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Abstract: Buruli ulcer is a neglected tropical disease caused by the bacterium Mycobacterium ulcerans.
Its virulence is attributed to the dermo-necrotic polyketide toxin mycolactone, whose synthesis
is regressed when its iron acquisition system regulated by the iron-dependent regulator (ideR) is
deactivated. Interfering with the activation mechanism of ideR to inhibit the toxin’s synthesis could
serve as a possible cure for Buruli ulcer. The three-dimensional structure of the ideR for Mycobacterium
ulcerans was generated using homology modeling. A library of 832 African natural products (AfroDB),
as well as five known anti-mycobacterial compounds were docked against the metal binding site of the
ideR. The area under the curve (AUC) values greater than 0.7 were obtained for the computed Receiver
Operating Characteristics (ROC) curves, validating the docking protocol. The identified top hits were
pharmacologically profiled using Absorption, Distribution, Metabolism, Elimination and Toxicity
(ADMET) predictions and their binding mechanisms were characterized. Four compounds with ZINC
IDs ZINC000018185774, ZINC000095485921, ZINC000014417338 and ZINC000005357841 emerged
as leads with binding energies of −7.7 kcal/mol, −7.6 kcal/mol, −8.0 kcal/mol and −7.4 kcal/mol,
respectively. Induced Fit Docking (IFD) was also performed to account for the protein’s flexibility
upon ligand binding and to estimate the best plausible conformation of the complexes. Results
obtained from the IFD were consistent with that of the molecular docking with the lead compounds
forming interactions with known essential residues and some novel critical residues Thr14, Arg33
and Asp17. A hundred nanoseconds molecular dynamic simulations of the unbound ideR and its
complexes with the respective lead compounds revealed changes in the ideR’s conformations induced
by ZINC000018185774. Comparison of the lead compounds to reported potent inhibitors by docking
them against the DNA-binding domain of the protein also showed the lead compounds to have very
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close binding affinities to those of the potent inhibitors. Interestingly, structurally similar compounds
to ZINC000018185774 and ZINC000014417338, as well as analogues of ZINC000095485921, including
quercetin are reported to possess anti-mycobacterial activity. Also, ZINC000005357841 was predicted
to possess anti-inflammatory and anti-oxidative activities, which are relevant in Buruli ulcer and
iron acquisition mechanisms, respectively. The leads are molecular templates which may serve as
essential scaffolds for the design of future anti-mycobacterium ulcerans agents.

Keywords: buruli ulcer; Mycobacterium ulcerans; iron dependent regulator (ideR); metal binding site;
DNA–binding site; natural product compounds; molecular docking; molecular dynamics simulation

1. Introduction

Buruli ulcer is an infectious disease caused by Mycobacterium ulcerans [1]. It is a skin necrotizing
disease that kills the cells of the skin and other soft tissues [2] and characterized by chronic ulceration of
subcutaneous fat that leaves victims with unbearable deformity and disability when left untreated [3].
The pathogenesis of the disease starts as a painless nodule on the skin and may eventually grow
into an extensive ulcer that can cover up to about 15% of an individual’s body. It is often referred
to as the disease of the poor because most people stricken by the disease are inhabitants of poor
rural communities with inadequate or no basic social amenities like potable water [4]. There are over
30 countries worldwide with reported cases of Buruli ulcer [5] and most of them are in Central and
West Africa with few exceptions, including Australia. Cote d‘Ivoire, Ghana and Benin rank as the three
countries with the highest prevalent rates [3]. About 1200 Buruli ulcer cases were reported in Ghana
between 1993 and 1998 by a passive surveillance system established in the country. Between 2004 and
2014, reported cases exponentially increased to more than 9000 [6].

M. ulcerans is a slow growing bacterium doubling every 72 h [7] and like other slow-growing
bacteria Francisella tularensis and Borrelia burgdorferi, it is classified as an environmental pathogen
which implies that it survives in the external environment [8]. Its association with water and
water bodies is well recognized and has generated hypotheses, such as bites of insects as the mode
of transmission [2,9], which suggest mechanical transmission [10]. However, a recent study has
demonstrated that acanthamoeba could be the host of the mycobacterium in the environment [11].

Despite the fact that the age or sex of the host have not been proven to be risk factors, statistics
of recorded cases available suggest that the disease is more prevalent among women and children
between the ages of 5 and 15 [3].

Virulence by M. ulcerans is attributed to the synthesis of a dermo-necrotic polyketide toxin
called mycolactone [12]. The toxin is exported through the bacterial envelope and accumulates in an
extracellular matrix [13]. It has also been shown to have immunosuppressive properties by inhibiting
the phagocytic abilities of the phagocytic white blood cells and killing neutrophils dispatched to
infected tissues [2,12]. Mycolactone also blocks exocytosis by blood platelets and mast cells, impairing
wound healing processes [14].

Like all mycobacteria, M. ulcerans requires iron for growth [15]. Insufficient iron retards the
growth of the bacterium and high intracellular level could cause irreparable oxidative damage [16].
The iron acquisition pathway of the mycobacterium ensures that an optimum amount of iron is taken
in by the bacteria and this is regulated by the iron dependent regulator (ideR). Upon iron binding to
ideR, it is activated and then binds to the iron boxes in the promoter regions of iron regulated genes,
thereby deactivating iron acquisition (MbtB gene), activating iron storage (BfrB) and deactivating irtA
(iron transport) and the reverse happens when iron levels are low. The binding of iron also induces
structural changes in ideR, with the protein moving from an ‘open’ conformation in its inactive state to
a ‘close’ conformation [15]. However, research has shown that a decrease in intracellular iron levels,
which deactivates ideR reduces the synthesis of mycolactone [17]. This evidence led us to suggest that
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any molecule that targets the ideR to either prevent iron binding or induce conformational changes is
potentially a drug.

Natural products are chemical compounds that are produced by a living organism from nature
which has the bioactivity capable to be used as drugs [18]. They represent an enormous reservoir of
diverse sources of bioactive chemicals and is very essential to drug discovery [18].

This study employed computer-aided drug design techniques to screen for potential inhibitory
compounds from an African natural product database (AfroDB). Also, undertake molecular modeling
of the structure of ideR of M. ulcerans, as well as molecular dynamics simulations to identify compounds
with the potential of inducing conformational changes in the ideR.

2. Results and Discussion

2.1. Three Dimensional (3D) Model Prediction and Validation

Using the amino acid sequence of the ideR for M. ulcerans (UniProt ID A0PT66) as a query to
the Basic Local Alignment Search Tool (BLAST) [19], 23 hits were found from the Protein Data Bank
(PDB) [20]. The best five of these 23 hits with a percentage sequence identity of 80% or more were
selected (Table 1). Chain A of the crystal structure of the ideR from M. tuberculosis with PDB ID 1FX7
(1FX7_A) and 2.0 Å resolution was chosen as the template for modeling because it had the highest
sequence coverage to the target and a reasonably good E-value of 8 × 10−154. Five models were
predicted with Modeller version 9.17 using EasyModeller 4.0 [21] as an interface. The model with the
lowest Discrete Optimized Potential Energy (DOPE) score was chosen as the best model. DOPE is an
atomic distance-dependent statistical potential, which is calculated from a sample of native protein
structures to assess the energies of generated protein models. Models with the lowest DOPE scores
have the most stable minimized energy [22]. The list of generated models with their DOPE scores is
shown in Table S1. The selected model 3 had the least DOPE score of −25,355.77734, and consists of
230 residues forming eleven alpha helices and seven beta sheets (Figure 1).

Table 1. Homologues of Mycobacterium ulcerans’ Iron-dependent Regulator (ideR). These are best 5 of
23 hits with percentage identity from 80% and above obtained from Basic Local Alignment Search Tool
(BLAST).

Hits Description Query Cover E Value Identity PDB ID

Chain A, Crystal Structure of ideR from
Mycobacterium tuberculosis 100% 8 × 10−154 92% 1FX7_A

Chain A, Crystal Structure of a two-domain ideR-DNA
complex crystal form I 64% 1 × 10−96 91% 2ISZ_A

Chain A, ideR from M. tuberculosis 60% 2 × 10−95 96% 1B1B_A
Chain A, Crystal Structure of the Nickel—activated

two-domain Iron—dependent Regulator 64% 6 × 10−95 91% 2ISY_A

Chain A, Diphtheria Tox Repressor (C102d Mutant)
complexed with Nickel and Dtxr consensus binding sequence 52% 1 × 10−62 80% 1F5T_A
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Figure 1. A cartoon representation of the 3D homology model of IdeR of M. ulcerans. Alpha helixes are
colored in red, beta sheets in yellow and loops in green. Region ‘A’ circled in blue indicates the area
of the metal binding pockets whilst region ‘B’, circled in violet shows the DNA–binding domain of
the protein.
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In validating the 3D model, the Ramachandran plot showed the percentage of residues in the
allowed regions to be 5.0%, residues in the favored region to be 93.4% and residues in the outlier
region to be 1.5% (Figure 2). A Ramachandran Z-score of 1.488 was obtained using WHATCHECK [23].
This indicates that our predicted model is of reasonably good quality since over 90% of residues were
in the favored region [24]. The Z-score expresses how well the backbone conformations of all residues
are corresponding to the known allowable areas in the Ramachandran plot [23]. A perfect Z-score is
expected to be 1.0, and Z-scores above 4.0 and below −4.0 are very uncommon. Further verification
with PROCHECK showed the resolution (normality) of the structure to be 1.5 Å which indicates a
good resolution since most high-resolution X-ray structures have a resolution within 1.5 and 2.0 Å [24].
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2.2. Binding Site Identification

The binding sites obtained from KVFinder, COACH and COFACTOR were compared with
identified binding sites of co-crystallized structure, 1FX7_A, which was pre-processed and used as
a template for the 3D model [23–26] (Table 2). The result obtained from COFACTOR provided a
confidence score of 0.54, based on a range between 0 and 1, with values closer to 0 indicating a less
reliable prediction and values closer to 1 indicating a more reliable prediction. From the value obtained,
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it can be concluded that the binding site predicted is reasonably reliable. The modeled structure had a
binding site similarity (BS-score) of 1.9, a BS-score > 1 reflects a significant local match between the
predicted and template binding site [27]. The COFACTOR server also provided a template modeling
(TM) score of 0.999 for the modeled protein which showed that a good template was used. The TM
score ranges between 0 and 1 with a better template having a value closer to one [28]. The result
provided by COACH showed a confidence score of 0.01 which is less reliable. It also predicted the
binding site residues as H219 and Y223. Two of the binding sites reported by Feese et al. [29] (binding
sites 1 and 3) were similar to those predicted by COACH and COFACTOR. All the binding sites
predicted by the KVFINDER matched four of those predicted in the template. Binding sites 1 and 2
were the most preferred binding sites since they both play essential roles in the activation of ideR as
metal binding sites 1 and 2, respectively [13,14]. However, metal binding site 2 (Figure 3) proved to be
the most suitable binding site because of its relatively large volume of 66.96 Å3 and surface area of
100.8 Å2, which may accommodate relatively large compounds.

Table 2. Summary of predicted binding sites of the model and reported binding sites of the template
(1FX7, ideR from M. tuberculosis) and those predicted for the model via COACH and COFACTOR.

BINDING SITE PREDICTION RESIDUES AT THE BINDING SITE

COFACTOR His79, Glu 83, His 98, Glu172, Gln175
COACH His219, His223

REPORTED BINDING SITES OF THE TEMPLATE (1FX7) [29]

1 (Metal binding site 1) His79, Glu83, His98, Glu172, Gln175
2 (Metal binding site 2) Met10, Cys102, Glu105, His106

3 His219, His223
4 His212
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2.3. Anti-Mycobacterial Lead Discovery

To the best of our knowledge, no known inhibitors have been screened against the ideR of
M. ulcerans. However, five potent inhibitors comprising NSC303600 (IC50: 5.48 µg/mL), NSC12453
(IC50: 1 µg/mL), NSC65748 (IC50: 23.9 µg/mL), NSC201773 (IC50: 14 µg/mL) and NSC282699 (IC50:
24.3 µg/mL) have been identified against M. tuberculosis [30]. These compounds are from the National
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Cancer Institute (NCI) database and were screened against the DNA-binding site of the ideR of
M. tuberculosis, a close homologue to the ideR of M. ulcerans [30]. A library composed of the five potent
inhibitors and 832 compounds retrieved from AfroDB [31] were virtually screened against the metal
binding site 2 of the modeled structure of the ideR, M. ulcerans.

A total of 9272 different poses were generated from the compounds retrieved from AfroDB after
the virtual screening. Hits were selected from the docking results by filtering with four criteria, which
were drug likeness determined with Lipinski’s rule of five [32] and Veber’s rules [33], proper fit into
the binding pocket, biomolecular interactions between ligands with binding site residues, and high
binding affinity. Twenty compounds were shortlisted as top hits (Table 3). Figure 4 shows one of
the selected hits firmly docked in the binding site. The biomolecular interactions between the five
inhibitors and the binding site residues of the modeled ideR were also compared to those of the hits.

The biomolecular interactions between the compounds and the metal binding site 2 of the modeled
protein were generated with the processed_VinaResult.py script in the Autodock tools package, a
python script useful for retrieving amino acid residues interacting with the docked ligand. We focused
on residues located within the metal binding site of the ideR. The most common binding site residues
with which the compounds interact with are Cys102 and Met10, an indication that these residues may
perhaps play essential roles in the metal binding site. The five potent inhibitors, however, formed
interactions with only His98, an amino acid residue of the metal binding site 1. All the Top 20 hits also
formed interactions with His98, which indicates the amino acid could be very essential for ideR and
may be involved in the activities of both metal binding sites.

Table 3. Table of Top 20 hits and five potent inhibitors with their binding energies and interacting metal
binding site-2 residues. Residues were determined using the processed_VinaResult.py script in the
Autodock tools package.

LIGAND ID BINDING ENERGY RESIDUES LIGAND
INTERACTS WITH

NSC12453 −7.5 His98
NSC201773 −7.5 His98
NSC282699 −7.5 His98
NSC303600 −7 His98
NSC65748 −7 His98

ZINC000005357841 −7.4 Cys102, His98, Met10
ZINC000013327497 −7.1 Met10, Cys102, His98
ZINC000013481884 −7.3 Glu172, His98, Cys102
ZINC000014417338 −8 Glu172, His98
ZINC000014811038 −7.7 Glu172, His98, Cys102
ZINC000014819573 −7.4 His98, Cys102, Met10
ZINC000018185774 −7.7 His98, Cys102, Met10
ZINC000033831303 −7.4 Met10, Cys102, His98
ZINC000095485893 −7.2 Met10, His98, Cys102
ZINC000095485918 −6.9 Glu172, Cys102, His98
ZINC000095485921 −7.6 Met10, His98, Glu172
ZINC000095486065 −7.5 Met10, His98, Cys102, Glu172
ZINC000095486093 −7.1 Glu172, Cys102, His98
ZINC000095486151 −7.3 Cys102, Met10, His98
ZINC000095486157 −7 His98, Met10, Cys102
ZINC000095486193 −7.2 Glu172, His98, Cys102
ZINC000095486235 −8.3 His98, Cys102
ZINC000095486265 −7.8 Met10, His98, Cys102
ZINC000095486301 −7.6 His98, Met10, Cys102
ZINC000095486336 −8.4 Glu172, His98
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2.4. Evaluation of Autodock Vina’s Performance

The ability of Autodock Vina to accurately rank docked ligands was evaluated using different
metrics comprising the area under the curve (AUC) of the Receiver Operating Characteristic (ROC)
curve, Boltzmann-enhanced discrimination of ROC (BEDROC) and enrichment factors (EFs) [34].
The Receiver Operating Characteristic (ROC) curve is useful for measuring the ability of a docking or
virtual screening software to distinguish between active and inactive compounds with respect to a
receptor [32–35]. The performance of the docking is measured by calculating the area under the curve
(AUC) value. The closer the AUC value is to 1, the better the ability of the docking to discriminate
between active and inactive compounds. AUC value less than 0.5 is considered poor discrimination
ability, 0.5 to 0.7 is moderate, 0.7 to 0.8 is acceptable, 0.8 to 0.9 is reasonably good and 0.9 to 1 is
excellent [34,36]. The AUC values were obtained by screening 34 actives and 1689 decoys against
metal binding site 2 and DNA–binding sites of the modeled ideR of M. ulcerans and that of the ideR of
M. tuberculosis. The AUC of ROC (ROC_AUC) values obtained were above 0.70 for all the binding
sites, which falls within the acceptable discrimination ability range (Table 4 and Figure 5).

Since ROC evaluates the overall performance of the docking method to distinguish between
actives and inactive (overall enrichment) [37–39], early enrichment was evaluated using the BEDROC
and EFs (Table 4). BEDROC values obtained were between 0.1 and 0.2, whilst EF scores averaged
around 2.7 for 1% to 20% of the screened compounds. BEDROC values obtained were higher than
the expected value for random selection, which is 0.05 [40], BEDROC values greater than 0.5 are
considered as the best performance for early enrichment. Even though, ROC_AUC values indicated
that the overall performance of docking was successful in distinguishing between the entire library of
actives and decoys, early recognition was suboptimal, as shown by EFs and BEDROC values (Table 4).
Therefore, methods used for selecting hits considered the whole screened library and then predicted
leads were consolidated with prediction of anti-mycobacterial activity, which was reinforced with
structural similarity analysis of known anti-mycobacterials.
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Table 4. Respective values of ROC_AUC, BEDROC and Enrichment Factor for the metal binding site
2 and DNA- binding sites of ideR for M. ulcerans (BU_MBS and BU_DBS) and that of M. tuberculosis
(TB_MBS and TB_DBS).

ROC_AUC
BEDROC

(alpha = 20.0)
Enrichment Factor

1% 10% 20%

BU_MBS 0.702 0.137 2.979 2.355 2.208
BU_DBS 0.743 0.143 2.979 2.355 2.650
TB_MBS 0.727 0.174 0 2.355 2.797
TB_DBS 0.703 0.175 5.95 2.650 2.355Molecules 2019, 24, x FOR PEER REVIEW 8 of 21 
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Metal binding site 2 and DNA—binding site of ideR of M. ulcerans are shown in red and green, whilst
that of M. tuberculosis are shown in black and violet, respectively. The curves were obtained after
docking 34 actives and 1689 decoys against the respective binding sites.

2.5. In Silico ADMET Studies

The in silico Absorption, Distribution, Metabolism, Elimination and Toxicity (ADMET) test profiles
the pharmacokinetic, structural and physiochemical properties of small compounds [41]. The main aim of
preclinical ADMET test was to eliminate weak drug candidates in the early stages of drug development,
which helps in placing more emphasis on potentially better drug candidates [42]. In drug design, ligands
are recognized by certain properties that distinguish drug-like and non-drug-like compounds [43].
Therefore, some of the properties that were considered were hydrogen bonds, solubility, bioavailability,
molecular weight, permeability, toxicity, polar surface area, metabolism, and lipophilicity. The top 20 hits
were evaluated using Free ADME-Tox Filtering Tool (FAF-Drug server) [41]. The compounds were scored
as “accepted” (ligands with no structural alerts and satisfying the physicochemical filter), “intermediate”
(ligands with low-risk structural alerts and few physiochemical properties below the threshold) and
“rejected” (ligands that did not pass the physicochemical filter which include a high-risk structural alert
and/or exceed the threshold of occurrence of low-risk structural alerts). The physicochemical filter used
was Drug-likeness. Structural alerts are molecular substructures or reactive groups that are related to the
carcinogenic and mutagenic properties of the chemicals and pose risks to compounds when used in drug
discovery [44]. After the evaluation, two compounds were scored “accepted”, two were “intermediate”
(Table 5) and 16 were “rejected”. Some of the structural alerts that were identified in most of the ‘rejected’
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ligands included phenols, alpha (α) and beta (β)-unsaturated carboxylic acids, ketones, quinones and
amides. The compounds that were considered “accepted” and “intermediate” were shortlisted as lead
compounds (Table 5). Derek Nexus [41,42] provided an overall conclusion about the likelihood of lead
compound toxicity by applying expert knowledge-based rules in toxicology (Table 6). Derek Nexus is a
knowledge-based software that provides toxicity predictions in silico by identifying potentially toxic
chemicals, which aids in the rejection of unsuitable drug candidates [45,46].

The pharmacological profiles of the lead compounds were then compared with that of five known
Buruli ulcer drugs, namely Rifampicin, Streptomycin, Clarithromycin, Moxifloxacin, and Amikacin
(Table 7). Lipinski’s violations, solubility and bioavailability of the compounds were computed.
The leads violated none of the Lipinski’s rule of 5, whereas all the known drugs except moxifloxacin
did not fully comply. The known drugs, however, had good solubility whilst the lead compounds
had reduced solubility except ZINC000018185774. All the lead compounds, as well as rifampicin,
moxifloxacin, and clarithromycin, had good bioavailability whilst the rest had low bioavailability.
These results show some considerable difference between the properties of the known drugs and the
lead compounds especially in the Lipinski’s rule of five.

Table 5. Free ADME-Tox Filtering results showing ligands that passed the physicochemical filtering
rules with no structural alerts.

Ligands Status

ZINC000005357841 Accepted
ZINC000014417338 Accepted
ZINC000018185774 Intermediate
ZINC000095485921 Intermediate

Table 6. Results obtained from Derek Nexus Software. The reasoning of outcome is indicated based on
the confidence level of the predicted toxicological endpoint. The most common end point among the
compounds was Skin sensitization which had a plausible outcome indicating a low confidence level.

Ligands. End Point Species Reasoning
Outcome

Negative
Outcome

Strongest Ec3
Prediction

ZINC000005357841

Hepatotoxicity Mammal Plausible - -

Mutagenicity In Vitro Bacterium - Inactive -

Carcinogenicity Mammal Plausible - -

Skin Sensitization Mammal Plausible - 2.9% Moderate
Sensitizer

ZINC000018185774

Teratogenicity Mammal Equivocal - -

Mutagenicity In Vitro Bacterium - Inactive

Skin Sensitization Mammal Plausible - 0.15% Strong
Sensitizer

ZINC000095485921

Photoallergenicity Mammal Plausible - -

Teratogenicity Mammal Equivocal - -

Mutagenicity In Vitro Bacterium - Inactive

Skin Sensitization Mammal Plausible - 0.15% Strong
Sensitizer

ZINC000014417338
Mutagenicity In Vitro Bacterium - Inactive

Skin Sensitization Mammal Plausible - 0.16% Strong
Sensitizer
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Table 7. Pharmacological profiles of the lead compounds and five known drugs for Buruli ulcer.
The known drugs are Rifampicin, Streptomycin, Clarithromycin, Moxifloxacin, and Amikacin.

Ligand ID Lipinski’s
Violation Solubility (mg/L) Solubility

Forecast Index
Oral Bioavailability

(Veber)

ZINC000014417338 0 3279.99 Reduced Solubility Good
ZINC000005357841 0 4526.38 Reduced Solubility Good
ZINC000018185774 0 8434.39 Good Solubility Good
ZINC000095485921 0 2928.86 Reduced Solubility Good

Moxifloxacin 0 30151.64 Good Solubility Good
Amikacin 3 5077659.17 Good Solubility Low

Streptomycin 3 3508974.65 Good Solubility Low
Clarithromycin 2 1491.87 Good Solubility Good

Rifampicin 4 246.01 Good Solubility Good

2.6. Molecular Dynamics (MD) Simulations

A 100 ns MD simulation using GROMACS [47] was performed for the complexes of ideR and
each lead compound and the results were compared to that of the unbound protein. This was done
to investigate any influence on the structural conformation of the protein, due to the binding of the
predicted lead compounds. Root Mean Square Deviation (RMSD) and RMS–Fluctuation (RMSF)
graphs were generated after the simulations and the results of the complexes and the unbound
ideR were compared (Figure 6). The RMSD graph accounts for the deviation of the atoms of the
protein from the backbone of the protein and RMSF shows the movement of the protein residues
during the simulation [48]. From the RMSD graph (Figure 6a), it was observed that most of the
complexes experienced little fluctuations throughout the simulation with RMSDs close to that of
the unbound protein. The RMSDs of ideR_l21, ideR_l38, ideR_l41 and unbound ideR structure fell
between 0.3 nm and 0.4 nm from 20 ns, with ideR_l21 showing the closest RMSD fluctuations to
that of the unbound protein. However, ideR_l74 endured very huge fluctuations in the first 60 ns of
the simulation. The RMSD of ideR_l74 rose to 0.5 nm from 0–15 ns and again to 0.7 nm within the
55th–60th ns, where it remains stable till the end of the simulation. This indicates that the protein
structure may have experienced conformational changes induced by the binding of ZINC000018185774.
The RMSF graph (Figure 6b) affirms this observation, as huge fluctuations can be observed in the
residues’ positions of the ideR_l74 complex. The fluctuations of the ideR_l74 peak the highest for
residues within the DNA–binding domain of ideR (residues 1 to 75); the overall fluctuations with
respect to that of the unbound ideR indicate high instability in the protein’s structure, due to its binding
to ZINC000018185774. Some fluctuations were observed in the other complexes though not as high as
that of ideR_l74. The complex of ideR_l38 showed some high fluctuations for residues 30–60 whilst
ideR_l41 showed high fluctuations for residues between 100 and 150. On the other hand, ideR_l21
showed very high stability since it experienced minimal fluctuations as compared to the others and
was close to that of the unbound ideR. Induced changes in the protein’s conformation by a ligand,
particularly ZINC000018185774 can disrupt the protein’s iron acquisition system causing difficulty in
the mycobacterium’s survival within its host.
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complexes and generated a model of ideR; (a) represents the RMSD graph versus time and
(b) shows the RMSF per residue graphs. Graphs are represented in different colours and indicated
in the legend; black–predicted model of ideR, red–ider_l21 (ZINC000095485921-ideR complex),
green–ider_l38 (ZINC000014417338-ideR complex), blue–ider_l41 (ZINC000005357841-ideR complex),
and yellow–ider_l74 (ZINC000018185774-ideR complex).

2.7. Induced Fit Docking

Docking has become a widely accepted and standard method in computational drug discovery.
It is, however, limited by difficulties like modeling flexibility of the protein upon ligand binding [49,50].
As such, Induced Fit Docking (IFD) was employed for the lead compounds complexed with ideR of
M. ulcerans, since IFD models protein flexibility upon ligand binding [51,52]. IFD scores and Glide
scores were obtained for the complexes. The IFD scores estimate the best plausible conformation of the
ligand complex and the Glide scores gives a measure of the binding affinity between a ligand and a
receptor [53,54]. A more negative value in both the IFD and Glide scores represent a more plausible
conformation and better binding of the protein–ligand complex respectively. ZINC000095485921,
ZINC000018185774, ZINC000014417338 and ZINC000005357841 complexes obtained Glide score
of −7.60 kcal/mol, −7.00 kcal/mol, −6.75 kcal/mol and −5.82 kcal/mol, as well as IFD scores of
−471.96 kcal/mol, −471.27 kcal/mol, −471.05 kcal/mol and −464.79 kcal/mol, respectively. The Lead
compounds formed interactions with residues, such as Met10, Glu172, Cys102, and His98, which have
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already been predicted as essential residues of the metal binding site after the virtual screening.
They also formed interactions with Thr14, Arg33 and Asp17. These residues form hydrogen bond
interactions with the lead compounds at metal binding site 2 (Table 8), providing insights into other novel
residues which can be further exploited. The binding pose and interaction map of ZINC000095485921
are shown in Figures 7 and 8, respectively, whilst those of ZINC000018185774, ZINC000014417338 and
ZINC000005357841 are shown in Figures S3 and S4. The ligplot of ZINC000095485921 showing the
interactions of the ligand in the Metal binding site 2 of the modeled ideR before IFD is also shown in
Figure 9.
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3. Screening of Lead Compounds and Known Inhibitors against the DNA-Binding Site

Selected lead compounds comprising ZINC000018185774, ZINC000095485921, ZINC000014417338
and ZINC000005357841 were screened against the DNA–binding site of the modeled ideR alongside
the five known potent inhibitors (Table 8). This screening was done to investigate the activity of the
chosen leads against the DNA–binding site of the modeled ideR in comparison to the potent inhibitors
discovered for the M. tuberculosis ideR’s DNA–binding site. This was possible since both proteins
are close homologues and showed high conservation at the DNA–binding domain. Binding energies
obtained for the lead compounds ranged from −5.7 to −5.9 kcal/mol, which is very close to those of the
five potent inhibitors (−5.5 to −6.0 kcal/mol) (Table 8). The hydrogen bond interactions between the
compounds and the protein were also analysed using LigPlot+ [55] to investigate common interacting
residues the lead compounds might share with the five potent inhibitors. It was observed that the lead
compounds and the potent inhibitors shared common hydrogen bond interactions with Arg47, Arg27,
Thr44 and Thr7. Ser37, Pro39, and Gln43, are essential residues within the DNA–binding site necessary
for binding to DNA [30]. Two of the potent inhibitors, namely NSC12453 and NSC65748 formed
hydrogen bond interactions with Gln43 and Ser37, respectively. None of the lead compounds formed
hydrogen bond interactions with any of the three essential residues; however, ZINC000014417338 and
ZINC000095485921 formed hydrogen bond interactions with Ser42, which has been shown to be a
novel critical residue which could be exploited for discovery of inhibitors against ideR [30].

Induced Fit Docking was also performed for the binding of the lead compounds to the DNA–binding
site to account for protein flexibility. ZINC000018185774, ZINC000014417338, ZINC000095485921 and
ZINC000005357841 complexes obtained Glide score of −5.27 kcal/mol, −5.04 kcal/mol, −4.79 kcal/mol
and −4.99 kcal/mol with IFD scores of −468.50 kcal/mol, −467.32 kcal/mol, −466.87 kcal/mol and
−461.93 kcal/mol, respectively. The compounds formed interactions with common residues, such as
Ala28, Arg60, and Ser42.
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Table 8. Binding energies and hydrogen bond interactions of selected lead compounds and the
five potent inhibitors screened against metal binding site 2 and the DNA–binding site respectively.
A hydrogen bond interaction was generated with LigPlot+ software.

Ligand ID Metal Binding Site 2 DNA-Binding Site

Binding Energy
(KCAL/MOL) Hydrogen Bonds Binding Energy

(KCAL/MOL) Hydrogen Bonds

NSC12453 −7.5 Gly176, Arg13, His98 −5.9 Gln43, Arg47, Thr7
NSC201773 −7.5 Gly176, His173, His98 −6 Arg27
NSC282699 −7.5 - −5.9 Arg47, Thr44
NSC303600 −7 Thr14, Arg13, Arg33 −5.9 Thr8, Thr7, Asn2
NSC65748 −7 Arg33, Asp17, His173, Arg13 −5.5 Ser37, Thr40, Gln36, Glu35

ZINC000014417338 −8 Arg33, Asp17, His98 −5.9 Ser42

ZINC000018185774 −7.7 Asp3, Arg103, Arg33, Asp17,
Glu172 −5.8 Arg47, Thr44

ZINC000095485921 −7.6 Thr14, His98, Glu172 −5.7 Arg60, Ser42, Arg27, Ala28
ZINC000005357841 −7.4 His98 −5.9 Thr7, Asn2, Thr44

4. Exploring the Anti-Mycobacterial Activity of the Predicted Leads

Due to the limited financial resources for Buruli ulcer drug discovery, repurposing of
antimycobacterials by screening against M. ulcerans is gaining attention [56,57]. A library of compounds
from the tuberculosis lead generation and optimization programs was screened in a whole-cell assay
against M. ulcerans, where five compounds were discovered to be potent inhibitors with high activity
(IC90 ≤ 1 µM) [56]. Therefore, exploring the plethora of antitubercular structures to unravel potential
anti-M. ulcerans scaffolds was adopted. Analogues, derivatives or structurally similar compounds to
the leads were investigated for possible anti-mycobacterial related activities.

ZINC000018185774, also popularly known as luteolin, has been shown to exhibit anti-mycobacterial
activity against M. tuberculosis via fractionations from crude samples of Annona sylvatic and Ficus
chlamydocarpa with MIC values of 236.8 µg/mL and 78.12 µg/mL, respectively [58,59]. However,
there was no report of the compound being tested against M. ulcerans. A structural similarity search
performed in Drugbank revealed luteolin to be highly structurally similar to a flavonol compound,
quercetin with a similarity score of 0.884. An analogue of quercetin, quercetin–3–O–β–d–glucoside
has been reported to inhibit glutamine synthetase enzyme in M. tuberculosis (IC50 = 0.048 µM) [60].
Quercetin–3–O–β–d–glucoside (ZINC4096845) was casually docked against M. ulcerans of ideR and
a high binding energy of −8.2 kcal/mol was obtained. The quercetin–3–O–β–d–glucoside docked
firmly within the active site pocket of the M. ulcerans’ ideR. We, therefore, suggest that both
quercetin–3–O–β–d–glucoside and luteolin could be investigated as potential novel anti-Buruli ulcer leads.

ZINC000014417338, also popularly known as Alpinumisoflavone, has been reported to
exhibit antibacterial and anti-mycobacterial activity with MIC value of 19.53 µg/mL against
M. smegmatis [59]. Therefore, it is plausible to explore repurposing ZINC000014417338 as an
anti-mycobacterial ulcerans. However, similarity search via Drugbank did not yield any structurally
similar compound which exhibits anti-mycobacterial activity. This may be due to the stringent
similarity threshold adopted for the query. Similarly, similarity searches for ZINC000095485921
(1,4,8-trihydroxy-5-(3-methylbut-2-enyl)xanthen-9-one) and ZINC000005357841 ((6-methoxybenzo
[1,3]dioxol-5-yl)BLAHone) yielded no structure which has shown anti-mycobacterial activity. Even
though, we could not find any report describing the anti-mycobacterial activity of ZINC000095485921,
some novel 1,2,3-triazolyl xanthenones were reported to have shown good to excellent antimicrobial
and anti-tubercular activity with MIC values from 3.12–6.25 µg/mL [61]. It is worth exploring
ZINC000095485921 as a potential anti-mycobacterial lead, since it is also a xanthenone analogue.

Due to the fact that no similar compounds or analogues were found for ZINC000005357841,
the possible biological activity of the lead compound was predicted with Prediction of Activity Spectra
for Substances (PASS) [62,63] and their Probable activity (Pa), as well as Probable inactivity (Pi)
values were obtained. Among the results retrieved from PASS, the ones most relevant to anti-buruli
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ulcer activity and iron acquisition mechanisms were anti-inflammatory (Pa = 0.458, Pi = 0.07) and
anti-oxidative (Pa = 0.305, Pi = 0.022) activities. The Pa values were greater than those of Pi obtained for
both aforementioned biological activities, pointing out the need to further explore the pharmacological
activity of ZINC000005357841 [62].

The results from the structural similarity searches and the enriched information obtained about
the leads warrant experimental evaluation of their anti-Buruli ulcer activity. This study complements
current efforts geared towards unravelling the mechanism of actions of potential Buruli ulcer drugs.
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5. Materials and Methods

5.1. Homology Modeling of Mycobacterium ulcerans ideR Structure

The ideR of M. ulcerans protein had no experimentally solved structure in any of the protein
databases, including the Protein Data Bank (PDB). Therefore, the 3D structure was generated using in
silico homology modeling. The amino acid sequence of M. ulcerans (strain Agy99) with UniProt ID
A0PT66 was used to acquire homologues as templates for modeling via the Basic Local Alignment
Search Tool (BLAST) [19]. A suitable template with a good E-value and high sequence identity
was selected from among the retrieved homologues as a template for modeling the protein target.
The structure was modeled using Modeller version 9.17 embedded in EasyModeller 4.0 [21].

5.2. Structure Validation

The quality of the generated model was assessed using a Ramachandran plot and further validated
with WHATCHECK and PROCHECK [21,22].
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5.3. Binding Site (Pocket) Identification

After the quality of the model has been assessed to be reasonably accurate, putative binding sites
were identified using KVFINDER, COFACTOR and COACH [23–25]. Predicted binding sites were
also compared with the binding sites of the co-crystallised template [29] since proteins with similar
folds are normally found to have similar binding sites.

5.4. Virtual Screening

Two stages of virtual screening were carried out for lead discovery. In the first stage,
a library composed of 832 compounds retrieved from AfroDb [31] and five potent inhibitors of
ideR of M. tuberculosis recently discovered [30], retrieved from the database of the National Cancer
Institute (NCI), (Bethesda, MD, USA) were screened against the predicted binding site of the ideR.
The compounds were energy minimized with OpenBabel in PyRx using the universal force field (uff)
and conjugate gradients as the optimization algorithm with a total number of steps of 200. Virtual
screening against the ideR model was done using AutoDock Vina embedded in PyRx version 0.8 [64]
using grid box size of 24.3, 27.7, and 20.9 Å; as well as center dimensions of 4.5, 47.2, and −2.8 Å in the
X, Y and Z coordinate axes, respectively. The second stage of virtual screening involved a library of
identified potential leads and the five potent inhibitors. They were screened against the DNA–binding
site of the modeled ideR with a grid box size of 25.0, 25.0, and 25.0 Å, as well as center dimensions of
13.11, 64.95, and −3.09 Å. An exhaustiveness of 8 was used for both screenings.

5.5. Validation of Docking Protocol

To validate the docking protocol used, a receiver operating characteristic (ROC) curve was
generated by screening 34 actives [30] and their respective decoys against the Metal binding site 2
and DNA–binding sites of the modeled ideR of the M. ulcerans and the ideR of the M. tuberculosis
(PDB ID: 1FX7) (Supplementary file S1). The actives are composed of the five potent inhibitors,
as well as 12 other compounds and analogs of some of the highly performing compounds screened
against the ideR of M. tuberculosis [30]. The decoys were generated with the Directory of Useful
Decoys–Enhanced (DUD-E) [65]. A total of 1689 decoys were used together with the 34 actives for
the screening. The docking results were used to generate the ROC curves and AUC values utilizing
ROCKER [66] and screen explorer [67]. BEDROC values with an alpha of 20.0 and EFs at 1%, 10% and
20% were also evaluated.

5.6. In Silico ADMET Studies

FAF-Drug [41] and DEREK NEXUS version 2.1 [41,42] were used for ADMET analysis and
ADME/tox elimination. The ligands were uploaded as Simplified Molecular Input Line Entry
System (SMILES) or Structure Data File (SDF) and were scored as “accepted”, “intermediate” and
“rejected”. The physicochemical filter used was Drug-likeness. DEREK NEXUS was used to further
evaluate the toxicity profiles of the “accepted” and “intermediate” ligands obtained from FAF-Drug.
The pharmacological profiles of the chosen leads were also compared to that of five known drugs.

5.7. Molecular Dynamic Simulations

GROningen MAchine for Chemical Simulation (GROMACS) version 5.1.1 [47] was used to perform
the molecular dynamics simulations using the GROMOS96 43A1 force field. The ligands’ topology was,
however, generated using PRODRG [68] since its topology could not be built in GROMACS. In running
the simulation, the complex was first solvated in a 1 nm dodecahedron water box. The system was
neutralized by adding 10 positive ions to balance the net charge of the complexes. The complex was
then relaxed through energy minimization to remove any steric clashes or bad geometry. Thereafter,
the system was equilibrated to the required temperature (300 K) and density (1020 kg/m3). After the
system was equilibrated and set in the desired temperature and density, a 100 ns production run
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was then performed, and the results of the simulation were analysed using Xmgrace version 5.1.25.
The unbound protein was also subjected to molecular dynamics using the same simulation parameters
as those of the complexes with the OPLS force field.

5.8. Induced Fit Docking

Induced Fit Docking (IFD) of the lead compounds was done using the Schrödinger software
suite and the GlideScores and IFD scores were generated for all the plausible poses. This was done to
understand the flexibility of the modeled ideR since most docking programs dock a flexible ligand
to rigid receptors [49]. The lead compounds were docked against the metal binding site 2 and the
DNA–binding domain respectively.

5.9. Lead Structural Similarity Searches and Antimycobacterial Association

The popular names of predicted leads were retrieved from the ZINC database to investigate
whether the compounds have been reported elsewhere to have shown anti-mycobacterial activity.
This was undertaken to find reports of a possible relationship between the leads and mycobacteria.
Also, SMILES files of the leads were used to retrieve structurally similar compounds present in the
Drugbank [69]. The search was done with a similarity threshold of 0.7 and molecular size ranged
between 100 Da and 500 Da. This was done to identify compounds with relatively high structural
similarity to the queried leads, which may have known anti-mycobacterial activity and will further
support the possibility of the predicted leads to exhibiting anti-mycobacterial activity. For further
investigation of ZINC000005357841 since no report or analogue with anti-mycobacterial activity was
found for it, ZINC000005357841 SMILES files were uploaded to the Prediction of Activity Spectra for
Substances (PASS) online tool [63] to predict its biological activity.

6. Conclusions

African natural compounds ZINC000018185774, ZINC000095485921, ZINC000014417338 and
ZINC000005357841 were identified as potential novel leads against the modeled structure of ideR of M.
ulcerans by docking, which was validated with an AUC value of the ROC curve above 0.7. Five potent
inhibitors of ideR of M. tuberculosis had similar binding energies as the leads when screened against the
DNA–binding domain of the ideR of M. ulcerans. Novel critical residues of metal binding site 2 comprising
Thr14, Arg33 and Asp17 were predicted. A hundred nanoseconds molecular dynamics simulations
showed conformational changes in the ideR-ZINC000018185774 complex with implications in iron
acquisition. Interestingly, quercetin, which is structurally similar to ZINC000018185774 was previously
shown to exhibit antimycobacterial activity. Similarly, ZINC000014417338 (Alpinumisoflavone) was
reported to exhibit anti-mycobacterial activity, whilst analogues of ZINC000095485921 have shown
antimicrobial and antitubercular activity. ZINC000005357841 was predicted to possess anti-oxidant and
anti-inflammatory activities. Since this work is largely computational, experimental confirmation of the
anti-Buruli ulcer activity of the leads is critical. Furthermore, the scaffolds of the leads could be used for
designing novel inhibitors.

Supplementary Materials: The following are available online at http://www.mdpi.com/1420-3049/24/12/2299/s1,
Figure S1: Ligplots showing the residue interactions of the lead compounds docked in the metal binding site 2 of
the modeled ideR for M. ulcerans. Figure S2: Induced fit docking poses of the ligands docked in the metal binding
site 2 of the modeled ideR for M. ulcerans. Figure S3: Interaction maps (I–map) of lead compounds docked in the
metal binding site 2 of the modeled ideR for M. ulcerans obtained after IFD. Table S1: Summary of successfully
generated models with DOPE scores. Supplementary File S1: List of actives and decoys used for validation of
docking method and screening results.

Author Contributions: S.K.K., L.M., W.M. and M.D.W. conceptualized the research project. Computational and
data analysis was predominantly undertaken by S.K.K., M.A., K.S.E., J.A.Y., L.A.A. and M.D.W.; with inputs from
K.D., E.K.T. and W.A.M. W.A.M.III contributed to the structural modeling and molecular dynamics simulations.
S.K.K. and K.S.E. co-wrote the first draft. All authors contributed to the revision of the drafts and agreed on the
final version of the manuscript prior to submission.

http://www.mdpi.com/1420-3049/24/12/2299/s1


Molecules 2019, 24, 2299 18 of 21

Funding: This work was supported by funds from the World Bank African Centres of Excellence grant
(ACE02-WACCBIP: Awandare).

Acknowledgments: The authors express their profound gratitude to the West African Center for Cell Biology of
Infectious Pathogens, University of Ghana, for the use of Zuputo, the high performance computing systems. Also,
we thank the entire faculty members of the Department of Biomedical Engineering, University of Ghana, for all
the useful advice on the research.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Nyabadza, F.; Bonyah, E. On the transmission dynamics of Buruli ulcer in Ghana: Insights through a
mathematical model. BMC Res. Notes 2015, 8, 656. [CrossRef] [PubMed]

2. Hall, B.S.; Hill, K.; McKenna, M.; Ogbechi, J.; High, S.; Willis, A.E.; Simmonds, R.E. The Pathogenic
Mechanism of the Mycobacterium ulcerans Virulence Factor, Mycolactone, Depends on Blockade of Protein
Translocation into the ER. PLoS Pathog. 2014, 10, e1004061. [CrossRef] [PubMed]

3. Williamson, H.R.; Benbow, M.E.; Nguyen, K.D.; Beachboard, D.C.; Kimbirauskas, R.K.; McIntosh, M.D.;
Quaye, C.; Ampadu, E.O.; Boakye, D.; Merritt, R.W.; et al. Distribution of Mycobacterium ulcerans in Buruli
Ulcer Endemic and Non-Endemic Aquatic Sites in Ghana. PLoS Negl. Trop. Dis. 2008, 2, e205. [CrossRef]
[PubMed]

4. CDC. CDC—Neglected Tropical Diseases—Diseases. Available online: http://www.cdc.gov/globalhealth/

ntd/diseases/index.html (accessed on 18 January 2018).
5. WHO. WHO|Buruli Ulcer. Available online: http://www.who.int/buruli/en/ (accessed on 17 February 2017).
6. Ampah, K.A.; Asare, P.; Binnah, D.D.-G.; Maccaulley, S.; Opare, W.; Röltgen, K.; Pluschke, G.; Yeboah-Manu, D.

Burden and Historical Trend of Buruli Ulcer Prevalence in Selected Communities along the Offin River of
Ghana. PLoS Negl. Trop. Dis. 2016, 10, e0004603. [CrossRef] [PubMed]

7. Anand, U.; Sinisi, M.; Fox, M.; MacQuillan, A.; Quick, T.; Korchev, Y.; Bountra, C.; McCarthy, T.; Anand, P.
Mycolactone-mediated neurite degeneration and functional effects in cultured human and rat DRG neurons:
Mechanisms underlying hypoalgesia in Buruli ulcer. Mol. Pain 2016, 12, 174480691665414. [CrossRef]
[PubMed]

8. Garchitorena, A.; Guégan, J.-F.; Léger, L.; Eyangoh, S.; Marsollier, L.; Roche, B. Mycobacterium ulcerans
dynamics in aquatic ecosystems are driven by a complex interplay of abiotic and biotic factors. eLife 2015, 4,
e07616. [CrossRef]

9. Amofah, G.; Bonsu, F.; Tetteh, C.; Okrah, J.; Asamoa, K.; Asiedu, K.; Addy, J. Buruli ulcer in Ghana: Results
of a national case search. Emerg. Infect. Dis. 2002, 8, 167–170. [CrossRef]

10. Mosi, L.; Williamson, H.; Wallace, J.R.; Merritt, R.W.; Small, P.L.C. Persistent association of Mycobacterium
ulcerans with West African predaceous insects of the family belostomatidae. Appl. Environ. Microbiol. 2008,
74, 7036–7042. [CrossRef]

11. Azumah, B.K.; Addo, P.G.; Dodoo, A.; Awandare, G.; Mosi, L.; Boakye, D.A.; Wilson, M.D. Experimental
demonstration of the possible role of Acanthamoeba polyphaga in the infection and disease progression in
Buruli Ulcer (BU) using ICR mice. PLoS ONE 2017, 12, e0172843. [CrossRef]

12. Bieri, R.; Pluschke, G.; Huber, S.; Li, J.; Scherr, N.; Bomio, C.; Hug, M.N.; Gersbach, P.; Altmann, K.-H.;
Dangy, J.-P. Antibody-Mediated Neutralization of the Exotoxin Mycolactone, the Main Virulence Factor
Produced by Mycobacterium ulcerans. PLoS Negl. Trop. Dis. 2016, 10, e0004808.

13. Adusumilli, S. Understanding Immune Response in Mycobacterium ulcerans Infection. Ph.D. Thesis,
University of Tennessee, Knoxville, TN, USA, 2005. Available online: https://trace.tennessee.edu/utk_
graddiss/656 (accessed on 1 April 2019).

14. Kwofie, S.; Dankwa, B.; Enninful, K.; Adobor, C.; Broni, E.; Ntiamoah, A.; Wilson, M. Molecular Docking
and Dynamics Simulation Studies Predict Munc18b as a Target of Mycolactone: A Plausible Mechanism for
Granule Exocytosis Impairment in Buruli Ulcer Pathogenesis. Toxins 2019, 11, 181. [CrossRef] [PubMed]

15. Ghosh, S.; Chandra, N.; Vishveshwara, S. Mechanism of Iron-Dependent Repressor (IdeR) Activation and
DNA Binding: A Molecular Dynamics and Protein Structure Network Study. PLoS Comput. Biol. 2015, 11,
e1004500. [CrossRef] [PubMed]

http://dx.doi.org/10.1186/s13104-015-1619-5
http://www.ncbi.nlm.nih.gov/pubmed/26545356
http://dx.doi.org/10.1371/journal.ppat.1004061
http://www.ncbi.nlm.nih.gov/pubmed/24699819
http://dx.doi.org/10.1371/journal.pntd.0000205
http://www.ncbi.nlm.nih.gov/pubmed/18365034
http://www.cdc.gov/globalhealth/ntd/diseases/index.html
http://www.cdc.gov/globalhealth/ntd/diseases/index.html
http://www.who.int/buruli/en/
http://dx.doi.org/10.1371/journal.pntd.0004603
http://www.ncbi.nlm.nih.gov/pubmed/27078028
http://dx.doi.org/10.1177/1744806916654144
http://www.ncbi.nlm.nih.gov/pubmed/27325560
http://dx.doi.org/10.7554/eLife.07616
http://dx.doi.org/10.3201/eid0802.010119
http://dx.doi.org/10.1128/AEM.01234-08
http://dx.doi.org/10.1371/journal.pone.0172843
https://trace.tennessee.edu/utk_graddiss/656
https://trace.tennessee.edu/utk_graddiss/656
http://dx.doi.org/10.3390/toxins11030181
http://www.ncbi.nlm.nih.gov/pubmed/30934618
http://dx.doi.org/10.1371/journal.pcbi.1004500
http://www.ncbi.nlm.nih.gov/pubmed/26699663


Molecules 2019, 24, 2299 19 of 21

16. Ranjan, S.; Yellaboina, S.; Ranjan, A. IdeR in mycobacteria: From target recognition to physiological function.
Crit. Rev. Microbiol. 2006, 32, 69–75. [CrossRef] [PubMed]

17. Deshayes, C.; Angala, S.K.; Marion, E.; Brandli, I.; Babonneau, J.; Preisser, L.; Eyangoh, S.; Delneste, Y.;
Legras, P.; De Chastellier, C.; et al. Regulation of Mycolactone, the Mycobacterium ulcerans Toxin, Depends
on Nutrient Source. PLoS Negl. Trop. Dis. 2013, 7, e2502. [CrossRef] [PubMed]

18. Siddiqui, A.A.; Iram, F.; Siddiqui, S.; Sahu, K. Role of natural products in drug discovery process. Int. J. Drug
Dev. Res. 2014, 6, 172–204.

19. Altschul, S. Basic Local Alignment Search Tool. J. Mol. Biol. 1990, 215, 403–410. [CrossRef]
20. Moorhouse, M.; Barry, P. The Protein Databank. In Bioinformatics Biocomputing and Perl; John Wiley & Sons,

Ltd.: Chichester, UK, 2005; pp. 173–210.
21. Kuntal, B.K.; Aparoy, P.; Reddanna, P. EasyModeller: A graphical interface to MODELLER. BMC Res. Notes

2010, 3, 226. [CrossRef]
22. Shen, M.; Sali, A. Statistical potential for assessment and prediction of protein structures. Protein Sci. 2006,

15, 2507–2524. [CrossRef]
23. Vriend, G. WHAT IF: A molecular modeling and drug design program. J. Mol. Graph. 1990, 8, 52–56.

[CrossRef]
24. Laskowski, R.A.; MacArthur, M.W.; Moss, D.S.; Thornton, J.M. PROCHECK: A program to check the

stereochemical quality of protein structures. J. Appl. Crystallogr. 2002, 26, 283–291. [CrossRef]
25. Yang, J.; Roy, A.; Zhang, Y. Protein-ligand binding site recognition using complementary binding-specific

substructure comparison and sequence profile alignment. Bioinformatics 2013, 29, 2588–2595. [CrossRef]
[PubMed]

26. Roy, A.; Yang, J.; Zhang, Y. COFACTOR: An accurate comparative algorithm for structure-based protein
function annotation. Nucleic Acids Res. 2012, 40, W471–W477. [CrossRef]

27. Yang, J.; Roy, A.; Zhang, Y. BioLiP: A semi-manually curated database for biologically relevant ligand-protein
interactions. Nucleic Acids Res. 2013, 41, D1096–D1103. [CrossRef] [PubMed]

28. Zhang, Y.; Skolnick, J. Scoring function for automated assessment of protein structure template quality.
Proteins Struct. Funct. Genet. 2004, 57, 702–710. [CrossRef] [PubMed]

29. Goranson-Siekierke, J.; Ingason, B.P.; Holmes, R.K.; Hol, W.G.J.; Feese, M.D. Crystal Structure of the
Iron-dependent Regulator from Mycobacterium tuberculosis at 2.0-Å Resolution Reveals the Src Homology
Domain 3-like Fold and Metal Binding Function of the Third Domain. J. Biol. Chem. 2002, 276, 5959–5966.

30. Rohilla, A.; Khare, G.; Tyagi, A.K. Virtual Screening, pharmacophore development and structure based
similarity search to identify inhibitors against IdeR, a transcription factor of Mycobacterium tuberculosis.
Sci. Rep. 2017, 7, 4653. [CrossRef]

31. Ntie-Kang, F.; Zofou, D.; Babiaka, S.B.; Meudom, R.; Scharfe, M.; Lifongo, L.L.; Mbah, J.A.; Mbaze, L.M.A.;
Sippl, W.; Efange, S.M.N. AfroDb: A select highly potent and diverse natural product library from African
medicinal plants. PLoS ONE 2013, 8, e78085. [CrossRef]

32. Lipinski, C.A.; Lombardo, F.; Dominy, B.W.; Feeney, P.J. Experimental and computational approaches to
estimate solubility and permeability in drug discovery and development settings. Adv. Drug Deliv. Rev.
2012, 64, 4–17. [CrossRef]

33. Veber, D.F.; Johnson, S.R.; Cheng, H.Y.; Smith, B.R.; Ward, K.W.; Kopple, K.D. Molecular properties that
influence the oral bioavailability of drug candidates. J. Med. Chem. 2002, 45, 2615–2623. [CrossRef]

34. Truchon, J.-F.; Bayly, C.I. Evaluating Virtual Screening Methods: Good and Bad Metrics for the “Early
Recognition” Problem. J. Chem. Inf. Model. 2007, 47, 488–508. [CrossRef]

35. Goksuluk, D.; Korkmaz, S.; Zararsiz, G.; Karaagaoglu, A.E. EasyROC: An interactive web-tool for roc curve
analysis using r language environment. R J. 2016, 8, 213–230. [CrossRef]

36. Triballeau, N.; Acher, F.; Brabet, I.; Pin, J.P.; Bertrand, H.O. Virtual screening workflow development guided
by the “receiver operating characteristic” curve approach. Application to high-throughput docking on
metabotropic glutamate receptor subtype 4. J. Med. Chem. 2005, 48, 2534–2547. [CrossRef] [PubMed]

37. Mandrekar, J.N. Receiver operating characteristic curve in diagnostic test assessment. J. Thorac. Oncol. 2010,
5, 1315–1316. [CrossRef]

38. Kwofie, S.; Dankwa, B.; Odame, E.; Agamah, F.; Doe, L.; Teye, J.; Agyapong, O.; Miller, W.; Mosi, L.; Wilson, M.
In Silico Screening of Isocitrate Lyase for Novel Anti-Buruli Ulcer Natural Products Originating from Africa.
Molecules 2018, 23, 1550. [CrossRef] [PubMed]

http://dx.doi.org/10.1080/10408410600709768
http://www.ncbi.nlm.nih.gov/pubmed/16809230
http://dx.doi.org/10.1371/journal.pntd.0002502
http://www.ncbi.nlm.nih.gov/pubmed/24244764
http://dx.doi.org/10.1016/S0022-2836(05)80360-2
http://dx.doi.org/10.1186/1756-0500-3-226
http://dx.doi.org/10.1110/ps.062416606
http://dx.doi.org/10.1016/0263-7855(90)80070-V
http://dx.doi.org/10.1107/S0021889892009944
http://dx.doi.org/10.1093/bioinformatics/btt447
http://www.ncbi.nlm.nih.gov/pubmed/23975762
http://dx.doi.org/10.1093/nar/gks372
http://dx.doi.org/10.1093/nar/gks966
http://www.ncbi.nlm.nih.gov/pubmed/23087378
http://dx.doi.org/10.1002/prot.20264
http://www.ncbi.nlm.nih.gov/pubmed/15476259
http://dx.doi.org/10.1038/s41598-017-04748-9
http://dx.doi.org/10.1371/journal.pone.0078085
http://dx.doi.org/10.1016/j.addr.2012.09.019
http://dx.doi.org/10.1021/jm020017n
http://dx.doi.org/10.1021/ci600426e
http://dx.doi.org/10.32614/RJ-2016-042
http://dx.doi.org/10.1021/jm049092j
http://www.ncbi.nlm.nih.gov/pubmed/15801843
http://dx.doi.org/10.1097/JTO.0b013e3181ec173d
http://dx.doi.org/10.3390/molecules23071550
http://www.ncbi.nlm.nih.gov/pubmed/29954088


Molecules 2019, 24, 2299 20 of 21

39. Shamsara, J. Correlation between Virtual Screening Performance and Binding Site Descriptors of Protein
Targets. Int. J. Med. Chem. 2018, 2018, 1–10. [CrossRef] [PubMed]

40. Quiroga, R.; Villarreal, M.A. Vinardo: A scoring function based on autodock vina improves scoring, docking,
and virtual screening. PLoS ONE 2016, 11, e0155183. [CrossRef] [PubMed]

41. Lagorce, D.; Sperandio, O.; Galons, H.; Miteva, M.A.; Villoutreix, B.O. FAF-Drugs2: Free ADME/tox filtering
tool to assist drug discovery and chemical biology projects. BMC Bioinform. 2008, 9, 396. [CrossRef]

42. Sliwoski, G.; Kothiwale, S.; Meiler, J.; Lowe, E.W. Computational Methods in Drug Discovery. Pharmacol. Rev.
2014, 66, 334–395. [CrossRef] [PubMed]

43. Kubinyi, H. Hydrogen Bonding: The Last Mystery in Drug Design? In Pharmacokinetic Optimization in Drug
Research; Verlag Helvetica Chimica Acta: Zürich, Switzerland, 2007; pp. 513–524.

44. Benigni, R.; Bossa, C. Structural Alerts of Mutagens and Carcinogens. Curr. Comput. Aided-Drug Des. 2006, 2,
169–176. [CrossRef]

45. Greene, N.; Judson, P.N.; Langowski, J.J.; Marchant, C.A. Knowledge-Based Expert Systems for Toxicity and
Metabolism Prediction: DEREK, StAR and METEOR. Sar Qsar Environ. Res. 1999, 10, 299–314. [CrossRef]

46. Dobo, K.L.; Greene, N.; Fred, C.; Glowienke, S.; Harvey, J.S.; Hasselgren, C.; Jolly, R.; Kenyon, M.O.;
Munzner, J.B.; Muster, W.; et al. In silico methods combined with expert knowledge rule out mutagenic
potential of pharmaceutical impurities: An industry survey. Regul. Toxicol. Pharmacol. 2012, 62, 449–455.
[CrossRef] [PubMed]

47. Berendsen, H.J.C.; Hess, B.; Lindahl, E.; Van Der Spoel, D.; Mark, A.E.; Groenhof, G. GROMACS: Fast,
flexible, and free. J. Comput. Chem. 2005, 26, 1701–1718.

48. Tiburu, E.K.; Issah, I.; Darko, M.; Armah-Sekum, R.E.; Gyampo, S.O.A.; Amoateng, N.K.; Kwofie, S.K.;
Awandare, G. Investigating the Conformation of S100β Protein Under Physiological Parameters Using
Computational Modeling: A Clue for Rational Drug Design. Open Biomed. Eng. J. 2018, 12, 36–50. [CrossRef]
[PubMed]

49. Xu, M.; Lill, M.A. Induced fit docking, and the use of QM/MM methods in docking. Drug Discov. Today Technol.
2013, 10, e411–e418. [CrossRef] [PubMed]

50. Farid, R.; Day, T.; Friesner, R.A.; Pearlstein, R.A. New insights about HERG blockade obtained from protein
modeling, potential energy mapping, and docking studies. Bioorganic Med. Chem. 2006, 14, 3160–3173.
[CrossRef] [PubMed]

51. Sherman, W.; Day, T.; Jacobson, M.P.; Friesner, R.A.; Farid, R. Novel procedure for modeling ligand/receptor
induced fit effects. J. Med. Chem. 2006, 49, 534–553. [CrossRef] [PubMed]

52. Sherman, W.; Beard, H.S.; Farid, R. Use of an induced fit receptor structure in virtual screening. Chem. Biol.
Drug Des. 2006, 67, 83–84. [CrossRef]

53. Friesner, R.A.; Murphy, R.B.; Repasky, M.P.; Frye, L.L.; Greenwood, J.R.; Halgren, T.A.; Sanschagrin, P.C.;
Mainz, D.T. Extra precision glide: Docking and scoring incorporating a model of hydrophobic enclosure for
protein− ligand complexes. J. Med. Chem. 2006, 49, 6177–6196. [CrossRef]

54. Medina-Franco, J.L.; Méndez-Lucio, O.; Yoo, J. Rationalization of activity cliffs of a sulfonamide inhibitor of
DNA methyltransferases with induced-fit docking. Int. J. Mol. Sci. 2014, 15, 3253–3261. [CrossRef]

55. Laskowski, R.A.; Swindells, M.B. LigPlot+: Multiple ligand-protein interaction diagrams for drug discovery.
J. Chem. Inf. Model. 2011, 51, 2778–2786. [CrossRef]

56. Scherr, N.; Pluschke, G.; Panda, M. Comparative Study of Activities of a Diverse Set of Antimycobacterial
Agents against Mycobacterium tuberculosis and Mycobacterium ulcerans. Antimicrob. Agents Chemother.
2016, 60, 3132–3137. [CrossRef] [PubMed]

57. Scherr, N.; Bieri, R.; Thomas, S.S.; Chauffour, A.; Kalia, N.P.; Schneide, P.; Ruf, M.-T.; Lamelas, A.;
Manimekalai, M.S.S.; Grüber, G.; et al. Targeting the Mycobacterium ulcerans cytochrome bc1:aa3 for the
treatment of Buruli ulcer. Nat. Commun. 2018, 9, 5370. [CrossRef] [PubMed]

58. Araujo, R.C.P.; Neves, F.A.R.; Formagio, A.S.N.; Kassuya, C.A.L.; Stefanello, M.E.A.; Souza, V.V.; Pavan, F.R.;
Croda, J. Evaluation of the anti-mycobacterium tuberculosis activity and in vivo acute toxicity of Annona
sylvatic. BMC Complement. Altern. Med. 2014, 14, 209. [CrossRef] [PubMed]

59. Kuete, V.; Ngameni, B.; Simo, C.C.F.; Tankeu, R.K.; Ngadjui, B.T.; Meyer, J.J.M.; Lall, N.; Kuiate, J.R.
Antimicrobial activity of the crude extracts and compounds from Ficus chlamydocarpa and Ficus cordata
(Moraceae). J. Ethnopharmacol. 2008, 120, 17–24. [CrossRef]

http://dx.doi.org/10.1155/2018/3829307
http://www.ncbi.nlm.nih.gov/pubmed/29545955
http://dx.doi.org/10.1371/journal.pone.0155183
http://www.ncbi.nlm.nih.gov/pubmed/27171006
http://dx.doi.org/10.1186/1471-2105-9-396
http://dx.doi.org/10.1124/pr.112.007336
http://www.ncbi.nlm.nih.gov/pubmed/24381236
http://dx.doi.org/10.2174/157340906777441663
http://dx.doi.org/10.1080/10629369908039182
http://dx.doi.org/10.1016/j.yrtph.2012.01.007
http://www.ncbi.nlm.nih.gov/pubmed/22321701
http://dx.doi.org/10.2174/1874120701812010036
http://www.ncbi.nlm.nih.gov/pubmed/30069254
http://dx.doi.org/10.1016/j.ddtec.2013.02.003
http://www.ncbi.nlm.nih.gov/pubmed/24050138
http://dx.doi.org/10.1016/j.bmc.2005.12.032
http://www.ncbi.nlm.nih.gov/pubmed/16413785
http://dx.doi.org/10.1021/jm050540c
http://www.ncbi.nlm.nih.gov/pubmed/16420040
http://dx.doi.org/10.1111/j.1747-0285.2005.00327.x
http://dx.doi.org/10.1021/jm051256o
http://dx.doi.org/10.3390/ijms15023253
http://dx.doi.org/10.1021/ci200227u
http://dx.doi.org/10.1128/AAC.02658-15
http://www.ncbi.nlm.nih.gov/pubmed/26883701
http://dx.doi.org/10.1038/s41467-018-07804-8
http://www.ncbi.nlm.nih.gov/pubmed/30560872
http://dx.doi.org/10.1186/1472-6882-14-209
http://www.ncbi.nlm.nih.gov/pubmed/24974069
http://dx.doi.org/10.1016/j.jep.2008.07.026


Molecules 2019, 24, 2299 21 of 21

60. Safwat, N.A.; Kashef, M.T.; Aziz, R.K.; Amer, K.F.; Ramadan, M.A. Quercetin 3-O-glucoside recovered from the
wild Egyptian Sahara plant, Euphorbia paralias L., inhibits glutamine synthetase and has antimycobacterial
activity. Tuberculosis 2018, 108, 106–113. [CrossRef] [PubMed]

61. Goud, G.L.; Ramesh, S.; Ashok, D.; Reddy, V.P.; Yogeeswari, P.; Sriram, D.; Saikrishna, B.; Manga, V. Design,
synthesis, molecular-docking and antimycobacterial evaluation of some novel 1,2,3-triazolyl xanthenones.
MedChemComm 2017, 8, 559–570. [CrossRef] [PubMed]

62. Jamkhande, P.G.; Pathan, S.K.; Wadher, S.J. In silico PASS analysis and determination of antimycobacterial,
antifungal, and antioxidant efficacies of maslinic acid in an extract rich in pentacyclic triterpenoids.
Int. J. Mycobacteriol. 2016, 5, 417–425. [CrossRef]

63. Lagunin, A.; Stepanchikova, A.; Filimonov, D.; Poroikov, V. PASS: Prediction of activity spectra for biologically
active substances. Bioinformatics 2000, 16, 747–748. [CrossRef]

64. Dallakyan, S.; Olson, A.J. Small-molecule library screening by docking with PyRx. Methods Mol. Biol. 2015,
1263, 243–250.

65. Mysinger, M.M.; Carchia, M.; Irwin, J.J.; Shoichet, B.K. Directory of Useful Decoys, Enhanced (DUD-E):
Better Ligands and Decoys for Better Benchmarking. J. Med. Chem. 2012, 55, 6582–6594. [CrossRef]

66. Lätti, S.; Niinivehmas, S.; Pentikäinen, O.T. Rocker: Open source, easy-to-use tool for AUC and enrichment
calculations and ROC visualization. J. Cheminform. 2016, 8, 45. [CrossRef]

67. Empereur-Mot, C.; Zagury, J.F.; Montes, M. Screening Explorer-An Interactive Tool for the Analysis of
Screening Results. J. Chem. Inf. Model. 2016, 56, 2281–2286. [CrossRef] [PubMed]

68. Schüttelkopf, A.W.; Van Aalten, D.M.F. PRODRG: A tool for high-throughput crystallography of
protein-ligand complexes. Acta Crystallogr. Sect. D Biol. Crystallogr. 2004, 60, 1355–1363.

69. Wishart, D.S.; Feunang, Y.D.; Guo, A.C.; Lo, E.J.; Marcu, A.; Grant, J.R.; Sajed, T.; Johnson, D.; Li, C.;
Sayeeda, Z.; et al. DrugBank 5.0: A major update to the DrugBank database for 2018. Nucleic Acids Res. 2018,
46, D1074–D1082. [CrossRef] [PubMed]

Sample Availability: Samples of the compounds are not available from the authors.

© 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1016/j.tube.2017.11.005
http://www.ncbi.nlm.nih.gov/pubmed/29523309
http://dx.doi.org/10.1039/C6MD00593D
http://www.ncbi.nlm.nih.gov/pubmed/30108772
http://dx.doi.org/10.1016/j.ijmyco.2016.06.020
http://dx.doi.org/10.1093/bioinformatics/16.8.747
http://dx.doi.org/10.1021/jm300687e
http://dx.doi.org/10.1186/s13321-016-0158-y
http://dx.doi.org/10.1021/acs.jcim.6b00283
http://www.ncbi.nlm.nih.gov/pubmed/27808512
http://dx.doi.org/10.1093/nar/gkx1037
http://www.ncbi.nlm.nih.gov/pubmed/29126136
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Results and Discussion 
	Three Dimensional (3D) Model Prediction and Validation 
	Binding Site Identification 
	Anti-Mycobacterial Lead Discovery 
	Evaluation of Autodock Vina’s Performance 
	In Silico ADMET Studies 
	Molecular Dynamics (MD) Simulations 
	Induced Fit Docking 

	Screening of Lead Compounds and Known Inhibitors against the DNA-Binding Site 
	Exploring the Anti-Mycobacterial Activity of the Predicted Leads 
	Materials and Methods 
	Homology Modeling of Mycobacterium ulcerans ideR Structure 
	Structure Validation 
	Binding Site (Pocket) Identification 
	Virtual Screening 
	Validation of Docking Protocol 
	In Silico ADMET Studies 
	Molecular Dynamic Simulations 
	Induced Fit Docking 
	Lead Structural Similarity Searches and Antimycobacterial Association 

	Conclusions 
	References

