobile applications provide individuals in developing countries
with a range of financial services such as payments, savings, loans and microcredit [1,2,4,7,28,37].
Mobile services like M-Pesa and GCASH are leading examples of digital finance innovations providing
financial services for users in the developing countries [10,30,34,37,38]. According to recent studies,
FinTech will provide 62.5% of unbanked Jordanians with financial products and services [19].

2.3. Prior Research on FinTech Adoption

Despite the fact that many financial innovations are heavily covered in previous literature,
many new innovations are still not well studied. Most recent studies have focused on innovations like
mobile banking and mobile payments while few have been found on innovations like mobile wallets,
mobile money and blockchain [39–42].

FinTech applications adoption is mainly influenced by contextual factors such as social influence,
risk and trust [8,35,43–45]. However, most of the previous literature on FinTech adoption has focused
on the technological factors while not considering the social antecedents [35,46–49]. For instance,
technology adoption theories like the technology acceptance model (TAM) were used heavily in mobile
services research [35,40,45,46,50–52], while the use of behavioral theories like the unified theory of
acceptance and use of technology (UTAUT) and the extended valence framework is still limited [35,53].

The original UTAUT model holds four main constructs (performance expectancy, effort expectancy,
social influence, and facilitating conditions) as determinants of usage intention and behavior.
The variables of gender, age, experience and voluntariness are used as moderators to moderate
the impact of the four main constructs on usage intention and behavior [54]. Moreover, the extended
valence framework indicates that consumers’ intention to use the technology is affected by their
perceptions of benefits, risk and trust [55]. Accordingly, the UTAUT model combined with the extended
valence framework is considered more appropriate for FinTech adoption to give more insights on
additional contextual factors such as risk and trust [55,56].

3. Research Model

This study used a modified model of UTAUT by incorporating additional contextual factors from
the extended valence framework, such as trust and risk. As such, combining these two theories gives
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more understanding of FinTech adoption; the UTAUT covers perceived benefits, social influence and
behavioral intention combined with trust and risk from the extended valence framework. The proposed
model is summarized in Figure 1.
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The hypotheses development and the main constructs used in the model are discussed in depth
in the following subsections.

3.1. Perceived Trust

Trust is considered crucial for technology adoption, especially those technologies designed for financial
transactions [57–59]. In a highly competitive financial services industry, there is an emphasis on trust
to build strong relationships with customers [40]. Trust is defined as “the willingness of a party to be
vulnerable to the actions of another party based on the expectation that the other will perform a particular
action important to the trustor, irrespective of the ability to monitor or control that other party” [60].

Trust in FinTech applications means that users have confidence in the ability, integrity and
benevolence of these applications [8,61,62]. On the other hand, since the switching cost to traditional
financial systems is high, trust is considered crucial for financial service providers [63–67].

Indeed, the outcome of trust in such uncertain and risky situations is reduced risk and therefore
positive intentions toward using new technologies [8,57,58,68]. Therefore, the following hypothesis
is proposed:

Hypothesis 1 (H1). Trust in FinTech applications has a positive effect on users’ behavioral intention.

3.2. Benefits

Recently, innovations in ICT have provided customers with many new financial services [3,5].
FinTech applications may make mobile financial transactions convenient, cost effective and
transparent [43]. FinTech provides customers with many benefits, mainly reduced time, effort and cost
to accomplish financial transactions [43,44]. Perceived benefits are defined as “a users’ perception of
the potential that FinTech use will result in a positive outcome” [43]. Perceived benefits can reflect the
utilities derived from using FinTech applications [3,8,43]. The degree to which customers believe the
systems are useful and easy to use influences their intention to use these systems [43,45]. Accordingly,
many research results indicate that perceived benefits can positively influence customers’ intention to
use FinTech applications such as mobile payment and Bitcoin [43,44,69]. Based on that, the following
hypotheses are proposed:

Hypothesis 2 (H2). Perceived benefits have a positive and significant impact on users’ FinTech behavioral intention.



J. Open Innov. Technol. Mark. Complex. 2020, 6, 153 5 of 15

3.3. Perceived Risk

In the financial services context, innovations always come with high risk [43,55,70,71]. Perceived risk
associated with FinTech usage is considered a fundamental barrier for technology adopters [43].
Perceived risk in FinTech is defined as “users’ perception of the uncertainty and the possible negative
consequences regarding the FinTech use.” [43].

Perceived risks associated with FinTech applications can be classified into operational, financial,
security and privacy concerns [40,43,71].

These risks make customers more reluctant to use FinTech, thereby decreasing their intention to
use these applications. Moreover, due to the intangibility of FinTech applications, the perceived risks
of cyber threats and monetary loss inhibit users from using these services [5,8].

According to previous research findings, perceived risk has been found to be negatively related to
the intention to use FinTech applications [8,43]. Furthermore, perceived risks and trust have a direct
and reciprocal influence on customers’ FinTech behavioral intention [40,55,71–73]. Hence, the following
hypotheses are proposed:

Hypothesis 3 (H3). Perceived risks associated with FinTech applications have a negative effect on users’
behavioral intention.

Hypothesis 4 (H4). Perceived risks associated with FinTech applications have a negative effect on customers’
trust to use these applications.

3.4. Social Influence

Customers’ decisions to use new technology, especially in the social media era, are influenced
mainly by the opinions of other people surrounding them [74–76]. Family, friends and colleagues are
all sources of positive recommendations about new technologies that may encourage customers to
adopt them [66]. Users habitually use their mobile services in a social context where they are influenced
by others’ behavior [66,77].

Social influence, also known as subjective norms or images, is defined as “the extent to which
an individual perceives that important others believe he or she should apply the new system” [54].
Social influence has a positive and significant impact on FinTech applications such as mobile payment
and banking and intentions to use them [67,76,78–80], but this is subject to provisos, such as previous
experience. Given the collectivistic culture of Jordanian society, the following hypotheses are proposed:

Hypothesis 5 (H5). Social influence has a positive effect on users’ behavioral intention regarding FinTech applications.

4. Methodology

In order to achieve the aim of this study of examining the intention to use FinTech applications
among Jordanian citizens during the COVID-19 pandemic, an online survey was developed based on
an intensive literature review. The survey consisted of two sections: demographics and measurement
items, using a five-point Likert scale ranging from (“1, strongly disagree” to “5, strongly agree”).
The survey was designed in English language and then translated into Arabic language by an
experienced translator. A second translator then back-translated the Arabic version into English to
check the fidelity of the items in Arabic (no significant discrepancies were found). The structure of the
survey and the relevant studies are shown in the Appendix A.

Before conducting the main survey, a pilot study was performed among 15 Jordanian academics
in information systems and business fields to test the validity and reliability of the survey instruments.
After that, over a period of one month (May 2020), and because of the lockdown restrictions, the survey
was distributed in Jordan through different social network platforms. A total of 500 responses were
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collected, 49 of which were discarded as they were considered incomplete, or from unengaged
respondents or outliers.

The collected data from this survey were analyzed using Microsoft Excel 2010, SPSS 20 and
SmartPLS 3.2.4. The data were first coded and screened for possible outliers using Excel and SPSS and
then the research hypotheses were tested using structural equation modeling (SEM) with SmartPLS.
Demographic characteristics of the sample are presented in Table 1.

Table 1. Demographics.

Frequency Percentage

Gender
Female 220 48.8
Male 231 51.2

Age

18–24 136 30.1
25–30 61 13.5
31–39 143 31.7
>=40 111 24.7

Bank Account
Yes 366 81.2
No 85 18.8

Before conducting the final analysis, the common method variance (CMV) was tested using
Harman’s single factor test [81]. The results showed that three factors were extracted with an eigenvalue
that was greater than 1, and no single factor explained the majority of the variance, indicating that no
serious common method bias was presented.

5. Results

The partial least square (PLS) approach of structural equation modeling (SEM) was employed
to test the hypotheses of the conceptual model. The (PLS-SEM) method is considered suitable as
the objective of the research is exploratory, and predictive, with less sample size and distribution
restrictions or data collection challenges experienced during the COVID-19 lockdown [82–84]. The data
analysis followed two phases; the first was evaluating the measurement model and the second was
assessing the structural model, followed by post-hoc analysis, as explained below.

5.1. Measurement Model

The assessment of the measurement model included loadings, reliability, convergent validity
and discriminant validity. The first step in the assessment was examining indicators loadings [84].
Loadings above 0.7 are recommended for acceptable item reliability. As shown in Table 2, all factors
loadings have exceeded 0.7.

The second step was assessing internal consistency reliability [84]. Composite reliability metric
was used with a 0.7 threshold value. As shown in Table 2, composite reliability values of all constructs
were more than 0.7, which indicates a good internal consistency.

The third step was assessing convergent validity [84]. Average variance extracted (AVE) was used
with a value for each construct that should exceed 0.5. As shown in Table 2, AVE values for all the
constructs have exceeded 0.5.

The forth step was assessing discriminant validity. Different metrics were used to make sure
that each construct was distinct from other constructs. Fornell and Larcker (1981) suggest that each
construct’s AVE value is greater than its correlation with other constructs [84,85]. As shown in Table 3,
all diagonal values were higher than other values for each column. Moreover, Henseler et al. (2015)
proposed the heterotrait-monotrait ratio (HTMT) to also test constructs’ discriminant validity [84].
Problems occur when HTMT values are high; for similar constructs the threshold value is (0.9), while for
distinct constructs it is (0.85). As shown in Table 4, all HTMT values were below the threshold value.



J. Open Innov. Technol. Mark. Complex. 2020, 6, 153 7 of 15

Table 2. Results of the measurement model analysis.

Construct Loadings Cronbach’s Alpha Composite Reliability Average Variance Extracted (AVE)

Benefits 0.91 0.937 0.788

B1 0.856

B2 0.89

B3 0.931

B4 0.872

Risks 0.769 0.864 0.68

PR1 0.856

PR2 0.88

PR3 0.729

Social Influence 0.868 0.919 0.791

SI1 0.89

SI2 0.875

SI3 0.903

Trust 0.904 0.908 0.777

T1 0.88

T2 0.873

T3 0.855

T4 0.917

Usage Intention 0.866 0.918 0.789

UI1 0.907

UI2 0.898

UI3 0.859

Table 3. Discriminant validity average variance extracted (AVE) values.

Benefits Risks Social Influence Trust Usage Intention

Benefits 0.888

Risks −0.323 0.825

Social Influence 0.426 −0.118 0.889

Trust 0.692 −0.378 0.509 0.882

Usage Intention 0.798 −0.303 0.466 0.686 0.888

Table 4. Discriminant validity heterotrait-monotrait (HTMT) values.

Benefits Risks Social Influence Trust Usage Intention

Benefits

Risks 0.371

Social Influence 0.474 0.134

Trust 0.761 0.443 0.573

Usage Intention 0.898 0.348 0.532 0.775

5.2. Structural Model

When the assessment of the measurement model is satisfactory, the next step is assessing the
structural model by examining its explanatory power and the statistical significance of the path
coefficients. Before assessing the structural model, multicollinearity among constructs must be
examined. Collinearity issues occur with variance inflation (VIF) values above 5 [84]. As shown in
Table 5, VIF values for all constructs’ items were less than 5. In order to assess the model’s explanatory
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power, the coefficient of determination (R2) is measured for all endogenous constructs. As shown
in Table 6, R2 value for usage intention construct indicates that the model can be considered with a
moderate explanatory power.

Table 5. Variance inflation (VIF) values.

VIF

Benefits

B1 2.278

B2 3.004

B3 4.245

B4 2.703

Perceived Risks

PR1 1.645

PR2 1.725

PR3 1.437

Social Influence

SI1 2.312

SI2 2.238

SI3 2.277

Trust

T1 2.533

T2 2.548

T3 2.445

T4 3.429

Usage Intention

UI1 2.526

UI2 2.422

UI3 1.979

Table 6. Coefficient of determination (R2) values.

R Square R Square Adjusted

Trust 0.143 0.141

UI 0.679 0.676

In order to test the statistical significance of the path coefficients, a complete bootstrapping procedure
was employed with 5000 samples. The results of the structural model analysis are shown in Figure 2.
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As shown in Table 7, all hypotheses, except H3, are supported. Perceived benefits has a positive
and significant relationship to usage intention (β = 0.605; p < 0.05), thus H2 is supported. On the
other hand, perceived risk has a non-significant relationship to usage intention; accordingly, H3 is not
supported. Meanwhile, perceived risk has a negative and significant relationship to trust (β = −0.378;
p < 0.05), therefore, H4 is supported. Furthermore, social influence has a positive significant relationship
to usage intention (β = 0.099; p < 0.05), thus, H5 is supported. Finally, trust has a positive and significant
relationship to usage intention (β = 0.21; p < 0.05), thus, H1 is supported.

Table 7. Path coefficient.

Original Sample (O) Sample Mean (M) Standard Deviation
(STDEV)

T Statistics
(|O/STDEV|) p Values

Benefits -> Usage
Intention 0.605 0.605 0.038 15.827 0

Risks -> Trust −0.378 −0.382 0.049 7.788 0

Risks -> Usage
Intention −0.016 −0.016 0.03 0.534 0.594

Social Influence ->
Usage Intention 0.21 0.21 0.042 4.947 0

Trust -> Usage
Intention 0.605 0.605 0.038 15.827 0

5.3. Post-Hoc Analysis

According to the results in Table 8, the indirect effect between perceived risk and usage intention
is statistically significant. As declared above, perceived risk does not have a significant direct effect on
usage intention. However, perceived risk has a significant effect on trust, which in turn has a significant
effect on usage intention. This indicates that trust fully mediates the relationship between perceived
risk and usage intention [84].

Table 8. Indirect effect.

Original Sample (O) Sample Mean (M) Standard Deviation
(STDEV)

T Statistics
(|O/STDEV|) p Values

Risks -> Trust ->
Usage Intention −0.08 −0.081 0.02 3.937 0

6. Discussion

Compared to the wide spread use of FinTech applications in developed countries, this usage is
still in its infancy stages in developing countries [3,4,21]. However, it has been noticed that during
COVID-19 lockdown in Jordan, more than 100,000 new electronic wallets were issued [11]. During the
lockdown, the Jordanian government and the Central Bank of Jordan have supported their customers
to use FinTech applications in order to accomplish their financial transactions [11,15].

The purpose of this study was to empirically measure individuals’ behavioral intention toward
using FinTech applications during the COVID-19 crisis. To achieve this goal, social constructs from the
extended valence framework, such as trust and risk, were integrated into the original UTAUT model.
The study results promise to explain the role of using FinTech applications in building resilience during
crisis. The study findings also show important theoretical and practical implications for FinTech
application usage during crises.

The study findings revealed that perceived benefits had the most significant direct impact
on individuals’ intention to use FinTech applications during crises. These results are consistent
with the results from previous studies [43,57,59,66]. Surprisingly, individuals’ perceptions of
technology risks did not affect their intention to use FinTech applications. These results are in
line with other research results from developing countries [46,71,79]. However, these findings are
in contrast to other studies which found that perceived technology risks significantly affect users’
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intentions [8,43,57–59,75]. These findings can be explained as suggesting the effect of individuals’ fears
during the COVID-19 pandemic was hiding their fears of technology risks, especially in developing
countries. Moreover, these findings also indicate that individuals’ intentions regarding using FinTech
applications are more influenced by their benefits rather than their perceived risks. The high expected
value from using FinTech applications should encourage financial institutions to provide new strategies,
models and financial services in the field of FinTech applications. However, FinTech service providers
should not neglect the risk associated with their services. They should increase security awareness and
focus on building risk-free FinTech services as customers will later have these concerns after this crisis
is finished. Moreover, as supported by previous research [9,70,77], the collectivistic culture among
Jordanians explains the significant impact of social norms on their intention to use FinTech applications.

In the review of our results, trust significantly affects individuals’ intention to use FinTech
applications, affirming previous literature positing trust is considered as one of the main factors
affecting intention to use [48,51,59,63,71,86]. Trust is also found fully mediating the relationship between
perceived risks and intention to use, supporting previous research results [65,67]. This implies that,
since perceived risks had a significant negative effect on trust, increase in trust in FinTech applications
will reduce perceived risk from using these technologies. These findings state that customer trust is
considered an important practical implication for FinTech service providers, which should seriously
consider trust-building strategies in order to promote using their products.

In light of the COVID-19 crisis, the infection could be transmitted through many mediums, one of
them is cash. Access to cash during the COVID-19 crisis was a major concern during lockdowns,
especially in developing countries. Moreover, governments struggled to financially help vulnerable
citizens and businesses to access cash during this crisis. To ensure inclusivity, governments should support
the use of such applications by establishing FinTech business incubators, marketing, reducing taxes
and easing their regulations. Finally, governments and FinTech service providers should realize the
role of these products in building community resilience during crises. These findings are all supported
by previous research recommendations about the role of ICT and its applications, including FinTech,
in building resilience during crises [4,30,33,87,88].

7. Conclusions, Limitations and Directions for Future Research

This research employed a modified version of the UTAUT theory to examine the intention to use
FinTech applications. The study outcomes highlight the role of consumer trust in FinTech applications
to build resilience during crises. The survey obtained 451 valid forms from users and SEM was used to
examine the research model and its corresponding hypotheses. The key factors necessary to drive
customers’ intention to use FinTech applications were identified and empirically examined.

The research results indicate that a customer’s intention to use FinTech applications is affected by
his or her perception of benefits, social impact and trust. However, during the COVID-19 pandemic
perceptions of risks did not affect customers’ intention to use FinTech applications but it affected their
trust in the service. Moreover, the results of post-hoc analysis indicated that customers’ trust toward
FinTech significantly mediates the relationship between perceived risks and intention to use FinTech
applications. Accordingly, consumers will be more likely to make FinTech transactions when perceived
benefits, social value and trust are high and at the same time when risks perceptions are low.

This research is considered one of the first studies in the developing countries to empirically test
the role of FinTech application during crises. Although this research provides several contributions,
it still has many limitations, most notably that the survey data were collected online from Jordanian
customers with a small sample size relative to the mobile usage penetration. This limits the research
generalizability, in terms of randomization and different cultures. Moreover, this research also did
not examine the moderation effects of users’ demographic characteristics, such as age, gender and
experience. Further research may also focus on other environmental factors, mainly the role of
government regulations in FinTech adoption. These aspects should be investigated by subsequent
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studies, building on the findings of this exploratory research to understand FinTech adoption and
actual usage in Jordan and other contexts.

Funding: This research received no external funding.
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Appendix A

Factors Reference

Social Influence (SI)

SI1
People who are important to me think that I
should use FinTech.

Venkatesh V. Thong J.Y.L. Xu X. Consumer
Acceptance and Use of Information Technology.
MIS Q [Internet]. 2012.

SI2
People who influence my behaviour think
that I should use FinTech.

SI3
People whose opinions I value prefer that I
use FinTech.

Perceived Risk (PR)

PR1
Using FinTech is associated with a high
level of risk.

Kim D.J. Ferrin D.L. Rao H.R. A trust-based
consumer decision-making model in electronic
commerce: The role of trust, perceived risk,
and their antecedents. Decision Support Syst.
2008.

PR2
There is a high level of uncertainty
using FinTech.

PR3
Overall, I think that there is little benefit to
using FinTech compared to traditional
financial services.

Trust (T)

T1 I trust RMP systems to be reliable.
Shaw N. The mediating influence of trust in the
adoption of the mobile wallet. J Retail Consumer
Service [Internet]. 2014.

T2 I trust RMP systems to be secure.

T3 I believe RMP systems are trustworthy.

T4 I trust RMP systems.

Perceived Benefits (PB)

B1 Using FinTech has many advantages.
Kim D.J., Ferrin D.L., Rao H.R. A trust-based
consumer decision-making model in electronic
commerce: The role of trust, perceived risk,
and their antecedents. Decision Support
Syst. 2008.

B2 I can easily and quickly use FinTech.

B3 Using FinTech is useful for me.

B4
Using FinTech yields a more superior
outcome quality than traditional financial
services.

Usage Intention (UI)

UI1 I intend to adopt FinTech in the future.
Venkatesh V., Thong J.Y.L., Xu X. Consumer
Acceptance and Use of Information Technology.
MIS Q [Internet]. 2012.

UI2
I predict that I will frequently use FinTech
in the future.

UI3
I will strongly recommend others to
use FinTech.
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